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This dissertation is composed of three different themes of happiness economics. 

First of all, happiness economics is the field of study, which has been started by 

Richard A. Easterlin in 1974. It analyzes the relationship between the individual 

subjective well-being and economic variables such as income or investigates 

happiness determinants using economic tools. The theme of each paper is chosen 

since I think it plays an important role in happiness, while it has not been dealt 

with much in happiness economics so far.  

     The first chapter examines the impact of health information on satisfaction 

of life using medical checkup status data. This study uses two methodologies, 

individual fixed effects and propensity score matching, to control the endogeneity 

problem that can exist between the checkup and happiness. This study has shown 

that individuals, on average, show higher life satisfaction when they have a 

medical checkup. Moreover, if the examination is conducted randomly, the 
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positive effect of checkups gets bigger by eliminating the within under selection. 

To explicate the possible channel that links checkup and happiness, this paper 

suggests one hypothesis, uncertainty. The results are reporting that the impact of 

health screening increases as the uncertainty level of the group goes up. Therefore, 

we could infer that medical checkups could enhance life satisfaction by alleviating 

health-related uncertainty. 

      The object of the second paper is to explain the happiness gap between 

conservatives and liberals by using macroeconomic variables. According to the 

results, the people who declare themselves as right-wingers are reporting a higher 

happiness level than the people on the left, even after controlling the effects of all 

the other factors. To explicate this disparity of happiness, this paper proposes two 

hypotheses. First is that the left-wingers are unhappier since they are relatively 

more hurt by income inequality. Second, right-wingers are happier since they feel 

greater pleasure through economic growth. While both economic factors are 

related to the happiness gap as the hypotheses predict, inequality plays a more 

central role in the disparity. It is, therefore, mainly income inequality that could 

explain the difference in happiness between the right and left-wingers. 

       The last paper is about parental happiness's impact on a child’s life 

satisfaction. Specifically, the study focuses on the impact of parents’ average well-

being in the past since the goal of the study is to examine how long it lasts in a 

child’s life. The results show that parental happiness could have an impact on a 

child at most 16 years, even after controlling parents’ current life satisfaction. This 

may imply that people who lived with happier parents are more likely to be happier 

in the future. Furthermore, to test whether the impact would differ by both parent 

and children’s gender, heterogeneity analysis has been conducted. It is reported 

that the impact of mother and father is almost similar and there is no difference 

between daughter and son. This study provides two possible channels that could 
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explain this constantly remaining parent’s impact, based on precedent studies. 

First is genetic factors that can be inherited, and second is behavioral factors. 

There is a lot of literature devoted to these two determinants showing the 

possibility that parental happiness could linger on a child’s life. 
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Introduction  

 
Utility is an indispensable concept in economics since one of the major concern in 

microeconomics is the utility maximization. In theoretical economics, however, 

utility is a mathematical function defined by rationality without substantiality. To 

bringing out this conceptual notion into a real world, happiness economics 

measures personal utility by asking questions like “are you happy? Choose one 

among four categories from not at all happy to very happy.”  

 The purpose of happiness economics is to observe the trend of well-being 

and identify the impact of various determinants or government policies on 

individual satisfaction levels. The research that begins the happiness economics is 

Richard A. Easterlin’s paper in 1974, “Does economic growth improve the human 

lot? Some empirical evidence.” Since then, economists started to step into 

happiness economics studying the relationship between income level and well-

being of life. Currently, people are more focusing on the impact of socio-economic 

factors or policies on happiness. 
However, there have been many doubts and critics concerning the validity 

of this happiness data since it is mainly based on the subjective evaluation which 

may contain biases. To show the credibility of the data, there had been many 

studies and exercises in psychology, testing correlation between happiness 

response and internal happiness which is measured by brain activity, blood 

pressure, or movement of face muscle (Alesina, Di Tella and MacCulloch, 2004; 

Blanchflower and Oswald, 2004; Di Tella and MacCulloch, 2005; Di Tella and 

MacCulloch, 2006). Results are showing that this happiness data is highly 

correlated with true status of happiness.  

