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ABSTRACT 

Economic Uncertainty and 

Management Earnings Forecasts 
 

So Yeoun Choy 

College of Business Administration 

The Graduate School 

Seoul National University 
 

 

As the economy becomes less predictable, communication of managers’ private 

beliefs about future earnings could supply information to investors which likely 

reduces their uncertainty. From the managers’ perspective, however, both benefits 

and costs of communication during these periods potentially increase, so it is 

empirically unclear how managers actually respond to information demand at such 

times. This paper investigates the quantity and quality of managers’ responses to 

information demand amid high economic uncertainty, using the economic 

uncertainty index of Jurado et al. (2015). The results show that rising uncertainty 

prompts managers to provide investors with more earnings forecasts, which are also 

more timely, with smaller errors per unit of uncertainty. Stock price reactions to such 

disclosures are greater, and there is no subsequent drift in returns. Further, all of these 

changes are more pronounced for sporadic forecasters, consistent with a claim that 

their weak information environment induces a greater information demand and 

encourages a managerial response. Overall, these results show a consistent pattern 

of managers responding to information demand by providing valuable information 

to investors in times of high economic uncertainty.  

 

Keywords: economic uncertainty, management earnings forecasts, 

information demand, idiosyncratic volatility 
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I. INTRODUCTION 
 

A growing body of literature suggests that economic agents find a 

signal more valuable amid high economic uncertainty. 1  As the economy 

becomes less predictable, and the information is potentially more important, 

the communication of managers’ private beliefs about future earnings is likely 

to reduce investors’ uncertainty considerably by providing relatively accurate 

signals about earnings (e.g., Patell 1976; Penman 1980; Waymire 1984; Chari 

et al. 1988). In such times, managers accordingly have an opportunity to 

improve their reputations and achieve capital market benefits by providing 

high-quality information through their timely access to operating activities 

(e.g., Graham et al. 2005). However, due to unpredictable nature of the state 

during these periods, providing high-quality information incurs significant 

costs 2 , and this may reduce managers’ incentive to voluntarily provide 

information to investors (e.g., Verrecchia 1983; Chen et al. 2011; Houston et 

al. 2010). Since both benefits and costs of communicating their private 

information increase during periods of uncertainty, there is no clear empirical 

                                           

1  For example, see Kacperczyk et al. (2016), Schmalz and Zhuk (2018), Loh and Stulz 

(2018), and Amiram et al. (2018). 

2 Managers’ forecasting task becomes difficult during periods of high economic uncertainty, 

and thus the likelihood of issuing less accurate forecasts increases. Inaccurate forecasts may 

lead to subsequent investor lawsuits for releasing misleading information, and thus managers 

have incentives to defer the release of forecasts until she acquires more accurate information. 



 

2 

 

 

prediction as to whether and how they respond to information demand during 

such times.3 

Therefore, in this study, I investigate whether managers increase the 

amount of public disclosures that communicate their private beliefs as 

investors increase their information demands in times of high economic 

uncertainty. I also examine whether managers attempt to address investor 

information demands by also changing the nature of disclosures to increase 

their informativeness. Specifically, I examine whether public disclosures have 

more useful characteristics during times of high economic uncertainty, such 

as how timely they are and how accurately they project the expected cash 

flows more than investors’ own information could do.  

Among various types of public disclosures, I focus on management 

earnings forecasts that are immediately available to managers. Since the 

disclosures of management earnings forecasts give investors items (i.e., future 

earnings) that are closely linked to investors’ forecasting task, they effectively 

meet investors’ information demands, lower information collection cost of 

various agents, and reduce information asymmetry among investors (e.g., 

Bhushan 1989a; Bhushan 1989b; Lang and Lundholm 1993; Nagar et al. 

2018).  

                                           

3  I use the following expressions interchangeably, “communication of managers’ private 

belief” and “voluntary (public) disclosure of managers’ private information”.  
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I predict that managers may be more incentivized to provide timely 

and accurate management earnings forecasts during uncertain periods, 

notwithstanding the high costs associated with doing so. First, the motivation 

to lower the cost of equity and curb return volatility by increasing disclosures 

of management earnings forecasts should be stronger because the price of risk 

and return volatility are especially high during periods of high economic 

uncertainty. 4  Indeed, the benefits of voluntary disclosure to the capital 

markets—including lower cost of capital and lower stock volatility—are 

widely documented (e.g., Healy and Palepu 2001; Verrecchia 2001; Easley 

and O'hara 2004; Botosan 1997; Botosan and Plumlee 2002). Second, price 

drops during periods of uncertainty5 make unfavorable news that managers 

were previously withholding no longer unfavorable, and managers might 

consider releasing bad news which is expected to cause limited price declines 

(e.g., Dye 1985; Jung and Kwon 1988).  

In this study, I test this prediction using the economic uncertainty 

                                           

4  For more evidence of increased price of risk and volatility in times of high economic 

uncertainty, see Fama and French (1989), Ludvigson and Ng (2009), Lettau and Ludvigson 

(2001), Lustig et al. (2014), and Schwert (1989).  

5  Due to the counter-cyclical property of economic uncertainty, investors are likely to 

acquire information unfavorable to firms, which would be impounded into prices negatively. 

Moreover, even when investors acquire neutral information about a firm’s expected cash flow, 

they may still induce firm value adjustments, as long as the variability of their priors increases 

as economic uncertainty increases (e.g.,Jung and Kwon 1988). The underlying intuition is 

that investors infer from nondisclosure that higher values of cash flows might not have been 

realized, leading them to focus on the increase in lower-end variability. 
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index of Jurado et al. (2015). The salient feature of this index is that it defines 

economic uncertainty using the conditional volatility of the unforecastable 

component of a large number of economic indicators. Unlike other measures 

of economic uncertainty that rely on a single series of value, such as stock 

returns, this index measures the common variation in economic uncertainty 

across many series of values and thus better captures large falls and rises in 

financial and economic activity. Using this index, I construct a quarterly 

measure that captures the level of economic uncertainty.  

By regressing the issuance and frequency of management earnings 

forecasts on economic uncertainty, I find that managers indeed provide more 

management earnings forecasts during periods of high economic uncertainty.6 

Economically speaking, one standard deviation increase of economic 

uncertainty index increases the likelihood (frequency) of issuing management 

forecast by 4.23% (0.22), a 13.6% (46%) increase over the unconditional 

forecast likelihood (frequency) of 31% (0.48).  

Next, I examine whether managers respond to investor information 

demand by also changing the nature of their forecasting disclosures so as to 

increase their informativeness. My findings indicate that as economic 

                                           

6 For a baseline model, I use firm-fixed effects and include control variables associated with 

a decision to issue management earnings forecasts. Since I control for firm-fixed effects, 

identification of main parameters comes from comparing forecast activities for the same firm, 

while controlling for persistent firm-specific factors. 
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uncertainty increases, both timeliness and absolute forecast error scaled by 

price (i.e., the inverse measure of forecast accuracy) increase.7  

The apparent increase in forecast error is misleading, however, since 

when comparing accuracy across a range of economic uncertainty, the most 

relevant measure of accuracy should take into account the underlying 

uncertainty. The intuition comes from a simple Bayesian model wherein the 

extent to which a new signal changes investors’ priors depends on both the 

weight that they put on the new signal and the weight that they put on their 

prior (e.g., Pastor and Veronesi 2009). It follows that as long as there is an 

increase in the ratio of accuracy of management earnings forecasts to the 

uncertainty of investors’ prior, investors put more weight on management 

earnings forecasts and find the information valuable.  

Therefore, following the spirit of Loh and Stulz (2018), I measure 

new forecast errors against the underlying uncertainty. Specifically, I 

normalize absolute forecast errors by idiosyncratic volatility8 , a proxy for 

                                           

7 Specifically, one standard deviation increase of economic uncertainty index moves up the 

date of issuing management earnings forecast by 1.03 day, given that firms on average take 

32 days to disclose the first management earnings forecasts. Regarding forecast accuracy, 

one standard deviation increase of economic uncertainty index increases the absolute forecast 

error scaled by price by 0.003, a 9.76% increase over the unconditional forecast error of 0.096. 

8 The rationale using this measure implicitly assumes that as economic uncertainty – closely 

related to the systematic risk in the market – increases, firm-specific uncertainty – proxied 

by idiosyncratic volatility (IVOL) – also increases. Indeed, my sample shows a correlation 

of 0.1 (p <0.1) between economic uncertainty index and IVOL. However, the evidence on 

this counter–cyclicality of idiosyncratic risk is less unanimous. While a strand of literature 

finds that the cross-sectional dispersion in firm earnings and firm earnings growth rise in 



 

6 

 

 

underlying uncertainty (e.g., Bloom 2009), to compute forecast errors per unit 

of uncertainty. Using this new measure, I find that forecast accuracy does 

indeed increase as economic uncertainty increases. 9  Thus, even though 

released earnings forecasts are less accurate in uncertain economic times, they 

can still be useful to investors, because the forecast error increases less than 

the increase in uncertainty about investors’ prior, subsequently inducing 

investors to put more weight on the signals provided by disclosures of 

management earnings forecasts. Overall, my findings suggest that as the 

economy becomes less predictable, managers increase both quantity and 

informativeness (i.e., timeliness and accuracy) of management earnings 

forecasts. 

These results are reinforced by conducting three additional tests. First, 

I confirm that there is indeed increased information demand by examining 

four proxies: the number of analysts following, the number of earnings 

forecasts issued by analysts, the Google search volume for a firm (e.g., 

Engelberg and Gao 2011; Drake et al. 2012), and the EDGAR search volume 

for a firm’s historical financial statements, 10-K and 10-Q (e.g., Drake et al. 

                                           

times of high economic uncertainty (e.g., Bloom et al. 2018; Campbell et al. 2001), other 

lines of literature indicates that there are no significant differences between idiosyncratic risk 

in the level of economic uncertainty (e.g., Kacperczyk et al. 2016).  

9 Economically speaking, one standard deviation increase of economic uncertainty index 

decreases the forecast error measured against underlying uncertainty by 2.7, a 6.6% decrease 

over the unconditional forecast error of 40.68. 
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2015). 10  Furthermore, I also confirm that in times of high economic 

uncertainty, investors’ prior beliefs become less precise, prompting negative 

price reactions, leading to market declines. This evidence establishes that 

there exists information demand which can be fulfilled by managers’ direct 

communication of their private beliefs since investors still have imprecise 

priors about firm values despite their active information acquisition amid high 

economic uncertainty. 

As the second additional test, I examine the cross-sectional variation 

between economic uncertainty and both quantity and informativeness of 

management earnings forecasts by examining how this relation varies with 

the forecasting styles of managers, or more specifically, how regularly (or 

sporadically) they provide management earnings forecasts to investors. 11 

Specifically, I posit that sporadic forecasters should have more incentive to 

                                           

10 Consistent with Loh and Stulz (2018) and Amiram et al. (2018), the number of analyst 

following and the number of analyst earnings forecasts is greater when economic uncertainty 

is high. Moreover, the frequency of searching firms on Google is greater in high economic 

uncertainty periods than in low economic uncertainty periods. However, the Edgar search 

volume does not increase much in high economic uncertainty periods. This evidence is 

consistent with the idea that during periods of high economic uncertainty, information 

provided by intermediaries, such as financial analysts and the Internet, substitutes for the 

information in the mandated SEC filings (e.g., Drake et al. 2015). 
11 Such tests are helpful because, amidst high economic uncertainty, one would expect a 

different magnitude of increase in information demand for sporadic forecasters and regular 

forecasters. This is because sporadic forecasters tend to have poor information environment, 

which is confirmed in my sample, and their irregular pattern of disclosure tend to attract 

investor skepticism (e.g., Lo 2014). Therefore, information demand for sporadic forecasters 

is more likely to increase than regular forecasters amidst high economic uncertainty. In 

Section 5, I suggest evidence confirming this conjecture. 
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disclose management earnings forecasts than regular forecasters because 

sporadic forecasters’ poor information environment resulting from their’ 

irregular forecasting style provokes a stronger information demand during 

periods of high economic uncertainty. This means that potential capital 

market benefits accruing to sporadic forecasters would be greater when they 

choose to voluntarily provide high-quality information during times of 

economic uncertainty. This conjecture was subsequently confirmed by 

empirical evidence, and I find that an increase of one standard deviation in 

the economic uncertainty index almost doubles the likelihood of sporadic 

forecasters issuing a management forecast, suggesting that it is sporadic 

forecasters who mainly drive the increase in management earnings forecasts 

in an uncertain market. Furthermore, increased timeliness is more pronounced 

for sporadic forecasters, while both sporadic forecasters and regular 

forecasters significantly decrease forecast errors (relative to the underlying 

uncertainty) during times of high economic uncertainty. 12  Such findings 

again confirm that sporadic forecasters have more incentive to respond to 

economic uncertainty by providing informative management earnings 

forecasts. 

                                           

12  For the test of the effect of economic uncertainty on forecast error (relative to the 

underlying uncertainty), the coefficient of the variable of my interest in the sample of 

sporadic forecasters is not significantly different from that of the sample of regular forecasters.  
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As the third additional test, I examine the market’s response to 

management earnings forecasts. To the extent that management earnings 

forecasts contain more valuable information than investors’ own private 

information, the price reaction to such forecasts should be stronger (e.g., 

Verrecchia 1983; Pastor and Veronesi 2009). Consistent with this expectation, 

I find that investors indeed show a stronger reaction to earnings surprises from 

management earnings forecasts during periods of high economic uncertainty. 

Further, this reaction is more pronounced when the underlying uncertainty of 

investors’ priors is high. Also, there is no evidence of subsequent drift in 

returns, so this price reaction cannot be explained by overreaction.13 

In sum, my findings consistently show that managers provide 

valuable information to investors during periods of high economic uncertainty. 

