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Table 21, i

Table2-1 Characteristics of SNU DB

Category Contents
Storage size >540TB
Pressure timeignal .bin, .dat
Movies .mKkv, .wmv,.mp4, .mov
Data type
Pictures Jjpg, .png, .eps, .tiff bmp
Documents .docx, .xIsx, .xIsm,pdf, .txt
Purpose Research purpose, industrial design
Model dimension 2D, 3D
Model shapes Rectangularpctagonal, cylindrical

Regular sinusoidakingle impact,
Simulations irregularwaveinduced motion ir8BDoF,
irregular waveinduced motion in 6DF

Internal structures Empty, pump tower, floating blanket, internal membe

Liquid Purewater, water with fluorescent
Gas Ambientair, mixture of SF6 and N2, SF6

Movies Front view, diagonal view

Platform Small-size, midsize, largesize platforms
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Fig. 22 i
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Fig. 2-2 Storage shares dbeoul National Wiversity sloshing model test
Databas€SNU DB).
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Fig. 2-3 Stewart type motion platfm (argesize 10-ton capacity).

Table2-2 Performance o6DoF motion platfornflargesize, 16ton capacity).

Displacement Velocity Acceleration
Surge -14401440 mm 2000 mm/s 0.99
Sway -1380/1380 mm 1800mm/s 0.99
Heave -840840 mm 1100 mm/s 0.99
Roll -33.0/33.@ 45.0¢/s 25Qg/s?
Pitch -33.033.0¢ 49.0¢/s 25Qg/s?
Yaw -33.033.0¢ 74.0c/s 250/
Max. payload 10,000 kgf
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Fig. 2-4 Stewart type motion platforifmid-size, 5ton capacity)

Table2-3 Performance o6DoF motion platforn{mid-size, 5ton capacity)

Displacement Velocity Acceleration
Surge -1080/1030mm 2000 mm/s 0.69
Sway -980'980 mm 1900 mm/s 0.69
Heave -540540 mm 1000 mm/s 0.69
Roll -35.0/35.0 83.0/s 200/¢?
Pitch -35.037.0 830 [/ s 200/s?
Yaw -65.065.0 170.0/s 300/s?
Max. payload 5,000 kgf
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Fig. 2-6 Examples of model tank with internalembers made by stainless

steel: STX independent-Bpe tank model (left) and pump tower structure of
SHI LNGC cargo hold model (right).
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2.24d

o d

(dynamic pressure sensar)

(Kistler Group 211B5 . 211B5

(Integrated Circuit PiezoelectridCP)

6.89 bar , d 5v
F 5.54 mm .
Table2-4 i

Table2-4 Sensor specificatiofprovided by Kistler Group).

Sensor Spedfication Value
Pressure Range (psi) 100
Maximum Pressure without damage (psi) 500
Sensitivity nom (mV/psi) 50
Threshold (psi 4 0.001
Amplitude Nonlinearity zero based BFSL (+%FSC 1
Resonant Frequency nom (kHz) 300
Low Frequency Responsg% Point (Hz) 0.025
High Frequency Response +5% Point (kHz) 50
Temperature Range ( -6572
Bias nom. (VDC) 11
Il mpedance max. ( 100
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Fig. 2-8 Examples of sensor and cable installation

Fig. 29 8o
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(a) Schematic drawing and faces of octagonal model tank

(b) Sensor panels and locations

Fig. 2-9 Model tank and sensor panel configuration
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