 Nevertheless, there still exists controversy on happiness data and its 
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analysis. Therefore, throughout the dissertation, I try to interpret the results as 

carefully as possible. In this paper, I use both happiness and life satisfaction data 

as a measure of subjective well-being, following precedent literatures. Moreover, 

papers mainly use ordinary least squares model, instead of ordered logit or ordered 

probit, since interpretation of coefficients is easier and more comparable.  

This dissertation investigates the determinants of happiness in three 

different perspectives: health information, political preference, and family 

background. Since physical health and health perception are already well-known 

factors of life satisfaction, the first paper tried to focus on the impact of health 

information on subjective well-being by using checkup status data. Moreover, I 

would like to see how the preference system affects happiness given identical 

conditions. In this regard, political orientation is chosen since it is one kind of 

personal preference and it is highly related to macroeconomic status. Lastly, I want 

to test how environmental background, such as parent’s happiness, would act on 

their child’s life in the long run. 

Therefore, the thesis is composed of three different studies on happiness 

economics. The first study examines the impact of medical checkups on the 

satisfaction of life by using individual fixed effects model and propensity score 

matching methods to control the endogeneity problem inherent in the relationship 

between health screening and happiness. Both methodologies are reporting that 

people are more likely to be happier when they get health screening. Further, this 

paper explains a possible channel as the uncertainty of health by showing the 

impact of checkup is getting bigger as the uncertainty gets higher. This paper is 

based on Korea Welfare Panel Study data, containing both happiness and yearly 

checkup status.  

The second paper explores macroeconomic variables, for example, 

income inequality and economic growth, to explain the happiness difference 
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between right and left-wingers. This research shows that right-oriented people are 

more likely to be happier than people on the left since they are relatively less 

affected by social inequality which hurts the happiness of left-wingers a lot. The 

paper used World Value Survey data and the political preference is defined as the 

subjective declaration. This study reveals that inequality is a crucial determinant 

of happiness since it affects life satisfaction of people, not only by itself but also 

by the preference over political parties. 

The final paper investigates the role of a parent’s happiness on their 

child’s future life. This study fixes parental happiness during the period between 

1998 to 2000 and examines its effect on a child’s happiness in the long run. Results 

show that parent’s happiness lingers on a child’s life for a long time, about 16 years 

and its effect stays significant even after controlling parent’s happiness in the 

current time. It reveals that family background such as parental happiness status 

can be an important component of our life satisfaction. 

Each paper expands the related literature through its expected 

contributions. The first chapter examines the effectiveness of checkups in a 

happiness perspective while precedent studies are mostly focused on the health 

outcome or its cost perspective. Further, unique test set is used to reveal possible 

channels. The second paper explicates the reason for the happiness gap between 

conservatives and liberals economically as a different perception of inequality and 

GDP growth. Considering that most of the researches that tried to verify the factor 

of satisfaction difference between the two is in the psychology sector, second 

paper extends the academic field of the study. The last paper tries to approach 

intergenerational mobility from a happiness perspective.   
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Chapter Ⅰ 

Medical Checkup Impact on Satisfaction of Life 

 

 
1. Introduction  

 

Health checkup is a medical practice that increases health-related information only, 

since checkup itself does not affect health unless results of screening lead to 

treatments. The relationship between checkup and life satisfaction, therefore, can 

be transposed as provision of information and utility. Hence, this paper attempts 

to see the impact of health information on utility, based on medical checkup 

records and life satisfaction information in Korea Welfare Panel Study data. If this 

study shows that enforcement of health examination can change utility level of 

individuals, this will be a major finding and meaningful to understand the path.  

  Dahlberg et al. (2016) also analyzed the effect of health screening on 

well-being, but they estimate the impact based on checkup results, pre-determined 

levels of measured aorta size. This paper, however, focuses only on the fact that 

whether individuals had medical screening or not, regardless of the results of 

checkup. This study examines the effect of health information provision itself on 

utility, not the contents of it.  