My study makes a worthwhile contribution, given the scarcity of research on 

the effects of economic uncertainty on information flow observed by Bloom 

(2014), and adds to the body of literature about the relation between macro-

level variables and managers’ decisions to issue earnings forecasts. My paper 

is not the first to make the point that managers are more likely to issue 

management earnings forecasts when economic uncertainty is high. One of 

                                           

13 Investor overreaction explanations would make more sense, especially during periods of 

high economic uncertainty, when liquidity subsequently dries up. However, my findings 

show that there is no evidence of drift or reversal. 



 

10 

 

 

the papers most closely linked to my study is Nagar et al. (2018). Using the 

economic policy uncertainty index (EPU) of Baker et al. (2016)14, they find 

that managers provide additional management earnings forecasts as EPU 

increases. Even though my findings share some similarities with those of 

Nagar et al. (2018), there are some important differences between them, so 

my paper helps to expand our understanding of information flow amid high 

economic uncertainty. 

First, as well as investigating the increased quantity of management 

earnings forecasts, I also examine changes in their characteristics: specifically, 

the additional evidence of increased timeliness and forecast accuracy (relative 

to underlying uncertainty) reinforces the idea that managers are more willing 

to contribute to the information environment during periods of high economic 

uncertainty. Second, I focus on how investors change their priors or beliefs in 

response to the disclosures of management earnings forecasts by investigating 

their price reactions. My findings suggest that investors cause strong price 

reactions and also efficiently impound the information contained in the 

management earnings forecasts into prices. Third, I further investigate how 

                                           

14 The EPU index measures uncertainty about economic policy using textual analysis of 

policy-related news articles in various media. In this regard, Pastor and Veronesi (2009) 

model investor uncertainty about a single policy decision that the government will undertake. 

Even though the EPU index and Jurado et al. (2015)'s economic uncertainty index have a 

different definition of uncertainty, the possibility that the two measures capture the 

intrinsically same uncertainty cannot be ruled out. To address the concern, I control for the 

EPU index in my model and still find the significant results. 
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managers' incentives to provide management earnings forecasts varies with 

their forecasting style. That sporadic forecasters markedly increase both the 

quantity and informativeness of their management earnings forecasts, 

considerably more so than regular forecasters, indicates that the benefits of 

doing so far outweigh the costs for sporadic forecasters. Fourth, I find that for 

a sample of firms issuing management earnings forecasts in times of high 

economic uncertainty, there is a reduced price response when actual earnings 

are announced, suggesting that the information content of the earnings 

announcement is partially preempted by timely and accurate management 

earnings forecasts. Perhaps, my findings – (1) increased price reactions to 

management earnings forecasts followed by no drift in returns and (2) muted 

price reactions to earnings announcement – provide another approach to 

explain Nagar et al. (2018)’s finding of a reduced price reaction to actual 

earnings announcement, which they attribute to increased information 

asymmetry caused by EPU. 

The paper proceeds as follows: Section Ⅱ reviews the prior literature 

which gave rise to the hypotheses investigated in this study; Section Ⅲ 

describes my empirical strategy; Section Ⅳ describes my data; Section Ⅴ 

provides the empirical results; and finally, Section Ⅵ highlights the findings 

and discusses the implications. 
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II. HYPOTHESIS DEVELOPMENT 
 

2.1. Why Economic Uncertainty Matters to Investors? 

In many prior works, uncertainty is commonly defined as the 

conditional volatility of disturbance that is unforecastable from the 

perspective of economic agents. Economic uncertainty is an important driver 

of economic activity (e.g., Bloom 2009; Baker and Bloom 2013) and 

significantly impacts not only the systematic component but also 

idiosyncratic component of a firm’s cash flow. This creates uncertainty about 

the future, making financial markets imperfect and motivating investors to 

acquire information. (e.g., Black 1986; Grossman and Stiglitz 1980; Diamond 

and Verrecchia 1981).  

In this regard, a strand of literature studies that economic agents find 

a signal from information more valuable during periods of high economic 

uncertainty (e.g., Kacperczyk et al. 2016; Schmalz and Zhuk 2018; Loh and 

Stulz 2018; Amiram et al. 2018). For example, Amiram et al. (2018) show 

that analysts with access to in-house economists produce timely earnings 

forecast with no loss of accuracy when market uncertainty is high. Similarly, 

Loh and Stulz (2018) find that analysts' forecasts are more frequent and have 

a greater price impact during market declines. Schmalz and Zhuk (2018) 

investigate that stock price reacts more strongly to earnings announcement 



 

13 

 

 

more in downturns than in upturns. Kacperczyk et al. (2016) examine that 

mutual fund managers assign more attention to information about aggregate 

shocks in recessions.   

 

2.2. Management Earnings Forecasts and Economic 

Uncertainty 

However, little is known about the effect of economic uncertainty on 

a firm's voluntary disclosure, especially management earnings forecasts. 

Given that there is an increased demand for information during periods of 

high economic uncertainty, whether and how a firm’s disclosure of 

management earnings forecasts changes according to macroeconomic 

uncertainty is an empirical question worthwhile to examine.  

When investors face uncertainty about the state of the economy and 

firms’ cash flows, they often pay attention to firms’ earnings as indicators of 

future performance. In this case, disclosures of items more precisely related 

to payoffs, such as management earnings forecasts, can provide valuable 

information to investors by speeding up the resolution of uncertainty about 

current and future period earnings that would normally occur at the earnings 

announcement.  

Through their proximity to operating activities, managers may be 
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privy to timely information about underlying macroeconomic trends and their 

attendant effects on the expected future cash flows (e.g., Patell 1976; Penman 

1980; Waymire 1984). Accordingly, by providing management earnings 

forecasts to investors, managers can directly communicate their private 

information more timely than any other economic agents would do. 

Consistent with this view, Bonsall IV et al. (2013) empirically and 

theoretically demonstrate that management earnings forecasts, especially 

whose return variations are largely explained by economic components, 

provide timely information to the market about macro economy. That is, 

management earnings forecast is informative with respect to overall earnings 

trends in the economy and thus lowers investors' uncertainty about payoffs in 

times of high economic uncertainty.15  

Turning to managers’ point of view, the benefits of responding to 

information demand are magnified during periods of high economic 

uncertainty. Asset pricing literature identifies three principal effects of 

economic uncertainty: (1) returns are more volatile, (2) the price of risk is 

high, and (3) returns are unexpectedly low.16 It is widely documented that 

                                           

15  However, the prediction that managers may provide more accurate information than 

investors' information is not without tension. For example, McNichols (1989) finds that 

management earnings forecasts are biased.  
16  See, for example, Fama and French (1989), Ludvigson and Ng (2009), Lettau and 

Ludvigson (2001), Lustig et al. (2014), and Schwert (1989). 
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each of the three principal effects could affect managers’ desire to increase 

disclosure of management earnings forecasts. For example, prior literature 

predicts that disclosures of high-quality information would lower volatility 

and cost of equity capital. Specifically, theoretical and empirical studies show 

that there is a negative association between management earnings forecasts 

and cost of equity capital (e.g., Diamond and Verrecchia 1991; Healy and 

Palepu 2001; Verrecchia 2001; Easley and O'hara 2004; Botosan 1997; 

Botosan and Plumlee 2002; Sengupta 1998; Mazumdar and Sengupta 2005). 

There are also many theoretical and empirical studies that show managers 

reacting to rising volatility by providing management earnings forecast (e.g., 

Billings et al. 2015; Hsieh et al. 2006). 17 Indeed, in surveys, executives often 

mention guidance’s effectiveness in promoting a reputation for transparency 

and constraining volatility, when explaining why they are committed to 

guidance (e.g., Graham et al. 2005). 

As for the last argument, unexpectedly low returns in times of high 

economic uncertainty, disclosure theories predict that such market 

movements may cause information to be voluntarily disclosed (e.g., Dye 1985; 

Jung and Kwon 1988). According to these theories, since investors have 

                                           

17 However, some prior evidence suggests that management earnings forecasts might not 

result in reductions in volatility. For example, Rogers et al. (2009) link the issuance of 

negative earnings guidance to increased volatility. Hamm et al. (2012) associate the 

frequency of annual guidance with heightened crash risk. 
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uncertainty about whether a manager receives private information or not, she 

has an incentive to withhold bad news that is below a certain disclose 

threshold by pretending that she has not received any bad news. However, as 

the probability of managers receiving information increases, investors no 

longer view the firm's non-disclosure due to the nonexistence of information 

and thus revise their beliefs about firm value downward.  

Importantly, Jung and Kwon (1988) show that investors’ information 

acquisition through an independent source can trigger the release of private 

information which had previously withheld. When economic uncertainty is 

high, investors try to acquire information from various sources, such as 

financial analysts. However, the acquired information is likely to be 

unfavorable to firms since economic uncertainty and recessions go in tandem. 

As a result, investors will revise the prior beliefs about firm value downward, 

thus pushing down the disclosure thresholds and making bad news at one 

point seem favorable. Therefore, price drops during uncertain periods18 make 

unfavorable news that managers were previously withholding no longer 

unfavorable, and managers might consider releasing bad news that would 

                                           

18 Moreover, even when investors acquire neutral information about a firm’s expected cash 

flow, they could still induce firm value adjustments, as long as the variability of their priors 

increases during periods of high economic uncertainty. The underlying intuition is that 

nondisclosure may lead investors to focus on the increase in lower-end variability because 

they infer from nondisclosure that higher values of cash flows might have not been realized. 

Indeed, an increased return volatility during periods of high economic uncertainty is indicated 

by many prior works (e.g., Bloom 2009, Baker and Bloom 2013). 
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cause limited price declines. 

However, despite investors’ negative reaction to nondisclosure, firms 

may not prefer to provide earnings forecasts. Since managers have a more 

difficult time to accurately predict the future expected cash flows during 

periods of high economic uncertainty, as implied by its definition - the 

conditional volatility of disturbance that is unforecastable-, the cost of 

voluntarily disclosing information is high. This would dampen their incentive 

to voluntarily disclose earnings forecasts (e.g., Verrecchia 1983; Chen et al. 

2011; Houston et al. 2010). Due to tensions about the direction, the first 

hypothesis is stated in the null form.  

 

Hypothesis 1. Economic uncertainty is not associated with a 

decision to issue (increase) management earnings forecasts. 

I further hypothesize that an increase in investors’ information 

demand during periods of high economic uncertainty would be greater for 

firms that forecast earnings sporadically.19 Prior research documents several 

regularities associated with forecasting frequency. Specifically, less volatile 

firms issue forecasts more often than more volatile firms (e.g., Waymire 1985), 

                                           

19 Hirst et al. (2008) find that some firms issue forecasts regularly either quarterly 

or annually, while others exhibit a sporadic pattern of forecasting despite the 

apparent benefits of a commitment to disclosure. 
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and firms with stronger corporate governance tend to issue more frequent 

forecasts (e.g., Ajinkya et al. 2005). Furthermore, forecast frequency is 

positively associated with a firm’s performance (e.g., Miller 2002), and 

sporadic forecasters tend to attract investor skepticism, due to its irregular 

pattern of disclosure, and, hence, lose forecast credibility (e.g., Lo 2014). 

Taken together, firms that forecast earnings sporadically are more likely to be 

volatile, have weak corporate governance and poor performance, and have 

low forecast credibility, all of which contribute to their poor information 

environment and make themselves more vulnerable to rises in economic 

uncertainty. In this regard, the increased information demands in times of high 

economic uncertainty may give sporadic forecasters valuable opportunities to 

build a reputation for timely and accurate disclosure (e.g., Trueman 1986). 

Furthermore, the benefits of doing so are greater for sporadic forecasters than 

regular forecasters, given that the strength of the negative association between 

cost of equity (or volatility) and disclosures is greater for firms that have high 

disclosure costs and thus disclose earnings forecasts less (e.g., Baginski and 

Rakow 2012). However, since it is also likely that an increase in the cost of 

disclosing management earnings forecast might be greater for sporadic 

forecasters due to their vulnerability to economic conditions, the following 

hypothesis is stated in the null form, either. 
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 Hypothesis 1a. For sporadic forecasters, economic uncertainty is 

not associated with a decision to issue management earnings 

forecasts.  

 

2.3. Management Earnings Forecasts Characteristics and 

Economic Uncertainty 

Importantly, questions about whether managers issue earnings 

forecasts or not are different from questions about whether the forecasts are 

actually informative to investors. A wealth of research regarding voluntary 

disclosure indicates that the conditions for voluntary disclosures to be 

informative are that the disclosures should be timely and accurate (e.g, 

Anilowski et al. 2007; Lo 2014). Managers may attempt to issue earnings 

forecasts timely to resolve investors’ uncertainties earlier; on the other hand, 

they may intentionally delay the release of earnings forecasts considering the 

difficulties of forecasting earnings accurately. In the same manner, the 

forecast error is more likely to increase during periods of high economic 

uncertainty.  

Then, one might question why managers take risks issuing earnings 

forecasts of lower accuracy in this period. In this study, I propose that forecast 

error should be reexamined in the light of investors’ prior uncertainty. When 
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economic uncertainty increases, it is possible that the forecast error increases 

but less than does uncertainty about the prior. In this case, even though 

released earnings forecasts are less accurate than they used to be, they can 

still be useful to investors whose prior uncertainty is relatively high. In my 

study, following the initiative of Loh and Stulz (2018), I consider a new 

measure of forecast error that takes into account the underlying uncertainty 

of investors’ priors. The second hypothesis is also stated in the null form.  

 

Hypothesis 2. Economic uncertainty is not associated with 

timeliness and accuracy of management earnings forecasts 

 

2.4. Investor Reaction to Management Earnings Forecasts 

and Economic Uncertainty 

When forecasts are more precise than their priors, investors respond 

to earnings forecasts by updating their priors and prompting price changes 

(e.g., Verrecchia 1983; Pastor and Veronesi 2009). Bayes’s law says that the 

posterior mean is a weighted average of the prior mean and the signal, where 

each is weighted by their relative precision. In recessions, aggregate shock 

variance rises and the prior beliefs about asset payoffs become more uncertain. 

This makes the weight on prior beliefs decrease and the weight on the signal 

increase. Therefore, the strength of price reaction is dependent on the ratio of 
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prior uncertainty to signal - the greater the ratio, the greater revisions in prior 

beliefs. 

