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A Study on Multi-Dimensional Entity Clustering

Using the Objective Function of Centroids

Chul Rhee* - Sukho Kang*

Abstract

A mathematical definition of the cluster is suggested. A nonlinear {-1 integer
programming formulation for the multi-dimensional entity clustering problem is
developed. A heuristic method namd MDEC (Multi-Dimensional Entity Clustering)
using centroids and the binary partition is developed and the numerical examples
are shown. This method has an advantage of providing bottle-neck entity

informations.
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