Before introduce the health examination system in Korea, we need to 

understand National Health Insurance Service (NHIS) system first. All Korean 

citizens are obliged to sign up NHI when certain legal requirements are met and 

there are three types of subscription, employment licensed workers, dependents of 

workers and local members. In case of employment licensed workers, screening 

is mandatory by the law and it must be done once every two years for office 
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workers and once every year for non-office workers. For dependents and local 

members who are aged 20 or older, health checkup is free for once every two years 

and this is not mandatory. Until 2018, however, free screening was limited to aged 

40 or over for dependents and local household members. Therefore, independent 

adults who are not employed, employed without NHI or self-employed were in the 

‘blind spot of health examination.’ Since data period is from 2005 to 2017, there 

are a lot of respondents who did not have a chance to get free checkups. Moreover, 

even if health examination is offered for free by the nation, it still depends on 

individuals’ choice to have checkup.  

Therefore, for people who are not under an obligation to receive general 

health screening, health examination is perfectly a personal choice.  This study, 

therefore, used individual Fixed Effects (FE) model and Propensity Score 

Matching (PSM) to capture the effect of this endogenous choice. Individual FE 

model can estimate the effect of screening within the individual. If, however, the 

person is not a worker member of NHI, there may be bias within individual. In 

other words, if the propensity of having checkup differs by time within individual, 

this may overestimate or underestimate the effect of checkup on happiness. PSM 

can resolve this kind of problem since it compares happiness of two people having 

almost same characteristics and propensity to have checkup except actual checkup 

status. Nevertheless, the reason of using two methods is that while pure-impact of 

checkup can be estimated by PSM, in real life, individual FE model is more precise 

since health screening is not randomly given.  

 Final results report that having checkup improves personal utility, but the 

size of the impact varies by the estimation model. The coefficient of checkup 

binary variable was 0.023 in individual FE and 0.088 in PSM. This implies that 

there exists under selection bias within individual which means people are more 

likely to check their body when their happiness status is lower than usual, for 
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example feeling sick. Therefore, while checkup can increase life satisfaction by 

0.088, due to the lower selection bias within individual, the effect is reduced to 

0.023.  

 Then what is the mechanism that makes people happier by having 

checkup? This study suggests hypothesis that checkup may improve utility level 

by reducing health-related uncertainty. Regardless of screening results, examinees 

can alleviate uncertainties regarding their health by receiving information. To 

check the hypothesis, compare the checkup impact by different uncertainty level 

based on past checkup record. The results indicate that as the uncertainty grows, 

both size and significance of the impact increases. Therefore, this study shows that 

medical screening could enhance life satisfaction by mitigate health uncertainty.  

 This study has three expected contributions. First, this paper analyzes the 

impact of medical checkup in happiness domain. Most of economic literatures 

evaluate the utility of checkup by health outcomes or its cost-effectiveness using 

checkup results. However, this study presented a new perspective by assessing the 

effectiveness of receiving health checkups in terms of promoting people's 

happiness. Second, by using two different analysis methods, individual FE and 

PSM, the study could verify selection biases within and between individuals and 

could compare the pure and real-life impact of checkup. Third, suggest a possible 

channel that could explain the checkup impact on happiness by using uncertainty 

level setting. It has originality that has not been used in any other studies.  

 The remainder of the paper is organized as follows. Section 2 summarizes 

the literatures on checkup. Section 3 describes the data and variables and Section 

4 presents the empirical framework such as individual FE and PSM. Section 5 

shows the result of checkup impact and in Section 6 mechanism hypothesis and 

its verification are presented. Section 7 concludes.  
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2. Literature Review 
 

In economics, the effectiveness of checkup has been evaluated mostly in health 

outcome or cost perspectives. Hackl et al. (2015) shows that health screening is 

not cost-effective based on matched patient-general practitioner (GP) panel data 

from Austria. Every Austrian adult can undergo an annual health screening for free 

if offered by his/her GP. They used regional variation as an instrument variable to 

control selection. According to the results, while screening participation increases 

both inpatient and outpatient health-care cost up to 2 years, there was no 

significant effect on health status at any point in time.  

Moreover, Kim et al. (2019) reports that information from checkup itself 

has limited impact on disease risk. They used Korea’s National Health Screening 

Program data by applying a discontinuity estimation model for different biomarker 

thresholds of diabetes, obesity and hyperlipidemia. When information of risk 

classification is alone given, there was limited changes of health behaviors and 

future health outcomes. However, if information is combined with active 

prompting for a secondary examination, significant behavioral response such as 

loss weight is found.  