Therefore, to the extent that earnings forecasts are timely and more 

accurate than is investors’ priors (i.e., provide more accurate signals), price 

reaction to the forecasts would be stronger. I conduct two additional tests to 

strengthen the inference. First, given that information is more valuable about 

the most uncertain outcomes (e.g., Kacperczyk et al. 2016), investors react 

more to the disclosures of firms with high underlying uncertainty. Second, 

increased price reaction to voluntary earnings forecasts might not point to the 

usefulness of forecasts but rather is a result of the overreaction by investors. 

This is because liquidity dries up during periods of high macroeconomic 

uncertainty, and thus trading on voluntary earnings forecasts causes 

temporary price pressure. To rule out the overreaction explanation, I examine 

a drift in returns after voluntary earnings forecasts.  

 

Hypothesis 3. Economic uncertainty is not associated with price 

reaction to management earnings forecasts 

 

 

Therefore, my hypotheses are the joint tests of whether management 

earnings forecasts increase during periods of high economic uncertainty (H1) 

and whether they have useful characteristics, such as timeliness and accuracy 
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(H2), and thus provide valuable information to investors, as measured by 

price reaction to the forecast announcement. (H3).  

 

Ⅲ. RESEARCH DESIGNS 
 

3.1. Empirical Measure of Economic Uncertainty  

Since economic uncertainty is inherently unobservable, there is no 

general consensus on a single measure of economic uncertainty. The popular 

measures of economic uncertainty used in the empirical literature include the 

implied or realized volatility of stock market returns (e.g., VIX and VXO), 

the cross-sectional dispersion of survey-based forecasts (e.g., dispersion in 

GDP forecasts by economists), or the frequency of certain "uncertainty-

related" keywords appeared in media (e.g., economic policy uncertainty index 

developed by Baker et al. 2016).  

However, Jurado et al. (2015) point out that these measures may not 

be strongly correlated with a latent stochastic process of economic uncertainty, 

thus rendering the interpretation of empirical results misleading. For example, 

stock market volatility can change over time due to factors unrelated to 

uncertainty about economic fundamentals, factors such as movements in risk 

aversion or sentiment which can drive market fluctuations (e.g., Bekaert et al. 

2013). Indeed, Jurado et al. (2015) find that VIX measure spike far more 
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frequently, often in periods of relative macroeconomic quiescence.  

Not surprisingly, empirical evidence using these measures remains 

inconclusive, regarding the effect of economic uncertainty on management 

earnings forecasts. Kim et al. (2015) use the dispersion in GDP forecasts, as 

well as the VIX index and find a decrease in the likelihood of management 

earnings forecast issuance along with an increase in economic uncertainty. 

Agapova and Madura (2016), using the VIX index, find a similar result. On 

the contrary, using the economic policy uncertainty index, Nagar et al. (2018) 

find that firms provide additional management earnings forecasts.  

In this study, I use the economic uncertainty index developed by 

Jurado et al. (2015). This index is defined as the conditional volatility of the 

“unforecastable” component of a large number of economic indicators.20 

Unlike other measures of economic uncertainty that rely on a single series of 

value, such as stock return, this index measures the common variation in 

economic uncertainty across many series of values. Furthermore, this 

measure effectively filters out forecastable components from a number of 

series.  

                                           

20  They include real output and income, employment and hours, real retail, 

manufacturing and trade sales, consumer spending, housing starts, inventories and 

inventory sales ratios, orders and unfilled orders, compensation and labor costs, 

capacity utilization measures, price indexes, bond and stock market indexes, and 

foreign exchange measures. 
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Therefore, this broad index of uncertainty provides an accurate 

characterization of how economic uncertainty affects managers’ earnings 

forecast decisions and characteristics, to the extent that it closely follows large 

falls and rises in financial and economic activity and thus better captures 

economic uncertainty. 

 

3.2. Empirical Research Designs 

For all variables, the subscript i identifies the firm, and subscript t 

identifies the quarter. For the main independent variable, economic 

uncertainty, I obtain the one-month, three-month, and 12-month-ahead 

economic uncertainty indices, available on a monthly basis, from Sydney 

Ludvigson’s website. I construct a quarterly measure of economic uncertainty 

by averaging the index across three months in every quarter. I do not average 

the index by a shorter time span than a quarter, because managers are more 

likely to respond to long-term trends in macroeconomic uncertainty than 

short-term ones, due to high costs associated with changing disclosure policy. 

As shown in Figure 1, the indices are generally higher during bad states of 

the economy, corresponding to periods of high unemployment, low output 

growth, and low economic activity. 

---------------------------------------------------------------------- 

---------------------- Insert Figure 1 here ----------------------- 
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---------------------------------------------------------------------- 

The three economic uncertainty indices are highly correlated. I 

tabulate the results using one-month-ahead uncertainty because the empirical 

results using the other two indices are qualitatively similar.   

For a base model, I use firm-fixed effects and include control 

variables associated with management earnings forecasts. Since I control for 

firm-fixed effects, identification of main parameters comes from comparing 

forecast activities for the same firm. Time-fixed effects by quarter are not 

included in the model because they would subsume a variation of economic 

uncertainty, which changes over quarters but not in the cross-section. Instead, 

I extend the model to include industry-fixed effects. This controls for time-

varying, firm-industry specific factors, such as firm size and risk, that might 

affect the disclosure. 

To address time-series and cross-sectional residual dependence, I 

base statistical inferences on standard error clustered by firm and calendar 

year (Petersen 2009).21  I compute multiway clustering following Correia 

(2017). For characteristic tests, I cluster standard errors by firm and calendar 

                                           

21 Inter-temporal correlations may exist given that the tendency of a firm issuing 

earnings forecasts is likely to be persistent across multiple years. Furthermore, if 

firms in the same industry or similar firms tend to adopt similar voluntary disclosure 

practices, this may cause correlated errors cross-section as well. 
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3.3 Forecast Likelihood 

To examine the effect of economic uncertainty on forecast likelihood 

(H1), I estimate the following model using a logistic regression. The model’s 

variables are defined and discussed below.  

ISSUEit(FREQUENCYit) = β0 + β1ECt−1 + ∑ γCONTROLS + εit 

I do not include fixed effects in the logit model due to biases caused 

by the inclusion of fixed effects in binary response panel model (e.g., Kunz 

et al. 2017). To estimate the economic significance of the results, I switch to 

a linear probability model.  As a further robustness check, I model the 

number of forecasts that management issues in a quarter, instead of the 

probability of a forecast being issued. Given the count nature of this 

dependent variable, I estimate a Poisson model. 

Next, I examine whether the effect of economic uncertainty on 

forecast likelihood is more pronounced or weakened for sporadic forecasters 

(H1a). I perform separate analyses for forecasts released by firms that are 

                                           

22  Conditional on the issuance of management earnings forecasts, their 

characteristics, such as timeliness and forecast errors, are more likely to be correlated 

across calendar quarter rather than calendar year.  
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regular and sporadic forecasters. Following the similar approach to that of 

Rogers et al. (2009), I classify forecasts as having been issued by regular 

forecasts if, prior to the calendar quarter of the current forecast, the firm 

issued forecasts in at least 7 of the 8 preceding calendar quarters.23 Forecasts 

not meeting this criterion are defined as having been issued by sporadic 

forecasters. 

 

3.4 Forecast Timeliness 

To examine whether managers are more likely to issue earnings 

forecasts earlier in the fiscal quarter as economic uncertainty increases, I 

count the number of days between the current forecast and the prior fiscal 

quarter end. Then, I take the natural log of the measure and multiply -1 to 

make the interpretation more intuitive; that is, the greater the timeliness 

measure is, the more timely a forecast is.   

TIEMLINESSit = β0 + β1ECt−1 + ∑ γCONTROLS + εit 

 

3.5 Forecast Error 

                                           

23 I also use an alternative classification. I classify forecasts as having been issued 

by regular forecasts if, prior to the calendar quarter of the current forecast, the firm 

issued forecasts in at least 4 of the 5 preceding calendar quarters. However, the 

results are qualitatively similar.  
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First of all, I measure forecast errors conventionally used in the prior 

literature on management earnings forecast. It is defined as a management 

forecast of EPS minus actual EPS - absolute forecast error- then deflated by 

pre-release share price. Here, management forecast of EPS is either a point 

estimate or mid-point of a range estimate of the firm’s quarterly earnings. 

Actual EPS is the realized EPS reported by Compustat. The pre-release price 

is the closing price on CRSP two day prior to the management forecast release 

date. 

ERROR =
(Management forecast − Actual EPS)

Pre − release share price
 

Next, I consider a new measure of forecast error that takes into 

account investors’ underlying uncertainty. In a simple Bayesian model, as the 

precision of the signal increases relative to the uncertainty associated with 

their prior, investors put more weight on the signal. When macroeconomic 

uncertainty increases, it is possible that the forecast error increases but less 

than does uncertainty about the prior. In this case, even though released 

earnings forecasts are less accurate than they used to be, they can still be 

useful to investors whose prior uncertainty is relatively high. Following the 

spirit of Loh and Stulz (2018), I measure the forecast error per unit of 

underlying uncertainty. I use idiosyncratic volatility as underlying uncertainty 

to normalize absolute forecast errors.  
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ERROR =
(Management forecast − Actual EPS)

IVOL
 

 

Here, idiosyncratic volatility for a firm is computed as the standard 

deviation of the daily residuals in the quarter from the regression:  

Ri,d = αi + β1Rm,d + γiSMBd + φiHMLd + ωiWMLd + εi,d 

where Ri,d and Rm,d are, respectively, the excess daily returns on 

stock i and the CRSP value-weighted index, and SMBd, HMLd, WMLd are, 

respectively, the daily size and book-to-market, and momentum factors (e.g., 

Fama and French 1993; Carhart 1997). They are all from Kenneth French’s 

data library. 24 

3.6 Price Reactions 

To examine the stock price response to management forecasts, I 

estimate the following model using ordinary least squares (OLS) regression. 

The sample used in the test contains only point and closed range forecasts 

because only these forecasts provide numerical estimates that are required to 

compute forecast surprises. 

                                           

24  For the main tests, I normalize the absolute forecast error by idiosyncratic 

volatility in the current quarter. Using this measure, I find that forecast error 

decreases in the sample, with greater decreases in sporadic forecasters. When using 

idiosyncratic volatility in the previous quarter, only sporadic forecasters significantly 

decrease their forecast errors measured against underlying uncertainty.  
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CAR[0,1]it = β0 + β1ECt−1 + β2ECt−1 × NEWSit + β3NEWSit

+ ∑ γContols + εt 

The model’s variables are defined as follows: 

The event return CAR0,+1 is the cumulative market-adjusted daily 

returns over the window that includes the day of the forecast release to one 

day after the release. To investigate a drift in returns after the forecast, I 

measure the event return CAR+2,+6 , the cumulative market-adjusted daily 

return over the five-trading-day window starting two trading days after the 

forecast release date.  

The unexpected earning is measured by comparing the management 

forecast to the preceding analyst forecast and scaling by price. 

NEWS =
(Management forecast − Consensus analyst EPS)

Pre − release share price
 

In additional analyses, for each quarter, I sort firms into quintiles 

based on IVOL in the prior calendar quarter. Then I compare the stock price 

responses between two subsamples of firms in the lowest quintile (Q1) and in 

the highest quintile (Q5).  
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Ⅳ. DATA 
 

The following section describes my data, sample, and variable 

measurement. All continuous and discrete variables are winsorized at the 1st 

and 99th percentile and are further defined in Table 1.   

The sample includes management earnings forecasts data from 1995 

to 2017. My sample period begins in 1995 because management earnings 

forecasts became more prevalent with the passage of the PSLRA. Since my 

objective is to measure overall disclosure in any given quarter, both quarterly 

and annual management EPS forecasts are included in the sample. If multiple 

forecasts are issued on the same day, I treat them as separate forecasts if and 

only if they relate to different fiscal periods. 

I exclude forecasts issued on or after the fiscal quarter-end. Following 

previous studies (e.g., Ajinkya et al. 2005; Houston et al. 2010), I exclude 

preannouncements because these forecasts are considered part of firm’s 

earnings announcement strategies rather than voluntary disclosure 

activities.25 Furthermore, I delete forecasts made more than 110 days after 

the fiscal year-end. 

Then, the sample combines data from CRSP and Compustat. The 

                                           

25 My inferences remain the same when I include these preannouncements in the 

measurement of forecast activity (untabulated) 
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sample selection procedures yield a final sample of 5,015 firms with 150,170 

firm-quarter observations. Sample sizes are further reduced in subsequent 

tests depending on the availability of the independent and dependent variables. 

For characteristics and price reaction tests, I include the first management 

earnings forecast issued during the quarter for a firm.  

Table 1 presents descriptive statistics for the variables used in the 

analyses. The mean of ISSUE indicates that 30.2% of firm-quarter 

observations have at least one annual or quarterly forecast. The mean number 

of the forecast is 0.46, which reflects an average of 0.28 annual and 0.18 

quarterly forecasts issued by sample firms during the quarter. On average, 

firms issue earnings forecasts 32 days past the previous quarter-end. 

Descriptive statistics for most control variables are largely consistent with 

prior management forecast studies (e.g., Bergman and Roychowdhury 2008). 

---------------------------------------------------------------------- 

---------------------- Insert Table 1 here ----------------------- 

---------------------------------------------------------------------- 

Table 2 presents a correlation matrix of the variables used in the tests. 

All of the significant correlations among the economic uncertainty(EU) and 

issuance and frequency of management earnings forecasts (ISSUE, FREQ) 

have their expected sign.  

