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Event type Agree Neutral Disagres Chi sguare P value Decision Hy (2 = 5 %)
Short text 96 36 15 721224 <2 2e=16 Reject

Long text 33 52 62 8.8571 001193 Reject
Comment on profile information 24 65 58 19,6327 5.455e-05 Reject
Comment on status 55 58 33 76575 0.02174 Reject
Comment on media B0 44 23 EER D ER 4.312e~08 Reject
Comment on relationship status 44 48 55 1.2653 0.5312 Do not reject
Like status 39 33 53 3am 0.212 Do not reject
Like media 55 51 41 21224 0.346 Do not reject
Sham status 46 55 46 1.102 0.5764 Do not reject
Shame media 68 43 36 11.551 0.003103 Reject

Tag friends on status 57 6l 28 13,3288 0.001276 Reject

Tag friends on media 73 51 23 25.6327 271606 Reject

% 3. Content 7Fel 18] 2] Z} oJHIE E}le] digk F-9 %
7% (Significance Test) 23}.

Event type belongs to the Content category?
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v
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Event type belongs to the Connection category?

Yes

No

Event type belongs to the Link category?
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Abstract

A notification list is a common component in many Social Network
Services (SNS) such as Facebook. Notifications are usually sorted
by their arrival time, so that users can navigate the most recent
notification first. However, this can limit the navigation process with
a possibility of missing interesting notifications. Indeed, our survey
revealed that wusers have various criteria in judging the
interestingness of a notification in addition to its arrival time, such
as 1ts event type, sender, and content. We propose a new
notification list for Facebook that predicts the interestingness of
notifications and shows them in an interestingness order. For
prediction, we collected 1,988 notification and interestingness pairs
from 23 users and built a two—layer neural network. Our prediction
network showed a Spearman’s rank correlation coefficient of 0.679
and the coefficient of determination value of 0.453 that suggests
moderate to high correlation. Finally, we compared our list with a
conventional chronologically sorted list. Our user study revealed
that users could find significantly more interesting notifications with

our list than with a previous one as well as preferring ours.

Keywords : Social Network Services, notification, predictive model,

linear regression, neural network

Student Number : 2017—24950
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