 Iizuka et al. (2017) also asserts that preventive health care is not worth the 

cost based on Japanese mandatory health screening system. They also used a 

regression discontinuity model exploiting the fact that screening results just below 

and above a threshold is random. By comparing the people just below and above 

a threshold, they can estimate the effect of preventive care since additional medical 

care is provided for people above the threshold. They find that only people on the 

borderline for diabetes response to given health information by increasing medical 

care utilization but still neither physical measure nor predicted risks of mortality 

have been improved.  
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In Korea, there are Korea’s National Cancer Screening Program, 

providing free stomach and breast cancer screening for people who earn income 

below a certain cutoff. Kim and Lee (2017) estimated the effect of this free cancer 

screening by comparing people just below and above the cutoff and explain why 

public intervention has been unable to reduce cancer mortality. They find that free 

public cancer screening substantially increases the cancer screening but it is 

quickly crowded out by a decrease in other cancer detection channels such as 

diagnostic testing or private screening. Moreover, selection problem makes health 

outcome minimal since compliers are much less likely to have cancer relative to 

never takers. 

 There are, however, other literatures asserting that provision of 

information induces positive responses. For example, Wisdom et al. (2010) tests 

the effects of providing calorie information and alternative approach that makes 

ordering healthier choice easier. The results show that calorie information makes 

people reducing their calorie intake. Providing daily calorie target also work as 

well, even it works only for non-overweight people. While convenient choice also 

reduces sandwich calorie intake, there was no effect on total calories when the 

intervention is mild.    

Moreover, Zhao et al. (2013), based on Chinese longitudinal data, clearly 

showed that health information could change recipient’s lifestyle in a healthier 

way by changing their food consumption. They run a discontinuity regression 

using cutoff of systolic blood pressure in the diagnosis of hypertension. The study 

reports that people who receive negative information regarding their health such 

as hypertension diagnosis, adjust their diet in a healthier direction by reducing fat 

intake. Interestingly, the effect is stronger for richer people; if recipients are rich 

and have low education level, diagnosis impact is more effective.  

Lastly, David et al. (2019) tests insurer-driven intervention impact on 
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health outcome. Based on commercial insurer’s member-level health care 

utilization risk score, they set an arbitrary cutoff point and provide extra care for 

people just above the cutoff. While the intervention directed at high-risk 

individuals cannot reduce their hospitalization, it decreases emergency room and 

specialist visit of treated members.  

As such, most of literatures are interested in examinees health outcome 

and behaviors based on their checkup results. They compared the people around 

the cutoff point which has been exogenously or randomly set, to see how the 

information and extra care difference around the cut point can be led to outcome 

differences. However, the effect varies depending on the measure of outcome, 

information recipients, provision method and timing of outcome. 

 

 

3. Data and Variable Descriptions 
 

This study uses the Korea Welfare Panel Study (KOWEPS) dataset, widely used 

for economics, sociology and other studies related to welfare in Korea. This is the 

second largest annual panel dataset among household panel surveys conducted in 

Korea. It started from 7,072 households in 2005 and retaining 4,266 original 

sample until 2017. 1,800 households are added in 2012 and 1,477 are completed 

in 2017. Total number of the observation is 216,261. The survey uses the 

retrospective method which means all information for year 2005 has been 

responded in 2006.  

 Main dependent variable is satisfaction of life asking “All things 

considered, how satisfied are you with your life as a whole these days?”. The 

answer is 5-scale ordinal from “Completely dissatisfied” to “Completely satisfied.” 

All household members over the age of 15, except middle and high school students, 
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answer this question. In Korea, however, most of the respondents between age 15 

and 19 are belonging to secondary school, so the analysis is limited to adults. Main 

explanatory variable is the number of the medical checkups received in a year. 

Satisfaction of health is also controlled to ensure that checkups do not increase 

overall happiness by simply raising the health satisfaction. Same as the life 

satisfaction variable, health satisfaction also has five-scale responses. The other 

individual controls include basic demographic characteristics such as sex, age, 

square of age, marital status, religion, education, and the disposable household 

income. Job status, year and the other unobservable and unchangeable individual 

characteristics are controlled as fixed effects. 