---------------------------------------------------------------------- 
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---------------------- Insert Table 2 here ----------------------- 

--------------------------------------------------------------------- 

 

Ⅴ. RESULTS 
 

5.1 Evidence of Increased Information Demand in Times of 

High Economic Uncertainty 

In this section, I examine investors’ increased information demand 

during periods of high economic uncertainty. I employ three proxies for 

investors’ information demand. The first two focus on the activity level of 

analysts: the number of analyst following and the number of earnings 

forecasts issued by analysts. The third proxy for investors’ information 

acquisition activity is Google search volume. Investors express their demand 

for information is via Google searches (e.g., Engelberg and Gao 2011; Drake 

et al. 2012). The Google Search Volume Index (SVI) measures the extent to 

which a particular term or phrase is searched for using the Google Search 

engine. I collect weekly SVI for the ticker symbols of firms in the sample to 

capture variation in investor information demand and construct a quarterly 

measure for each firm. The data start from 2014, so the available sample size 

shrinks.  
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The last proxy is EDGAR search volume. The SEC maintains a log 

file of all activity performed by users on EDGAR, which records each unique 

user request to acquire a specific filing from EDGAR. Mandated financial 

filings (archived in EDGAR) disclose information helpful to valuing the firm 

and thus constitute part of the firm’s information environment (e.g., Drake et 

al. 2015). Therefore, I count the number of investors' access to historic 10-K 

and 10-Q for each firm-quarter. The data start from 2008.26 Since the number 

of access is increasing over times, I control for time trend. I also adjust firm 

average of the number of access. Therefore, the index I used is adjusted for 

time and firm fixed effects.  

My findings suggest that there is indeed increased investors’ 

information demand during periods of high economic uncertainty. In Panel A 

of  Table 3, in High economic uncertainty periods, the number of analyst 

following(ANALYST) and the number of analyst earnings 

forecasts(NESTIMATE) is greater than in Low economic uncertainty periods, 

with this difference being statistically significant. Moreover, Google Search 

Volume(GOOGL) is greater in High economic uncertainty periods than in 

Low economic uncertainty periods, with this difference being statistically 

                                           

26 For brevity, I refer the reader to Drake et al. (2015) for a detailed description of 

the data, including the sample criteria, sample period and analyses on the timing and 

common determinants of user acquisition of EDGAR data. 
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significant. However, the Edgar search volume(EDGAR) is greater in Low 

economic uncertainty periods than in High economic uncertainty, with this 

difference being statistically significant. This evidence is consistent with the 

idea that during periods of high economic uncertainty, information provided 

by intermediaries, such as financial analysts and the Internet, substitutes for 

the information in the mandated SEC filings, especially historical financial 

statements (e.g., Drake et al. 2015).  

 

5.2 Evidence of Investors’ Less Precise Priors 

I now address the question of the variance of investors' priors during 

periods of high economic uncertainty using ex-ante proxies. I employ two 

proxies, market volatility and firm volatility, each computed as the standard 

deviation of daily stock returns. In Panel B of Table 3, I report that both of 

the proxies for investors' ex-ante uncertainty (MKTVOL and FIRMVOL) 

increases during periods of high economic uncertainty, showing that investors’ 

priors become less precise during these times.  

The increases in volatility are also associated with the declines in 

stock returns. In Panel B of Table 3, cumulative returns(RETURNS) decrease 

significantly during periods of high economic uncertainty. Minimum returns 

for a given firm-quarter (MINRET) also decreases sharply, although the 
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difference of SKEWNESS is not significantly different between two periods. 

The findings show that as economic uncertainty increases, investors view the 

outlook of a firm and entire economy in a negative way and thus prompt 

negative price reactions. This is mainly because economic uncertainty is 

closely related to recessions and accordingly investors are more likely to be 

exposed to negative news from intermediaries. In other words, the acquired 

information during periods of high economic uncertainty is likely to be 

unfavorable to firms, triggering price declines.  

---------------------------------------------------------------------- 

---------------------- Insert Table 3 here ----------------------- 

---------------------------------------------------------------------- 

 

5.3 Evidence of Differences Between Sporadic Forecasters 

and Regular Forecasters 

I next examine whether the changes in investors' information demand 

and uncertainty about priors during periods of high economic uncertainty vary 

depending on whether a firm is a sporadic forecaster or regular forecaster. To 

see this, I take a Difference-in-Differences approach (DID).  

Before conducting DID, I first look at whether there are systematic 

differences of firm characteristics between sporadic forecasters and regular 

forecasters. In Panel A of Table 4, I report the differences in firm 
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fundamentals between sporadic forecasters and regular forecasters. In sum, 

sporadic forecasters have lower profitability (ROA), higher Book-to-Market 

ratio (BTM), greater earnings volatility (EVOL), smaller firm size (SIZE), 

smaller litigation risk (LITIGATION), greater discretionary accruals (DACC), 

smaller market concentration as indicated by lower Herfindahl-Hirschman 

Index (HERF), greater idiosyncratic volatility (IVOL), and fewer analyst 

following (ANALYST) than regular forecasters. According to these findings, 

sporadic forecasters are significantly different from regular forecasters in 

many dimensions; in general, sporadic forecasters are riskier and have less 

transparent information environment than regular forecasters. 

These differences in firm fundamentals between sporadic forecasters 

and regular forecasters may explain why they have different forecasting 

behavior and characteristics. In Panel B of  Table 4, relative to regular 

forecasters, sporadic forecasters issue earnings forecasts less timely, and their 

forecasts have greater forecast errors, as well as a lower likelihood of issuing 

management earnings forecasts. Sporadic forecasters are also more likely to 

issue earnings forecasts that confirm consensus and less likely to issue 

earnings forecasts that beat the consensus. 

---------------------------------------------------------------------- 

---------------------- Insert Table 4 here ----------------------- 

---------------------------------------------------------------------- 
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I next examine how investors’ information demand changes during 

periods of high economic uncertainty depending on whether a firm is a regular 

forecaster or sporadic forecaster. Since sporadic forecasters are small and 

have poor financial health, they are greatly affected by economic uncertainty. 

The Panel A of Table 5 shows that sporadic forecasters indeed suffer more 

than regular forecasters when economic uncertainty is high. Specifically, their 

profitability (ROA) declines more, and earnings volatility (EARN) increases 

more than regular forecasters during periods of high uncertainty.  

In this context, investors’ prior uncertainty about sporadic forecasters 

may increase, thus leading investors to demand more information. Consistent 

with this conjecture, the Panel B of Table 5 shows that, compared to regular 

forecasters, more analysts follow sporadic forecasters, and thus the number 

of earnings forecasts provided by analysts increase more during periods of 

high economic uncertainty. Furthermore, investors are more likely to access 

EDGAR to view historic 10-K and 10-Q, while Google search 

volume(GOOGL) does not increase significantly more than regular 

forecasters during these periods.  

---------------------------------------------------------------------- 

---------------------- Insert Table 5 here ----------------------- 

---------------------------------------------------------------------- 
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In sum, investors increase information demand during periods of high 

economic uncertainty. Nevertheless, their prior uncertainty about firms are 

high during these periods, and they prompt negative price reaction. These 

changes may push down disclosure threshold or create opportunities to build 

up a good reputation by providing accurate information. And these changes, 

both increased information demand and prior uncertainty, are more 

pronounced for sporadic forecasters, meaning that they have additional 

incentive to disclose earnings forecasts than regular forecasters during 

periods of high economic uncertainty.  

 

5.4 Main Analyses 

In this section, I test H1(Likelihood) and H2(Characteristics). To 

address time-series and cross-sectional residual dependence, I base statistical 

inferences on standard error clustered by firm and calendar year (Petersen 

2009). In each test, singleton observations (i.e., fixed effect groups with only 

one observation in the available sample) are dropped prior to estimation to 

avoid biasing the regression standard errors (e.g., Correia 2015).  

 

5.4.1 The Effect of Economic Uncertainty on the Likelihood 

of Issuing Management Earnings Forecasts (H1) 
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Table 6 reports the results for the regression analysis of the effect of 

economic uncertainty on the issuance of management earnings forecasts (H1). 

The first three columns estimate a logit regression without fixed effects, while 

the last three columns estimate a linear probability regression with firm and 

industry fixed effects. As economic uncertainty increases, firms are more 

likely to issue management earnings forecasts (Column 1 and Column 4). 

Economically speaking, one standard deviation increase of economic 

uncertainty index (EU) increases the likelihood of issuing management 

forecast by 4.23%, a 13.6% increase over the unconditional forecast 

likelihood of 31 %. 

Next, I conduct the same test by splitting the sample into sporadic 

forecasters and regular forecasters. In Column 2 and Column 5 of Table 6, I 

found sporadic forecasts are more likely to issue earnings forecasts as 

economic uncertainty increases, while regular forecasters do not exhibit such 

a tendency. Economically speaking, one standard deviation increase of 

economic uncertainty index (EU) almost double the likelihood of sporadic 

forecasters issuing management forecast  

---------------------------------------------------------------------- 

---------------------- Insert Table 6 here ----------------------- 

---------------------------------------------------------------------- 
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As a further robustness check, I model the number of forecasts that 

management issues in a quarter, instead of the probability of a forecast being 

issued. Given the count nature of this dependent variable, I estimate a Poisson 

model. The findings in Table 7 are consistent with the conjecture that 

managers increase the frequency of management earnings forecasts as 

economic uncertainty increases. Economically speaking, one standard 

deviation increase of economic uncertainty index (EU) increases the 

frequency of issuing management forecast by 0.22, a 46% increase over the 

unconditional forecast frequency of 0.48.  

---------------------------------------------------------------------- 

---------------------- Insert Table 7 here ----------------------- 

---------------------------------------------------------------------- 

I also conduct the same test but include the economic policy 

uncertainty in the model. Table 8 shows that the variable of my interest, EU, 

is still significant in the augmented model, meaning that economic policy 

uncertainty that Nagar et al. (2018) employed and economic uncertainty index 

I used capture different aspects of uncertainty. 

---------------------------------------------------------------------- 

---------------------- Insert Table 8 here ----------------------- 

---------------------------------------------------------------------- 

In sum, my findings indicate that as economic uncertainty increases, 

managers increase both the likelihood and frequency of issuing earnings 
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forecasts. Furthermore, sporadic forecasts show a more pronounced reaction 

to an increase in economic uncertainty than regular forecasters. 

 

5.4.2 The Effect of Economic Uncertainty on the 

Characteristics of Management Earnings Forecasts (H2) 
 

Next, I examine how characteristics of management earnings 

forecasts change as economic uncertainty increases. First, I consider the 

timeliness of the forecasts. Table 9 shows that as economic uncertainty 

increases, the timeliness of issuing management earnings forecasts also 

increases. Economically speaking, one standard deviation increase of 

economic uncertainty index (EU) moves up the date of issuing management 

earnings forecast by 1.03 day, given that firms on average take 38 days to 

disclose the first earnings forecasts. The Column 3 shows that sporadic 

forecasters strongly respond to economic uncertainty by providing moving up 

the date of issuing management earnings forecast by 1.05 day, while regular 

forecasters do not speed up the issuance of management earnings forecasts 

---------------------------------------------------------------------- 

---------------------- Insert Table 9 here ----------------------- 

---------------------------------------------------------------------- 

Next, I examine how forecast error changes as economic uncertainty 

increases. Column 1-4 of Table 10 report the results for the regression analysis 

of the effect of economic uncertainty on the forecast error scaled by price 
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(H1). The first four columns estimate the model with firm fixed effect, while 

the last four columns estimate the model with both firm and industry fixed 

effects. Table 10 shows that forecast errors scaled by price indeed increase as 

economic uncertainty increases. Economically speaking, one standard 

deviation increase of economic uncertainty index (EU) increases the forecast 

error scaled by price by 0.003, a 9.76% increase over the unconditional 

forecast error of 0.096 

However, it is important to reconsider forecast error relative to 

underlying uncertainty because ex-ante uncertainty increases during periods 

of high economic uncertainty. Column 5-8 of Table 10 reports the regression 

of forecast error scaled by underlying uncertainty on economic uncertainty. 

Economically speaking, one standard deviation increase of economic 

uncertainty index(EU) decreases the forecast error measured against 

underlying uncertainty by 2.7, a 6.6% decrease over the unconditional 

forecast error of 40.68. The coefficient of forecast error (relative to the 

underlying uncertainty) in the sample of sporadic forecasters is not 

significantly different from that of regular forecasters, meaning that both 

sporadic forecasters and regular forecasters provide more accurate forecasts.  

---------------------------------------------------------------------- 

---------------------- Insert Table 10 here ----------------------- 

---------------------------------------------------------------------- 
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5.4.3 The Effect of Economic Uncertainty on Price Reaction 

to Management Earnings Forecasts (H3) 
 

I conduct how investors react to management earnings forecasts and 

accordingly how their reaction to earnings surprises changes as economic 

uncertainty increases. Table 11 finds that price reactions to management 

earnings forecasts are indeed stronger as economic uncertainty increases. In 

Table 12, I also regress CAR[2,6] on economic uncertainty, but found no 

evidence of drift. 

---------------------------------------------------------------------- 

---------------------- Insert Table 11 here ----------------------- 

---------------------------------------------------------------------- 

---------------------------------------------------------------------- 

---------------------- Insert Table 12 here ----------------------- 

---------------------------------------------------------------------- 

Table 13 shows for a sample of firms issuing management earnings 

forecasts in times of high economic uncertainty, there is a reduced price 

response when actual earnings are announced, suggesting that the information 

content of the earnings announcement is partially preempted by timely and 

accurate management earnings forecasts.  

---------------------------------------------------------------------- 

---------------------- Insert Table 13 here ----------------------- 

---------------------------------------------------------------------- 
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Ⅵ. CONCLUSION 
 

As the economy becomes less predictable, communication of 

managers’ private beliefs about future earnings could supply information to 

investors which likely reduces their uncertainty. From the managers’ 

perspective, however, both benefits and costs of communication during these 

periods potentially increase, so it is empirically unclear how managers 

actually respond to information demand at such times. This paper investigates 

the quantity and quality of managers’ responses to information demand amid 

high economic uncertainty, using the economic uncertainty index of Jurado 

et al. (2015). The results show that rising uncertainty prompts managers to 

provide investors with more earnings forecasts, which are also more timely, 

with smaller errors per unit of uncertainty. Stock price reactions to such 

disclosures are greater, and there is no subsequent drift in returns. Further, all 

of these changes are more pronounced for sporadic forecasters, consistent 

with a claim that their weak information environment induces a greater 

information demand and encourages a managerial response. Overall, these 

results show a consistent pattern of managers responding to information 

demand by providing valuable information to investors in times of high 

economic uncertainty.  

