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Abstract

Text Image Data Augmentation

via Generative Adversarial Nets

Kyungmo Ha
Department of Computer Science and Engineering
College of Engineering

The Graduate School

Seoul National University

Numerous data of various qualities are required to train most of deep
learning models, and model for optical character recognition is one of
them. However, it costs a lot to obtain these data. So, data
augmentation is attempted to overcome this problem. Unfortunately,
only some Iimited augmented techniques are available due to the
characteristics of optical character recognition. Even worse, these
techniques have limitations in obtaining data of various qualities. In
this paper, we proposed to 1i1mprove these limitations by data
augmentation using Generative Adversarial Nets(GAN) with Dual
Path Networks(DPN) and compared with existing methods how much
the proposed method actually affects recognition performance. As a

result of the study, trained GAN with DPN can transforms images in
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various ways compared with the existing augmentation. And
accordingly, the performance of the character recognition model was
also 1mproved. Moreover, there was significant improvement in
performance when conventional and proposed data augmentation are
applied together. By these, we confirmed that data augmentation

through GAN 1is effective in optical character recognition.

keywords : text image data augmentation, generative adversarial
nets, dual path networks, optical character recognition, computer
vision

Student Number : 2020-27787
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