 Table 1 shows descriptive statistics of the number of medical checkups 

and each group’s characteristics such as the average age, sex proportion, and the 

score of chronic disease.1 While checkup numbers have values from 0 to 12, most 

of the value is either one or zero. The observations having medical screening more 

than three times is supposed to be outliers since normal people would not receive 

checkup such many times during a year, even if considering the follow-up after 

the surgery. It is still unknown why the outliers had such many checkups. The raw 

data of the total checkup number will be converted into binary, people who had 

not checkup and people had more than once, for the main analysis. It will be also 

tested whether the number of checkups, more than once, has an additional effect 

on life satisfaction. 

 According to Table 1, for the observations that had checkups less than 

three times, as the checkup number increase, their mean age, sex proportion, and 

chronic disease score are also increasing. From this, we could infer that older male 

 

 
1 Chronic disease is categorical variable, specific information of the category is 
explained under Table 1.  
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with sickness are more likely to get a checkup. However, between groups 0 and 1, 

people with a checkup have a higher life satisfaction level. Although the table 

shows the overall information on checkup data and corresponding characteristics, 

it is still limited to find evidence that health information is related to higher 

subjective well-being.  

Table 2 reports summary statistics of life satisfaction, having five-scale 

answers from “completely dissatisfied” to “completely satisfied”. Most of the 

observations responded that they are either “normal” or “satisfied” with their lives.   

This table shows that as the life satisfaction level increases, the corresponding 

average age decreases, and mean checkup status is increasing. This is contrary to 

the tendency in the previous table since Table 1 reports that higher average 

checkup status is related to an older age. In the case of age and life satisfaction, 

their correlation follows the precedent literature that people become less happy as 

# of  Checkup Freq Percent (mean) Age (mean) Sex
(mean) Chronic 

Disease
(mean) Life 
Satisfaction

0 98,420 57.08 51.11 0.58 1.35 3.37
1 72,205 41.88 55.09 0.52 1.60 3.52
2 1,524 0.88 55.26 0.60 1.75 3.41
3 116 0.07 62.60 0.65 2.32 3.29
4 68 0.04 57.57 0.54 2.59 3.07
5 18 0.01 69.72 0.83 2.83 2.94
6 22 0.01 54.45 0.45 2.73 3.17
7 3 0 64.67 0.67 3.00 3.67
8 3 0 47.33 0.67 0.00 3.33
9 10 0.01 47.10 0.70 1.60 3.63

10 5 0 48.20 0.40 1.20 3.80
11 6 0 70.67 0.83 2.33 3.20
12 12 0.01 47.50 0.42 2.92 3.22

Total 172,412 100

TABLE 1
Summary	Statistics	of	Medical	Chekcup	(age	≧	19	only)

Notes: male = 0 female = 1 , There are four categories in chronic disease. (0: No disease, 1:Having chronic disease no 
more than three months, 2: 3~6 months, 3: More than 6 months)
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they grow older.2  

The checkup variable is also strongly related to happiness in a positive 

direction. It is, however, still unclear whether the increase in life satisfaction 

comes from health screening or the other things that related to checkup status. 

Further, on the other hands, higher life satisfaction level increases the probability 

to receive a checkup, since people are more likely to care for their health when 

they have less stress. However, it is evident that having a checkup is correlated to 

happiness in some way.  

 

  

 
2 According to Frijters and Beatto n (2012), they found weak U-shape relationship with 
for the 20-60 age range. This weak correlation, however, becomes evident when 
considering socio-economic factors.  