My study makes a worthwhile contribution, given the scarcity of 
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research on the effects of economic uncertainty on information flow observed 

by Bloom (2014), and adds to the body of literature about the relation between 

macro-level variables and managers’ decisions to issue earnings forecasts. My 

paper is not the first to make the point that managers are more likely to issue 

management earnings forecasts when economic uncertainty is high. One of 

the papers most closely linked to my study is Nagar et al. (2018). Using the 

economic policy uncertainty index (EPU) of Baker et al. (2016)27, they find 

that managers provide additional management earnings forecasts as EPU 

increases. Even though my findings share some similarities with those of 

Nagar et al. (2018), there are some important differences between them, so 

my paper helps to expand our understanding of information flow amid high 

economic uncertainty. 

First, as well as investigating the increased quantity of management 

earnings forecasts, I also examine changes in their characteristics: specifically, 

the additional evidence of increased timeliness and forecast accuracy (relative 

to underlying uncertainty) reinforces the idea that managers are more willing 

to contribute to the information environment during periods of high economic 

                                           

27 The EPU index measures uncertainty about economic policy using textual analysis of 

policy-related news articles in various media. In this regard, Pastor and Veronesi (2009) 

model investor uncertainty about a single policy decision that the government will undertake. 

Even though the EPU index and Jurado et al. (2015)'s economic uncertainty index have a 

different definition of uncertainty, the possibility that the two measures capture the 

intrinsically same uncertainty cannot be ruled out. To address the concern, I control for the 

EPU index in my model and still find the significant results. 
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uncertainty. Second, I focus on how investors change their priors or beliefs in 

response to the disclosures of management earnings forecasts by investigating 

their price reactions. My findings suggest that investors cause strong price 

reactions and also efficiently impound the information contained in the 

management earnings forecasts into prices. Third, I further investigate how 

managers' incentives to provide management earnings forecasts varies with 

their forecasting style. That sporadic forecasters markedly increase both the 

quantity and informativeness of their management earnings forecasts, 

considerably more so than regular forecasters, indicates that the benefits of 

doing so far outweigh the costs for sporadic forecasters. Fourth, I find that for 

a sample of firms issuing management earnings forecasts in times of high 

economic uncertainty, there is a reduced price response when actual earnings 

are announced, suggesting that the information content of the earnings 

announcement is partially preempted by timely and accurate management 

earnings forecasts. Perhaps, my findings – (1) increased price reactions to 

management earnings forecasts followed by no drift in returns and (2) muted 

price reactions to earnings announcement – provide another approach to 

explain Nagar et al. (2018)’s finding of a reduced price reaction to actual 

earnings announcement, which they attribute to increased information 

asymmetry caused by EPU. 
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FIGURE 
 

Figure 1 

Economic Uncertainty over Time 
 

This figure plots Jurado et al. (2015)’s economic index over time. h=1, h=3, and h=12 are 

respectively the one-month, three-month, and 12-month-ahead economic uncertainty indices. 

The indices are available on a monthly basis on Sydney Ludvigson’s website. 
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APPENDIX 

Definition of Variables 
 

Variable definitions 

Variable   Definition 

EU = The average quarterly value of the Jurado et al. (2015)'s 

economic uncertainty index during the previous quarter. 

ISSUE = An indicator variable equal to 1 if the firm issues at least one 

management earnings forecast during the current quarter. 

Otherwise, 0.  

FREQ = The number of management earnings forecasts issued by a firm 

in the current quarter. 

FREQ_Q = The number of quarterly management earnings forecasts issued 

by a firm in the current quarter. 

FREQ_A = The number of annual management earnings forecasts issued 

by a firm in the current quarter. 

SPORADIC = An indicator variable equal to 1 if prior to the quarter of the 

current forecast, the firm issued forecasts less than or equal to 

6 (4) of the 8 (5) preceding quarters. Otherwise, 0 

TIMELINESS = (-1) * (Natural log of the number of days between the current 

forecast and the previous quarter-end for the same firm) 

ERROR = The absolute value of the actual EPS minus forecasted earnings, 

divided by the absolute value of price 2 days prior to the 

issuance date or IVOL in the previous quarter.  

NEWS = The difference between current forecasted EPS and the last 

consensus analyst earnings forecast before the issuance of 

management earnings forecast. Then, scaled by price two days 

prior to the issuance.  

SURPRISE = The difference between the actual EPS and the last consensus 

analyst earnings forecast before the earnings announcement 

date. Then, scaled by price two days prior to the announcement.  

CAR = Cumulative market-adjusted stock return over the two-day 

(four-day) window around the forecast date [0, 1] ([2,6]) 

ROA = The average return on assets, where the return on assets is 

measured by dividing income before extraordinary items by 

total assets for each quarter.   

BTM = The ratio of the firm’s book value of equity in the previous 

quarter divided by the firm’s market capitalization at the 

beginning of the quarter. 
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EVOL = The standard deviation of earnings before extraordinary items 

divided by total assets estimated over 8 quarters. 

LOSS = An indicator variable equal to 1 (0) if a firm’s income before 

extraordinary items is negative (non-negative) at least once 

during quarter t-8 to t-1. 

SIZE = The natural log of the market value of equity as of the beginning 

fiscal quarter end.  

LITIGATION = The previous quarters’ probability of litigation obtained from 

the model in Rogers and Stocken (2005). 

DACC = The percentage of lagged assets using a cross-sectional version 

of the modified Jones model that controls for performance and 

firm growth.  

HERF = The sum of squares of the market shares of the firms within an 

industry. I define an industry as all firms reported on Compustat 

sharing the same two-digit SIC code.  

IVOL = The standard deviation of the daily residuals in a quarter from 

the regression of the excess daily returns on stock i and the 

CRSP value-weighted index, the daily size and book-to-market, 

and momentum factors (Fama and French 1993; Carhart 1997). 

MKTVOL = The standard deviation of value-weighted daily market return 

in the previous quarter. 

ANALYST = The number of forecasts underlying a firm’s last consensus 

analyst earnings forecast in the quarter. 

NESTIMATE = The total number of analyst earnings forecasts issued during the 

quarter. 

EDGAR = The EDGAR search volume for a firm’s historical financial 

statements, 10-K and 10-Q, during the current quarter. 

GOOGL = The Google search volume for a firm during the current quarter. 

MINRET = The minimum of the daily returns for a firm during the current 

quarter. 

SKEWNESS = The skewness of daily returns for a firm during the current 

quarter. 

FIRMVOL = The standard deviation of the daily returns during the current 

quarter. 

RETURN = Buy and hold returns for a firm during the current quarter. 

CAR[a,b] = Cumulative market-adjusted daily returns over the window that 

includes from the day a to the day b. 
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TABLES 
 

Table 1 

Descriptive Statistics 
 
This table presents descriptive statistics of the main variables. All variables are described in 

the Appendix. 

Test Obs Mean 
Std. 

Dev. 
Median Min Max 

Issuance Test       

EU  150,170  0.652 0.0853 0.0853 0.549 1.046 

ISSUE  150,170  0.302 0.459 0.459 0 1 

FREQ  150,170  0.460 0.815 0.815 0 4 

FREQ_Q  150,170  0.181 0.458 0.458 0 43 

FREQ_A  150,170  0.284 0.600 0.600 0 44 

Characteristics Test 
TIMELINESSa 72,240 32.32 16.25 16.25 2 90 

ERRORb 67,230 0.0336 0.0997 0.0997 0 2.203 

ERRORc 67,400 40.68 74.88 74.88 0 453.7 

Price Reaction Test 

CAR[0,1] 55,498 
-

0.000601 
0.0853 0.0853 -0.709 1.434 

CAR[2,6] 55,530 0.000144 0.0530 0.0530 -0.565 1.119 

Control Variables 
ROA  150,170  0.00118 0.0510 0.0510 -0.285 0.0939 

BTM  150,170  0.598 0.564 0.564 -0.404 3.452 

EVOL  150,170  0.0257 0.0390 0.0390 0.00100 0.241 

LOSS  150,170  0.441 0.497 0.497 0 1 

SIZE  150,170  13.27 2.066 2.066 8.918 18.29 

LITIGATION  150,170  0.00307 0.00488 0.00488 0.000 0.290 

DACC  150,170  0.00139 0.0550 0.0550 -0.215 0.190 

HERF  150,170  0.0667 0.0601 0.0601 0.0123 0.340 

IVOL  150,170  0.0257 0.0390 0.0390 0.00100 0.241 

MKTVOL  150,170  1.055 0.578 0.578 0.443 4.242 

ANALYST  150,170  6.392 6.883 6.883 0 57 

a. before taking the natural log and multiplying minus 1.  

b. ERROR deflated by price 2 days prior to the issuance of management earnings 

forecasts 

c. ERROR deflated by IVOL in the current quarter 

Descriptive statistics of control variables are based on the sample of issuance test.  
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Table 2 

Pearson (Spearman) correlation above (below) the diagonal among the main variables 

This table presents the Pearson/Spearman correlation coefficients among the main variables. All variables are described in the Appendix. In the Panel B, 

ERRORa is estimated as the absolute forecast errors deflated by price 2 days prior to the issuance of management earnings forecasts, while ERRORb is estimated 

as the absolute forecast errors deflated by IVOL in the current quarter. The significance is designated by *** at 1%, ** at 5% and * at 10%.  

Panel A : The Issuance Test Sample 

    (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) 

EU (1) 1 0.150*** 0.152*** 0.103*** 0.133*** -0.069*** 0.108*** 0.028*** 0.052*** 0.062*** 

ISSUANCE (2) 0.110*** 1 0.984*** 0.661*** 0.823*** 0.122*** -0.091*** -0.185*** -0.171*** 0.358*** 

FREQ (3) 0.101*** 0.859*** 1 0.706*** 0.854*** 0.128*** -0.100*** -0.187*** -0.176*** 0.367*** 

FREQ_Q (4) 0.063*** 0.601*** 0.721*** 1 0.322*** 0.069*** -0.065*** -0.067*** -0.087*** 0.200*** 

FREQ_A (5) 0.091*** 0.721*** 0.847*** 0.345*** 1 0.135*** -0.104*** -0.211*** -0.182*** 0.353*** 

ROA (6) -0.057*** 0.117*** 0.116*** 0.060*** 0.115*** 1 -0.309*** -0.231*** -0.492*** 0.292*** 

BTM (7) 0.138*** -0.112*** -0.115*** -0.068*** -0.106*** -0.152*** 1 -0.063*** 0.158*** -0.357*** 

EVOL (8) 0.036*** -0.145*** -0.135*** -0.063*** -0.140*** -0.333*** -0.030*** 1 0.553*** -0.375*** 

LOSS (9) 0.058*** -0.171*** -0.168*** -0.084*** -0.168*** -0.382*** 0.190*** 0.377*** 1 -0.344*** 

SIZE (10) 0.030*** 0.350*** 0.345*** 0.189*** 0.332*** 0.278*** -0.368*** -0.296*** -0.344*** 1 

LITIGATION (11) 0.048*** 0.187*** 0.197*** 0.123*** 0.179*** 0.078*** -0.204*** -0.085*** -0.129*** 0.595*** 

DACC (12) -0.011*** -0.068*** -0.063*** -0.046*** -0.052*** 0.182*** -0.016*** 0.069*** 0.056*** -0.086*** 

HERF (13) 0.017*** 0.0066* 0.023*** 0.018*** 0.018*** 0.069*** 0.052*** -0.085*** -0.055*** 0.024*** 

IVOL (14) 0.094*** -0.257*** -0.237*** -0.106*** -0.246*** -0.391*** 0.218*** 0.396*** 0.372*** -0.586*** 

MKTVOL (15) 0.625*** 0.0038 0.0032 0.009*** -0.0028 -0.063*** 0.155*** 0.069*** 0.075*** -0.064*** 

ANALYST (16) 0.054*** 0.285*** 0.295*** 0.229*** 0.234*** 0.155*** -0.206*** -0.172*** -0.193*** 0.739*** 

    (11) (12) (13) (14) (15) (16)     

EU (1) 0.100*** -0.022*** -0.020*** 0.028*** 0.447*** 0.074***     

ISSUANCE (2) 0.322*** -0.082*** -0.044*** -0.298*** -0.011*** 0.355***     

FREQ (3) 0.330*** -0.083*** -0.038*** -0.301*** -0.011*** 0.365***     

FREQ_Q (4) 0.206*** -0.058*** 0.0005 -0.113*** 0.008*** 0.267***     

FREQ_A (5) 0.294*** -0.069*** -0.037*** -0.327*** -0.024*** 0.304***     

ROA (6) 0.192*** 0.066*** 0.060*** -0.292*** -0.086*** 0.192***     

BTM (7) -0.386*** 0.019*** 0.081*** 0.104*** 0.135*** -0.254***     

EVOL (8) -0.223*** 0.045*** -0.059*** 0.462*** 0.086*** -0.256***     

LOSS (9) -0.231*** 0.057*** -0.049*** 0.376*** 0.086*** -0.234***     

SIZE (10) 0.890*** -0.101*** -0.057*** -0.643*** -0.088*** 0.808***     
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LITIGATION (11) 1 -0.093*** -0.114*** -0.368*** -0.020*** 0.761***     

DACC (12) -0.081*** 1 0.031*** 0.098*** 0.025*** -0.098***     

HERF (13) -0.029*** 0.013*** 1 0.028*** 0.016*** 0.0016     

IVOL (14) -0.094*** 0.058*** -0.056*** 1 0.249*** -0.443***     

MKTVOL (15) 0.0058** 0.007*** 0.0022 0.185*** 1 -0.044***     

ANALYST (16) 0.529*** -0.088*** 0.039*** -0.339*** -0.015*** 1     

Panel B : The Characteristics Test Sample 

  (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) 

EU (1) 1 0.065*** 0.047*** -0.062*** -0.013*** 0.099*** 0.029*** 0.011*** -0.069*** -0.037*** 

TIEMLINESS (2) 0.041*** 1 -0.075*** 0.019*** 0.160*** -0.124*** -0.049*** -0.095*** 0.211*** 0.190*** 

ERRORa (3) 0.085*** -0.039*** 1 0.751*** -0.282*** 0.215*** 0.172*** 0.247*** -0.201*** -0.139*** 

ERRORb (4) -0.037*** 0.016*** 0.440*** 1 -0.066*** -0.010*** -0.103*** -0.015*** 0.290*** 0.188*** 

ROA (5) -0.052*** 0.098*** -0.382*** -0.086*** 1 -0.446*** -0.059*** -0.395*** 0.240*** 0.180*** 

BTM (6) 0.131*** -0.098*** 0.272*** 0.019*** -0.324*** 1 -0.054*** 0.187*** -0.384*** -0.384*** 

EVOL (7) 0.040*** -0.052*** 0.152*** -0.040*** -0.172*** 0.032*** 1 0.495*** -0.294*** -0.161*** 

LOSS (8) 0.028*** -0.066*** 0.187*** 0.010*** -0.353*** 0.210*** 0.379*** 1 -0.280*** -0.195*** 

SIZE (9) -0.061*** 0.179*** -0.174*** 0.176*** 0.254*** -0.412*** -0.255*** -0.280*** 1 0.858*** 

LITIGATION (10) -0.018*** 0.119*** -0.033*** 0.071*** 0.085*** -0.243*** -0.067*** -0.104*** 0.622*** 1 

DACC (11) 0.018*** -0.037*** -0.098*** -0.046*** 0.151*** 0.063*** 0.007* 0.045*** -0.082*** -0.113*** 

HERF (12) 0.0036 0.038*** 0.0027 -0.024*** 0.066*** 0.007* -0.036*** -0.055*** 0.019*** -0.011*** 

IVOL (13) 0.178*** -0.110*** 0.282*** -0.177*** -0.295*** 0.215*** 0.311*** 0.281*** -0.526*** -0.010*** 

MKTVOL (14) 0.609*** -0.0007 0.074*** -0.053*** -0.061*** 0.161*** 0.062*** 0.054*** -0.090*** -0.009** 

ANALYST (15) -0.032*** 0.175*** -0.087*** 0.059*** 0.136*** -0.259*** -0.082*** -0.122*** 0.645*** 0.465*** 

HORIZON (16) 0.038*** 0.198*** 0.064*** 0.181*** 0.073*** -0.062*** -0.096*** -0.076*** 0.164*** 0.099*** 

EU (1) (11) (12) (13) (14) (15) (16)     

TIEMLINESS (2) 0.028*** -0.0048 0.156*** 0.355*** -0.037*** 0.039***     

ERRORa (3) -0.063*** 0.059*** -0.122*** 0.0056 0.211*** 0.268***     

ERRORb (4) 0.012*** -0.021*** 0.211*** 0.079*** -0.136*** 0.221***     

ROA (5) -0.056*** -0.074*** -0.334*** -0.073*** 0.131*** 0.326***     

BTM (6) -0.0042 0.098*** -0.169*** -0.060*** 0.163*** 0.076***     

EVOL (7) 0.118*** 0.0006 0.128*** 0.148*** -0.292*** -0.053***     

LOSS (8) -0.009** 0.025*** 0.367*** 0.069*** -0.097*** -0.072***     

SIZE (9) 0.053*** -0.052*** 0.274*** 0.064*** -0.136*** -0.053***     

LITIGATION (10) -0.091*** -0.109*** -0.584*** -0.108*** 0.673*** 0.145***     

DACC (11) -0.105*** -0.109*** -0.266*** -0.037*** 0.662*** 0.035***     

HERF (12) 1 0.093*** 0.070*** 0.024*** -0.090*** 0.025***     

IVOL (13) 0.060*** 1 0.148*** 0.020*** 0.047*** 0.0004     

MKTVOL (14) 0.035*** -0.0017 1 0.260*** -0.233*** -0.175***     
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ANALYST (15) 0.0029 0.0021 0.212*** 1 -0.051*** -0.020***     

HORIZON (16) -0.083*** 0.070*** -0.203*** -0.028*** 1 -0.018***     

  0.013*** -0.011*** -0.164*** -0.0057 0.0043 1     

Panel C : The Price Reaction Test Sample 

  (1) (2) (3) (4) (5) (6) (7)    

EU (1) 1 0.025*** -0.015*** 0.094*** 0.010*** 0.026*** 0.0061    

CAR[0,1] (2) 0.035*** 1 0.044*** 0.009** -0.020*** -0.0007 0.010*    

CAR[2,6] (3) -0.013*** 0.021*** 1 0.041*** -0.016*** -0.016*** -0.010*    

BTM (4) 0.125*** 0.027*** 0.059*** 1 0.181*** 0.112*** 0.0011    

LOSS (5) 0.026*** -0.018*** 0.007* 0.203*** 1 0.054*** 0.033***    

DACC (6) 0.017*** 0.015*** -0.009** 0.060*** 0.045*** 1 0.013**    

PRECISION (7) -0.0191 0.0077 -0.0097 -0.0068 0.0322 0.017 1    
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Table 3 

Information Demand and Uncertainty of Investor Priors  

in Times of High Economic Uncertainty 

Panel A presents how information demand changes in times of high economic uncertainty compared 

to in times of low economic uncertainty. The proxies for information demand are the number of 

analysts (ANALYST), the number of earnings forecasts issued by analysts (NESTIMATE), the 

Google search volume for a firm (GOOGL), and the EDGAR search volume for a firm’s historical 

financial statements, 10-K and 10-Q (EDGAR). Panel B presents how the uncertainty of investor 

priors changes in times of high economic uncertainty compared to in times of low economic 

uncertainty. The proxies for the uncertainty of investor priors are market return volatility 

(MKTVOL), firm’s return volatility (FIRMVOL), firm’s cumulative returns (RETURN), firm’s 

min returns (MINRET), and the skewness of firm’s daily returns (SKEWNESS), all measured on a 

quarterly basis. Observations are classified as High (Low) if their economic uncertainty index is 

above (below) the sample median. All variables are described in the Appendix. t-statistic is in 

parentheses below the difference estimates. The significance is designated by *** at 1%, ** at 5% 

and * at 10%. 

 

Panel A : Change in information demand in times of high economic uncertainty 

Information demand 

measure 

 Economic Uncertainty  

variable Low High Difference 

ANALYST mean 6.115 6.746 0.631*** 

 #Obs 80590 80528 (18.4) 

NESTIMATE mean 11.225 13.019 1.794*** 

 #Obs 80590 80528 (21.05) 

EDGAR mean 49.113 32.224 -16.889*** 

 #Obs 26093 33537 (-16.7) 

GOOGL mean 537.671 583.529 45.857*** 

 #Obs 12655 4736 (8.35) 

Panel B : Change in the uncertainty of investor priors in times of high economic 

uncertainty 

Investor prior measure 
 Economic Uncertainty  

variable Low High Difference 

MKTVOL mean 0.876 1.242 0.365*** 

 #Obs 80590 80528 (131.35) 

FIRMVOL mean 3.129 3.434 0.305*** 

 #Obs 80590 80528 (26.75) 

RETRURN mean 0.05 0.036 -0.036*** 

 #Obs 80590 80528 (-8.05) 

MINRET mean -8.267 -8.982 -0.716*** 

 #Obs 80590 80528 (-21.75) 

SKEWNESS mean 0.277 0.27 -0.007 

 #Obs 80590 80528 (-1.2) 
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Table 4 

The Comparison of Sporadic Forecasters with Regular 

Forecasters 

This table compares sporadic forecasters to regular forecasters and reports the mean differences of 

their firm fundamentals and forecasting behavior. All variables are described in the Appendix. t-

statistic is in parentheses below the difference estimates. The significance is designated by *** at 

1%, ** at 5% and * at 10%. 

Panel A : Differences in firm fundamentals 

Variables 
 Forecaster  

variable Sporadic Regular Difference 

ROA mean -0.002 0.012 -0.014*** 

 #Obs 130313 30805 (-41.2) 

BTM mean 0.63 0.483 0.146*** 

 #Obs 130313 30805 (40.9) 

EVOL mean 0.028 0.015 0.014*** 

 #Obs 130313 30805 (55.8) 

LOSS mean 0.48 0.282 0.199*** 

 #Obs 130313 30805 (63.9) 

SIZE mean 12.906 14.754 -1.847*** 

 #Obs 130313 30805 (-151.35) 

LITIGATION mean 0.003 0.005 -0.002*** 

 #Obs 130313 30805 (-69.9) 

DACC mean 0.004 -0.007 0.010*** 

 #Obs 126720 30498 (29.35) 

HERF mean 0.066 0.07 -0.003*** 

 #Obs 130313 30805 (-8.5) 

IVOL mean 0.031 0.018 0.014*** 

 #Obs 130313 30805 (116.8) 

ANALYST mean 5.437 10.638 -5.202*** 

  #Obs 130313 30805 (-124.85) 

Panel B : Differences in forecasting behavior 

Variables 
 Forecaster  

variable Sporadic Regular Difference 

ISSUE mean 0.165 0.924 -0.760*** 

 #Obs 130313 30805 (-340) 

FREQ mean 0.233 1.54 -1.307*** 

 #Obs 130313 30805 (-307.4) 

TIMELINESS mean -3.404 -3.397 -0.007* 

 #Obs 57501 36286 (-1.6) 

ERROR mean 47.709 34.186 16.486*** 

 #Obs 55268 32017 (26.9) 

MISS mean 0.262 0.284 -0.036*** 

 #Obs 51627 20316 (-10.3) 

BEAT mean 0.152 0.202 -0.050*** 

 #Obs 51627 20316 (-16.8) 

CONFIRM mean 0.588 0.514 0.086*** 

 #Obs 51627 20316 (22) 
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Table 5 

The Comparison of Sporadic Forecasters with Regular Forecasters  

in Times of High Economic Uncertainty 
 

This table presents the differential effect of economic uncertainty on a frim depending on whether a firm is a sporadic forecaster or regular forecaster. 

HIGH_EU is an indicator variable which is set equal to 1 if the economic uncertainty index is above (below) the sample median, otherwise 0. All 

variables are described in the Appendix. t-statistic is in parentheses below the difference estimates. The significance is designated by *** at 1%, 

** at 5% and * at 10%.

Panel A :  The effect of economic uncertainty on firm fundamentals 

 (1) (2) (3) (4) (5) (6) (7) (8) 

Variables ROA BTM EVOL LOSS SIZE LITIGATION DACC HERF 

SPORADIC -0.0108*** 0.126*** 0.0133*** 0.162*** -2.105*** -0.00261*** 0.0132*** -0.00293*** 

 (0.000496) (0.00547) (0.000374) (0.00477) (0.0187) (4.71e-05) (0.000535) (0.000586) 

HIGH_EC 0.000414 0.0541*** 0.00136*** -0.0207*** -0.302*** -0.000406*** 0.00425*** 0.000666 

 (0.000592) (0.00652) (0.000446) (0.00568) (0.0223) (5.61e-05) (0.000637) (0.000698) 

SPORADIC * 

HIGH_EU 
-0.00523*** 0.0546*** 0.000921* 0.0706*** 0.466*** 0.000876*** -0.00520*** -0.000489 

 (0.000656) (0.00723) (0.000494) (0.00630) (0.0247) (6.22e-05) (0.000707) (0.000774) 

Intercept 0.0115*** 0.451*** 0.0138*** 0.294*** 14.93*** 0.00506*** -0.00941*** 0.0691*** 

 (0.000456) (0.00503) (0.000344) (0.00438) (0.0172) (4.33e-05) (0.000491) (0.000538) 

Observations 161,118 161,118 161,118 161,118 161,118 161,118 157,218 161,118 

R-squared 0.012 0.018 0.020 0.027 0.127 0.032 0.006 0.000 

Panel B :  The effect of economic uncertainty on information demand and investor priors 

 (1) (2) (3) (4) (5) (6) (7) (8) 

Variables ANALYST NESTIMATE EDGAR GOOGL RETURN MINRET SKEWNESS FIRMVOL 

SPORADIC -5.942*** -10.42*** -16.73*** -27.24*** 0.0109*** -3.162*** 0.298*** 1.440*** 

 (0.0639) (0.163) (1.170) (5.806) (0.00326) (0.0633) (0.0114) (0.0212) 

HIGH_EC -0.838*** -0.555*** -19.56*** 45.66*** -0.0149*** -1.157*** 0.0965*** 0.503*** 

 (0.0762) (0.194) (1.229) (8.391) (0.00389) (0.0755) (0.0136) (0.0252) 

SPORADIC * 

HIGH_EU 
1.347*** 2.067*** 4.865*** -0.409 0.00291 0.276*** -0.106*** -0.0488* 

  (0.0845) (0.215) (1.518) (11.08) (0.00431) (0.0837) (0.0151) (0.0280) 

Intercept 11.14*** 20.03*** 48.39*** 553.6*** 0.0409*** -5.595*** 0.0250** 1.886*** 

 (0.0588) (0.149) (0.939) (4.439) (0.00300) (0.0582) (0.0105) (0.0195) 

Observations 161,118 161,118 85,921 17,391 161,118 161,118 161,118 160,199 

R-squared 0.090 0.048 0.010 0.006 0.001 0.035 0.007 0.067 
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Table 6 

The Effect of Economic Uncertainty  

on the Issuance of Management Earnings Forecasts 
 

This table examines the effect of economic uncertainty on the issuance of management 

earnings forecast. All variables are described in the Appendix. In the S.E. Clustering row, Y 

stands for a calendar year. For the linear probability model, multi-way clustering is computed 

using reghdfe (Correia 2017). In each test, singleton observations (i.e., fixed effect groups 

with only one observation in the available sample) are dropped prior to estimation to avoid 

biasing the regression standard errors. Column (1) ~ (4) include z-statistics in brackets, while 

Column (5) ~(8) include robust t-statistics in brackets. The significance is designated by *** 

at 1%, ** at 5% and * at 10%. 