Satisfaction of Life Freq Percent (mean) Age (mean) Sex (mean) Checkup
1 1,471 0.91 56.75 0.53 0.34
2 14,277 8.8 56.43 0.57 0.36
3 61,713 38.06 55.41 0.57 0.42
4 81,877 50.49 50.51 0.56 0.49
5 2,816 1.74 45.30 0.52 0.51

Total 162,154 100
Mean 3.43

Std.dev 0.715

TABLE 2
Summary	Statistics	of	Life	Satisfaction	(age	≧	19	only)

Notes: Satisfaction of life (1: Completely dissatisfied, 2: Dissatisfied, 3: Normal, 4: Satisfied, 5: Completely 
satisfied)  The checkup variable is now binary; people who had no checkup and people who had at least once.
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Table 3 shows the characteristic differences between those who did not 

undergo a medical examination and those who were examined once or more during 

a year. The column named difference represents the mean difference, subtracting 

second column from the first. The table shows that there are significant differences 

between the two groups in all aspects, from life satisfaction to job status. This 

difference seems substantial considering that same individual can be included in 

both groups.  

According to the table, those who never had a checkup are younger, 

healthier, more satisfied with their health and are more likely to be women than 

those who have received health screening, while their income, education level is 

lower. This is understandable considering Korea’s NHIS system since it is 

obligatory to have check periodically for the employee member and people who 

are aged over 40 are free to have checkup. The important thing is, however, that 

no checkup group has lower life satisfaction level than the checkup group even if 

people who had no screening are younger and healthier. 

Checkup Difference
Obs Mean Obs Mean t-test

Satisfaction of Life 91,227 3.37 70,914 3.51 -0.14***
Age 98,420 51.11 73,992 55.11 -4***
Sex 98,420 0.58 73,992 0.52 0.05***
Ambulatory Treatment 98,416 15.34 73,990 18.85 -3.5***
Hospitalization 98,419 0.16 73,991 0.21 -0.05***
Chronic Diseases 98,408 1.35 73,985 1.61 -0.26***
Marital Status 98,247 0.69 73,910 0.54 0.14***
Satisfaction of Health 91,321 3.20 70,959 3.17 0.03***
Income Level 98,420 0.92 73,992 1.05 -0.13***
Education Level 98,419 3.34 73,990 3.42 -0.09***

0 1 or more

Notes: Ambulatory treatment and hospitalization refer to the total number of times during a year. Marital status (0: 
Married, 1: Single, 2: Widowed, 3: Divorced, 4: Separate), Satisfaction of health has same category as life satisfaction. 
Education level has 8 levels from 'no education' to 'doctoral degree.'

Difference Between Control & Treatment (age ≧ 19 only)
TABLE 3
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4. Empirical Strategy  
 

The goal of the study is to estimate the impact of medical checkups on satisfaction 

of life. Having health screening, however, is a very endogenous choice, which 

causes selection bias between and within individuals. While PSME is more 

effective way to control these two types of biases, individual Fixed Effects (FE) 

model is also adopted to see the actual impact of checkups.  

 Receiving health screening is an endogenous choice since most of people 

get a checkup mainly on their willingness rather than the exogenous pressure. Of 

course, it is duty to have a checkup for employee member of NHIIS. However, 

even for employee members, they can choose when to receive checkup. Therefore, 

there can be endogeneity problem such as selection bias. 

Selection bias occurs when the disposition of having checkups depends 

on levels of happiness. If it happens between people, it is called between selection 

bias. Suppose happier people are more likely to care for their health and it makes 

them to get health examination more regularly. Then this would overestimate the 

impact of checkup. Similar can happen within identical individual. For example, 

people tend to have health checks when they are not feeling well.  

Individual FE shows the happiness difference of the identical individual 

when he/she choose to check the body. PSM, however, verifies the net impact of 

checkups assuming the assignment was randomly. These two approaches, 

therefore, imply different meanings which are both important. While the pure 

impact of health screening will be shown by PSM, the real-life impact of the 

checkups will be given by the individual FE model since the medical checks are 

mainly done by choice of individuals in reality. 
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4.1 Individual Fixed Effect Model 
 

Individual FE model is as follows: 
 

																																	𝑆#$ = 𝛼	+		𝛽	𝑀𝐶#$	+		𝑋′#$γ		 + 	𝛿$		+		𝛿# 	+ 	𝜀#$           (1) 
 

where 𝑆#$ is satisfaction of life of individual 𝑖 in year 𝑡 and has scale from 1 to 

5. 𝑀𝐶#$  stands for the treatment status whether the individual 𝑖  had medical 

checkups at time 𝑡. If he/she had checkups at least once in a year, it is recorded as 

1, and otherwise, it is zero. Since the study focuses on the fact that whether the 

person received health checkup or not, not the number of it, medical checkup 

variable is transformed into binary.  