  Dependent Variable: ISSUE 

 Logit model Linear probability model 

 (1) (2) (3) (4) (5) (6) 

VARIABLES All sample 

Sporadic 

forecasters 

Regular 

forecasters All sample 

Sporadic 

forecasters 

Regular 

forecasters 

           

EU  4.1672 2.5088 -1.6635 0.4921 0.2935 -0.1726 

  [2.89]*** [1.95]* [-1.37] [5.48]*** [3.10]*** [-1.44] 

ROA 0.3394 1.0848 3.4804 0.0114 0.0315 0.4830 

 [0.71] [2.34]** [4.00]*** [0.25] [0.78] [2.81]*** 

BTM -0.0723 -0.0770 -0.3831 0.0473 0.0114 -0.0710 

 [-1.10] [-1.21] [-3.21]*** [6.91]*** [2.41]** [-3.87]*** 

EVOL -2.6151 -2.1899 -2.0563 -0.1416 -0.1586 -0.5880 

 [-4.05]*** [-3.73]*** [-1.57] [-2.39]** [-3.34]*** [-2.65]*** 

LOSS -0.1936 -0.1672 -0.4359 -0.0276 -0.0220 -0.0397 

 [-3.70]*** [-3.22]*** [-6.98]*** [-5.10]*** [-4.62]*** [-3.70]*** 

SIZE 0.2441 0.1683 -0.0702 0.0689 0.0287 -0.0352 

 [6.88]*** [5.65]*** [-1.07] [8.21]*** [4.92]*** [-1.05] 

LITIGATION -5.8638 6.2674 -2.6554 2.4533 4.6555 -0.0383 

 [-0.67] [0.84] [-0.45] [2.79]*** [4.20]*** [-0.04] 

DACC -1.1971 -0.8039 -0.0639 -0.0822 -0.0695 -0.0116 

 [-4.79]*** [-3.02]*** [-0.15] [-3.38]*** [-3.27]*** [-0.43] 

HERF -0.2724 -0.2826 -1.0413 0.3065 0.1323 -0.5207 

 [-0.64] [-0.73] [-2.98]*** [2.63]*** [1.64] [-2.17]** 

IVOL -15.9195 -1.1714 -13.5323 -0.9870 -0.2473 -1.5924 

 [-4.70]*** [-0.50] [-2.65]*** [-5.32]*** [-1.61] [-2.54]** 

MKTVOL -0.1756 0.0092 0.2932 -0.0241 -0.0036 0.0231 

 [-1.26] [0.06] [0.69] [-1.76]* [-0.32] [1.03] 

NUMANAL 0.0231 0.0092 0.0141 0.0118 0.0083 0.0019 

 [2.91]*** [1.27] [2.41]** [9.70]*** [7.67]*** [2.48]** 

Intercept -6.1942 -5.3504 4.9152    

 [-6.51]*** [-5.80]*** [5.08]***    

Observations 156,547 126,055 30,492 156,437 125,865 30,279 

Firm FE NO NO NO YES YES YES 

Industry FE NO NO NO YES YES YES 

S.E. Clustering Firm, Y Firm, Y Firm, Y Firm, Y Firm, Y Firm, Y 

R square 0.1344 0.0482 0.0364 0.465 0.261 0.138 
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Table 7 

The Effect of Economic Uncertainty   

on the Frequency of Management Earnings Forecasts 

 
This table examines the effect of economic uncertainty on the frequency of management 

earnings forecast.  All variables are described in the Appendix. Robust z-statistics are in 

brackets. The significance is designated by *** at 1%, ** at 5% and * at 10%. 

 

 

Dependent Variable: FREQ 

 Poisson model 

 (1) (2) (3) (4) 

VARIABLES All sample 

Sporadic 

forecasters 

Regular 

forecasters 

All sample with 

interaction 

          

EU  2.6164 2.1636 0.0115 0.3958 

  [46.86]*** [23.32]*** [0.23] [7.92]*** 

EU * 

SPORADIC    1.6231 

    [24.34]*** 

SPORADIC    -2.6726 

    [-58.63]*** 

ROA 0.7458 1.2659 1.2122 1.3460 

 [5.48]*** [6.66]*** [8.83]*** [11.24]*** 

BTM -0.1122 -0.0947 -0.1073 -0.0978 

 [-10.14]*** [-6.19]*** [-9.12]*** [-9.83]*** 

EVOL -2.4536 -2.1623 -0.6141 -1.6975 

 [-12.40]*** [-8.04]*** [-3.39]*** [-9.83]*** 

LOSS -0.1236 -0.1318 -0.0480 -0.0616 

 [-11.49]*** [-7.44]*** [-5.28]*** [-6.61]*** 

SIZE 0.1831 0.1490 0.0394 0.0969 

 [41.07]*** [23.59]*** [9.07]*** [24.66]*** 

LITIGATION -10.9306 4.2551 -4.8514 -4.6537 

 [-8.36]*** [2.84]*** [-5.10]*** [-4.37]*** 

DACC -0.4610 -0.3943 -0.0296 -0.2976 

 [-6.23]*** [-5.21]*** [-0.61] [-6.10]*** 

HERF 0.2993 0.1143 0.3222 0.2688 

 [4.81]*** [0.94] [6.90]*** [5.48]*** 

IVOL -11.0063 -0.3164 1.8180 -1.0050 

 [-24.02]*** [-0.72] [3.79]*** [-2.97]*** 

MKTVOL -0.1155 0.0055 0.0154 0.0123 

 [-12.59]*** [0.38] [2.20]** [1.75]* 

NUMANAL 0.0159 0.0097 0.0064 0.0087 

 [22.35]*** [7.40]*** [10.76]*** [14.53]*** 

Intercept -4.5641 -4.7886 -0.2202 -1.3063 

 [-65.44]*** [-49.08]*** [-3.22]*** [-20.55]*** 

Pseudo R2 0.1072 0.0483 0.0091 0.2319 

Observations 156,547 126,055 30,492 156,547 
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Table 8 
The Effect of Economic Uncertainty on the Issuance of  

Management Earnings Forecasts After Controlling for  

Economic Policy Uncertainty Index of Baker et al. (2016) 
 

This table examines the effect of economic uncertainty on the issuance of management 

earnings forecast, controlling for Economic Policy Uncertainty Index of Baker et al. (2016).  

All variables are described in the Appendix. Z-statistics are in brackets. The significance is 

designated by *** at 1%, ** at 5% and * at 10%. 

Dependent Variable: ISSUE 

  (1) (2) (3) (4) 

VARIABLES All sample 

Sporadic 

forecasters 

Regular 

forecasters 

All sample 

with 

interaction 

          

EU  3.9279 2.2744 -1.5385 0.6769 

  [2.93]*** [1.74]* [-1.31] [0.34] 

EU * SPORADIC    1.3189 

    [0.64] 

SPORADIC    -4.6405 

    [-3.16]*** 

EPU 0.0061 0.0030 0.0023 0.0028 

 [2.98]*** [1.36] [0.70] [1.42] 

ROA 0.6059 1.2153 3.5738 1.5038 

 [1.34] [2.81]*** [4.51]*** [3.65]*** 

BTM -0.1199 -0.0983 -0.3900 -0.1244 

 [-1.89]* [-1.57] [-3.10]*** [-2.03]** 

EVOL -2.6202 -2.2048 -1.9376 -2.0726 

 [-4.31]*** [-3.76]*** [-1.50] [-3.93]*** 

LOSS -0.2071 -0.1735 -0.4351 -0.1864 

 [-4.40]*** [-3.38]*** [-7.36]*** [-4.01]*** 

SIZE 0.2409 0.1678 -0.0753 0.1487 

 [7.10]*** [5.71]*** [-1.21] [5.02]*** 

LITIGATION -5.6767 6.4261 -2.0655 4.4199 

 [-0.64] [0.85] [-0.37] [0.59] 

DACC -1.1387 -0.7940 -0.0209 -0.6870 

 [-4.64]*** [-2.99]*** [-0.05] [-2.51]** 

HERF -0.3529 -0.3408 -1.0275 -0.4596 

 [-0.81] [-0.89] [-2.96]*** [-1.31] 

IVOL -15.5607 -1.0385 -14.7671 -2.7590 

 [-5.19]*** [-0.43] [-3.37]*** [-1.26] 

MKTVOL -0.2891 -0.0387 0.2407 0.0061 

 [-1.99]** [-0.24] [0.54] [0.04] 

NUMANAL 0.0194 0.0073 0.0134 0.0087 

 [2.60]*** [1.01] [2.61]*** [1.37] 

Intercept -6.5157 -5.4491 4.7090 -0.3267 

 [-7.25]*** [-5.96]*** [4.56]*** [-0.21] 

Observations 156,547 126,055 30,492 156,547 

Firm FE NO NO NO NO 

Year FE NO NO NO NO 
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Table 9 

The Effect of Economic Uncertainty  

on the Timeliness of Management Earnings Forecasts  
 

This table examines the effect of economic uncertainty on the timeliness of management earnings forecast. All variables are described in the 

Appendix. In the S.E. Clustering row, Q stands for a calendar quarter. Multi-way clustering is computed using reghdfe (Correia 2017). Robust 

t-statistics are suggested in brackets. The significance is designated by *** at 1%, ** at 5% and * at 10%. 

 Dependent Variable: TIMELINESS 

 (1) (2) (3) (4) (5) (6) (7) (8) 

VARIABLES All sample 

Sample of the 

first forecast 

Sporadic 

forecasters 

Regular 

forecasters All sample 

Sample of 

the first 

forecast 

Sporadic 

forecasters 

Regular 

forecasters 

                  

EU  0.2176 0.3120 0.6234 -0.0126 0.2167 0.3023 0.6093 -0.0170 

  [1.87]* [2.21]** [2.55]** [-0.12] [1.88]* [2.16]** [2.49]** [-0.16] 

ROA 0.5360 0.8547 0.4842 1.0969 0.5809 0.8661 0.5463 1.0822 

 [2.82]*** [5.88]*** [1.96]* [6.50]*** [3.89]*** [5.97]*** [2.21]** [6.43]*** 

BTM 0.0689 0.0721 0.1609 -0.0463 0.0683 0.0696 0.1623 -0.0468 

 [2.41]** [2.76]*** [3.90]*** [-1.84]* [2.59]** [2.70]*** [4.07]*** [-1.83]* 

EVOL 0.0693 -0.2493 -0.3641 -0.5267 0.0572 -0.2014 -0.2887 -0.4968 

 [0.30] [-1.35] [-1.17] [-2.74]*** [0.30] [-1.09] [-0.92] [-2.57]** 

LOSS 0.0089 -0.0028 0.0323 -0.0344 0.0059 -0.0026 0.0308 -0.0343 

 [0.89] [-0.28] [1.60] [-3.88]*** [0.73] [-0.27] [1.53] [-3.90]*** 

SIZE 0.0627 0.0278 0.0908 -0.0456 0.0449 0.0264 0.0904 -0.0456 

 [1.39] [1.92]* [4.08]*** [-3.84]*** [1.97]** [1.86]* [4.09]*** [-3.87]*** 

LITIGATION -3.3837 0.2111 -2.0126 2.2723 -2.6823 0.2035 -1.9964 2.3538 

 [-1.47] [0.15] [-1.19] [1.40] [-1.99]** [0.15] [-1.18] [1.45] 

DACC -0.3555 -0.3956 -0.3256 -0.3740 -0.3197 -0.3991 -0.3406 -0.3686 

 [-5.30]*** [-6.28]*** [-2.78]*** [-5.62]*** [-4.83]*** [-6.37]*** [-2.89]*** [-5.55]*** 

HERF 0.0597 -0.0100 0.1700 -0.3816 0.1465 0.0479 0.1579 -0.3514 

 [0.42] [-0.07] [0.56] [-2.34]** [1.18] [0.34] [0.52] [-2.25]** 

IVOL -2.3072 -1.7861 -3.0524 1.7804 -2.5069 -1.7908 -3.1152 1.7593 

 [-2.62]*** [-2.15]** [-3.68]*** [2.11]** [-3.29]*** [-2.16]** [-3.81]*** [2.07]** 

MKTVOL -0.0103 -0.0185 -0.0094 -0.0082 -0.0130 -0.0182 -0.0086 -0.0083 

 [-0.58] [-0.93] [-0.29] [-0.53] [-0.81] [-0.92] [-0.27] [-0.54] 
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NUMANAL -0.0320 0.0183 0.0155 0.0283 -0.0212 0.0203 0.0170 0.0284 

 [-1.32] [1.73]* [0.80] [3.01]*** [-1.56] [1.93]* [0.88] [3.08]*** 

Observations 88,229 68,825 26,602 42,023 88,228 68,824 26,601 42,023 

Firm FE YES YES YES YES YES YES YES YES 

Industry FE NO NO NO NO YES YES YES YES 

S.E. Clustering Firm, Q Firm, Q Firm, Q Firm, Q Firm, Q Firm, Q Firm, Q Firm, Q 

R-square 0.229 0.291 0.318 0.355 0.242 0.296 0.325 0.358 

 

Table 10 

The Effect of Economic Uncertainty  

on Forecast Errors of Management Earnings Forecasts 
  

This table examines the effect of economic uncertainty on forecast errors of management earnings forecast. ERROR (Column 1-4) is estimated 

as the absolute forecast error deflated by pre-release share price. ERROR (Column 5-8) is defined as the absolute forecast error deflated by 

idiosyncratic volatility for a firm during the current quarter. Column (5)-(8) include FIRMVOL in the previous quarter as a control variable, 

instead of IVOL. All variables are described in the Appendix. In the S.E. Clustering row, Q stands for calendar quarter. Multi-way clustering 

is computed using reghdfe (Correia 2017). Robust t-statistics are suggested in brackets. The significance is designated by *** at 1%, ** at 5% 

and * at 10%. 

 Dependent variable = 

 ERROR (scaled by price)  ERROR (scaled by IVOL) 

 (1) (2) (3) (4) (5) (6) (7) (8) 

VARIABLES All sample 

Sample of 

the first 

forecast 

Sporadic 

forecasters 

Regular 

forecasters All sample 

Sample of 

the first 

forecast 

Sporadic 

forecasters 

Regular 

forecasters 

                  

EU  0.0312 0.0451 0.0157 0.0227 -31.8189 -27.9949 -36.3162 -31.0066 

  [1.77]* [1.94]* [0.67] [1.81]* [-3.22]*** [-2.77]*** [-3.35]*** [-2.75]*** 

ROA -0.9522 -0.9231 -0.7834 -1.0545 -455.6765 -435.5211 -255.0731 -583.5751 

 [-5.89]*** [-5.95]*** [-9.40]*** [-5.33]*** [-13.12]*** [-13.21]*** [-9.99]*** [-12.09]*** 

BTM 0.0630 0.0467 0.0698 0.0676 20.4594 20.2354 15.9166 26.1147 

 [7.44]*** [4.94]*** [6.97]*** [5.85]*** [5.83]*** [6.09]*** [4.46]*** [4.58]*** 

EVOL 0.0670 -0.0292 0.0445 0.0194 10.1283 16.5509 18.0719 18.8585 

 [1.73]* [-0.89] [0.86] [0.24] [0.36] [0.61] [0.73] [0.42] 

LOSS 0.0018 -0.0063 -0.0008 0.0036 6.0069 6.3138 -2.5796 11.5953 
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 [1.21] [-3.60]*** [-0.39] [1.92]* [2.91]*** [3.25]*** [-1.60] [4.34]*** 

SIZE 0.0066 0.0088 0.0011 0.0088 17.2329 15.5342 12.7054 20.2183 

 [2.21]** [2.35]** [0.40] [1.87]* [7.69]*** [7.43]*** [6.43]*** [6.36]*** 

LITIGATION -0.5813 -0.9922 -0.5248 -0.7306 -1,079.8494 -1,069.8142 -740.4605 -1,495.6929 

 [-2.22]** [-2.02]** [-2.86]*** [-1.21] [-7.28]*** [-6.99]*** [-5.73]*** [-6.30]*** 

DACC -0.1188 -0.1848 -0.1564 -0.1031 -32.3254 -33.6069 -32.1864 -25.8530 

 [-3.47]*** [-3.72]*** [-4.86]*** [-2.75]*** [-3.12]*** [-3.46]*** [-3.57]*** [-1.97]** 

HERF 0.0099 -0.0048 0.0058 -0.0223 -18.3809 -16.3253 11.5557 -34.1873 

 [0.44] [-0.26] [0.12] [-0.75] [-0.85] [-0.81] [0.56] [-1.14] 

IVOL 1.4164 1.1198 1.1011 1.8368 -1.4165 -1.2832 -0.6457 -1.1229 

(LAGFIRMVOL) [4.55]*** [3.19]*** [6.21]*** [3.77]*** [-2.76]*** [-2.78]*** [-1.88]* [-1.38] 

MKTVOL -0.0040 -0.0046 -0.0048 -0.0037 -1.3844 -1.9462 -1.8698 -1.7187 

 [-2.36]** [-2.08]** [-2.34]** [-2.67]*** [-1.03] [-1.32] [-1.37] [-1.04] 

NUMANAL 0.0026 -0.0010 0.0043 0.0015 2.3998 3.0649 1.2257 3.8972 

 [2.18]** [-0.89] [2.01]** [0.86] [1.82]* [2.57]** [0.95] [2.28]** 

HORIZON 0.0108 0.0045 0.0132 0.0118 14.1412 15.6253 10.6084 20.3848 

 [13.57]*** [6.03]*** [14.63]*** [9.86]*** [17.86]*** [16.61]*** [17.71]*** [15.29]*** 

Observations 82,391 26,885 23,386 40,684 82,886 64,667 23,504 40,939 

R-squared 0.5600 0.5676 0.6492 0.5439 0.4342 0.4389 0.6038 0.4416 

Firm FE YES YES YES YES YES YES YES YES 

Industry' FE YES YES YES YES YES YES YES YES 

S.E. Clustering Firm, Q Firm, Q Firm, Q Firm, Q Firm, Q Firm, Q Firm, Q Firm, Q 
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Table 11 

The Effect of Economic Uncertainty  

on the Price Reaction to Forecast News 

This table examines the effect of economic uncertainty on the price reaction to forecast news 

of management earnings forecast. Robust t-statistics are suggested in brackets. The 

significance is designated by *** at 1%, ** at 5% and * at 10%. 

 Dependent Variable: CAR[0,1] 

 (1) (2) (3) (4) (5) 

VARIABLES All sample 

Sporadic 

forecasters 

Regular 

forecasters 

Low 

IVOL High IVOL 

            

NEWS 1.9683 1.2381 2.3096 -2.1421 2.8132 

 [1.50] [0.74] [1.14] [-0.85] [1.26] 

NEWS * EU 5.1687 4.4798 5.5130 4.8579 6.4812 

  [4.48]*** [2.82]*** [3.39]*** [1.91]* [2.98]*** 

EU 0.1362 0.3028 0.0829 -0.0619 0.3484 

 [1.02] [1.18] [0.49] [-0.35] [0.56] 

BTM 0.0134 0.0180 0.0107 0.0018 0.0258 

 [7.99]*** [5.76]*** [5.13]*** [0.97] [4.92]*** 

LOSS -0.0005 -0.0034 0.0014 0.0007 0.0011 

 [-0.47] [-1.54] [1.08] [0.68] [0.25] 

DACC -0.0093 -0.0279 -0.0050 0.0099 -0.0006 

 [-0.87] [-1.27] [-0.41] [1.03] [-0.02] 

PRECISION 0.0003 -0.0020 0.0023 -0.0023 -0.0008 

 [0.22] [-0.77] [1.42] [-1.88]* [-0.13] 

NEWS_SQ -41.3892 -34.2417 -44.1326 -36.1397 -45.6847 

 [-18.97]*** [-12.04]*** [-13.54]*** [-5.02]*** [-12.03]*** 

NEWS * BTM -0.2422 0.0133 -0.4600 -0.5185 -0.0838 

 [-1.47] [0.08] [-1.74]* [-1.52] [-0.34] 

NEWS * BTM -0.4237 -0.5284 -0.3829 -0.3628 -1.3627 

 [-2.67]*** [-2.26]** [-1.68]* [-1.57] [-3.90]*** 

NEWS * DACC -3.2370 -3.6131 -2.7318 -0.6734 -3.3298 

 [-2.99]*** [-2.93]*** [-1.39] [-0.18] [-2.07]** 

NEWS * PRECISION -0.5284 -0.2810 -0.6304 -0.0086 -0.7788 

 [-1.98]** [-1.04] [-1.40] [-0.02] [-1.64] 

Intercept -0.0942 -0.2010 -0.0631 0.0492 -0.2452 

 [-1.05] [-1.18] [-0.55] [0.41] [-0.58] 

Observations 54,583 16,047 38,536 11,035 10,327 

Announcement Day FE YES YES YES YES YES 

S.E. Clustering Firm-year Firm-year Firm-year Firm-year Firm-year 

R-square 0.2100 0.3445 0.2295 0.400 0.422 
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Table 12 

The Effect of Economic Uncertainty  

on the Drift in Returns to Forecast News  

This table examines the effect of economic uncertainty on the drift in returns to forecast news 

of management earnings forecast. Robust t-statistics are suggested in brackets. The 

significance is designated by *** at 1%, ** at 5% and * at 10%. 

 

 Dependent Variable: CAR[2,6] 

 (1) (2) (3) (4) (5) 

VARIABLES All sample 

Sporadic 

forecasters 

Regular 

forecasters 

Low 

IVOL 

High 

IVOL 

      

NEWS 0.3564 -0.8406 0.7935 -5.9762 1.8607 

 [0.32] [-0.43] [0.65] [-2.85]*** [1.42] 

NEWS * EU -0.4239 1.0041 -0.6905 5.6388 -1.9731 

  [-0.39] [0.54] [-0.54] [2.76]*** [-1.48] 

EU 0.2107 -0.0283 0.2725 0.2100 1.0883 

 [1.94]* [-0.17] [1.90]* [0.97] [1.97]** 

BTM 0.0119 0.0119 0.0121 0.0049 0.0208 

 [9.58]*** [4.86]*** [7.89]*** [3.07]*** [6.23]*** 

LOSS -0.0009 0.0026 -0.0024 -0.0009 -0.0004 

 [-1.22] [1.58] [-2.84]*** [-0.97] [-0.17] 

DACC -0.0238 -0.0101 -0.0349 -0.0196 -0.0276 

 [-3.29]*** [-0.63] [-4.38]*** [-2.24]** [-1.20] 

PRECISION -0.0006 -0.0013 -0.0006 -0.0004 -0.0070 

 [-0.74] [-0.75] [-0.62] [-0.37] [-2.09]** 

ERROR -0.0000 0.0000 -0.0000 0.0000 -0.0000 

 [-0.65] [1.19] [-0.97] [0.38] [-1.90]* 

NEWS * BTM -0.1521 -0.2781 -0.0770 0.3406 -0.1078 

 [-1.39] [-1.78]* [-0.46] [1.04] [-0.78] 

NEWS * BTM 0.0614 0.1185 -0.0510 0.0854 -0.0217 

 [0.60] [0.72] [-0.37] [0.43] [-0.13] 

NEWS * DACC 1.5775 3.7217 -0.4450 2.8817 2.5297 

 [1.02] [1.23] [-0.37] [1.02] [1.67]* 

NEWS * PRECISION 0.0795 0.0912 -0.0143 0.2706 0.0987 

 [0.58] [0.42] [-0.08] [1.03] [0.53] 

NEWS * ERROR -0.0002 -0.0008 0.0000 -0.0001 -0.0005 

 [-1.21] [-1.86]* [0.05] [-0.73] [-0.61] 

Intercept -0.1441 0.0158 -0.1853 -0.1412 -0.7139 

 [-1.98]** [0.15] [-1.93]* [-0.97] [-1.94]* 

Observations 53,444 15,621 37,823 10,819 10,156 

Announcement Day FE YES YES YES YES YES 

S.E. Clustering Firm-year Firm-year Firm-year Firm-year Firm-year 

R-square 0.137 0.265 0.165 0.379 0.414 
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Table 13 

The Effect of Economic Uncertainty  

on the Price Reactions to Earnings Surprises 

This table examines the effect of economic uncertainty on the price reactions to earnings 

surprises on the earnings announcement date. The sample consists of firms that issue 

management earnings forecasts during the current quarter. CAR[-1,1] is cumulative market-

adjusted stock returns over the two-day window around the earnings announcement date [-1, 

1]. Robust t-statistics are suggested in brackets. The significance is designated by *** at 1%, 

** at 5% and * at 10%. 

 

 Dependent Variable: CAR[-1,1] 

  (1) (2) (3) (4) 

VARIABLES 

All 

sample 

All sample 

controlling 

for 

ERROR 

Sporadic 

forecasters 

Regular 

forecasters 

          

EU  -157.8800 -161.9159 4.9491 -152.2339 

 [-0.93] [-0.91] [3.27]*** [-0.86] 

SURPRISE * EU -13.3254 -22.2738 -7.0339 -40.7302 

 [-2.32]** [-1.79] [-1.17] [-2.21]* 

SURPRISE 10.6404 15.8160 7.4959 27.0941 

 [2.42]** [1.97]* [1.40] [2.34]** 

ERROR  3.5264 -0.1335 4.2753 

  [0.83] [-0.26] [0.84] 

SURPRISE * 

ERROR  5.8788 -0.9170 11.8853 

  [1.29] [-0.94] [1.61] 

     

Observations 26,668 25,483 4,553 20,499 

R-squared 0.1257 0.1258 0.2427 0.1475 

Fixed Effects Earnings announcement day 

Double Clustering YEAR & FIRM 

R-square 0.126 0.126 0.243 0.148 
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국문초록 

경제적 불확실성과  

경영자 이익예측 

최  소  연 

경영학과 회계학전공 

서울대학교 대학원 

 

경제가 불확실할수록, 경영자들은 그들이 가지고 있는 미래 이익에 대한 

사적 정보를 투자자에게 전달함으로써, 투자자의 불확실성을 줄일 수 있

다. 하지만, 경영자들의 입장에서는, 그러한 소통에 수반되는 이득과 비

용이 동시에 증가할 수 있기 때문에, 경제가 불확실할 때 경영자들이 어

떠한 행동을 보일지 실증적으로 명확하지 않다. 이 논문은 Jurado et al. 

(2015)의 경제적 불확실성 지표를 이용하여, 경제가 불확실할 때, 경영

자가 투자자들의 정보 수요에 어떻게 대응하는지를 연구한다. 이 논문은 

경제적 불확실성이 증가할 때, 경영자는 실제로 더 많은 이익예측치를 

투자자들에게 제공하고, 이 이익예측치는 더 적시에 공시되며, 경제적 

불확실성과 비교했을 때 더 정확함을 보였다. 이러한 공시에 주가는 더 

강하게 반응하며, 주가 잔류현상은 나타나지 않는다. 또한, 산발적으로 

예측하는 기업일수록 이러한 변화는 더 현저하게 나타난다. 산발적으로 

예측하는 기업은 약한 정보 환경을 가지고 있고, 이는 투자자들의 정보 

수요를 더 증가시킴으로써 기업의 대응을 촉구하기 때문이다. 전반적으

로, 이 논문은 경제가 불확실할 때 경영자들이 투자자에게 가치 있는 정

보를 제공하려는 일관된 경향을 가지고 있음을 보였다.  

주요어: 경제적 불확실성, 경영자 이익예측, 정보 수요, 고유 변동성 

학  번: 2017-22306 
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