The vector 𝑋′#$  denotes a set of individual-level control covariates 

including satisfaction of health, sex, age, square of age, education level, marital 

status, number of children, religion, job status, disposable household income, 

number of ambulatory treatments in a year, number of hospitalizations in a year, 

and chronic diseases. Categorical variable such as education level, marital status 

and job status are included as dummies.  

Among the control variables, satisfaction of health is included to control 

the impact of checkup results on life satisfaction. Since the survey has been 

conducted in retrospective way, respondents are answering the health satisfaction 

after they received checkup results. Therefore, by including satisfaction of health 

in the regression we can control the reflected impact of checkup result.  

In Korea, average level of happiness is steadily increasing over time. 

Therefore, the time FE, 𝛿$ is essential. 	𝛿# is the individual FE which controls 

personal characteristics that do not change over time. By using this individual FE, 

we can eliminate the bias resulted from happiness disparity between people.  
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4.2 Propensity Score Matching  
 

The idea of propensity score matching is to measure treatment effect by comparing 

individuals with similar propensities to get the treatment. Since the propensity to 

have checkups can differ by time 𝑡, even under identical individual 𝑖, use PSM 

method in individual panel data.  

 There may be some doubts about whether it is appropriate to use PSM on 

this study, because mostly PSM is used for policy evaluation or exogenously given 

treatment. However, it is also applicable even when the treatment is made 

endogenously, such as having medical checkup. For instance, Nguyen et al. (2006) 

adopted PSM to estimate the effect of catholic schooling, which is voluntary 

decision. Unless the setting does not violate ‘unconfoundedness3’ and ‘overlap4’ 

assumptions, there is no problem with using PSM analysis.  

 Propensity score is the conditional probability of a unit receiving 

treatment given a set of observed covariates 𝕩, that is, 𝑃(𝕩) = 	Pr	(T = 	1|	𝕩). 

The benefit of PSME is that it reduces the potential problem of ‘curse of 

dimensionality’ from exact matching, since matching on a scalar 𝑃(𝕩) is easier 

than matching on a high-dimensional vector 𝕩. According to Rosenbaum and 

Rubin (1983), matching observations using 𝕩 is equivalent to matching them 

using a balancing score 𝐵(𝕩) including the propensity score.  

 

 
3(𝑌(0), 𝑌(1)) 	⊥ 		𝑇	|	𝕩, 𝑤ℎ𝑒𝑟𝑒		𝑇 = (0,1)	 Treatment outcomes are independent from 
the treatment assignment, when a set of observable covariates 𝕩 , not affected by 
treatment, is given.  
 
4  0 < 𝑃	(𝑇 = 1	|	𝑋	) < 1   Every person with the same 𝑋  values has a positive 
probability of being participant.  
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 A set of covariates for estimating propensity score includes followings: 

sex, age, number of ambulatory treatments in a year, number of hospitalizations in 

a year, chronic diseases level, marital status, household income class, education 

level and employment status. The prediction model is logit and the nearest-

neighborhood method is used for matching. After matching, estimate Average 

Treatment Effect (ATE) and Average Treatment effect on Treated (ATT) as follows: 

 

																													𝜏GHI = 𝐸(𝜏) = 𝐸[𝑌(1) − 𝑌(0)]                 (2.1) 

											𝜏GHH = 𝐸(𝜏|	𝑇 = 1) = 𝐸[𝑌(1)|𝑇 = 1] − 𝐸[𝑌(0)|𝑇 = 1]     (2.2) 
 

where 𝜏 = 𝑌	(1) − 𝑌	(0), and 𝑌(𝑇) is potential treatment outcomes. Since the 

treatment is binary, treatment indicator 𝑇  equals to zero or one. The 

counterfactual outcome, 𝐸[𝑌(0)|𝑇 = 1] in equation (2.2) can be estimated under 

aforementioned ‘unconfoundedness’ and ‘overlap’ assumptions.  

What we want to know from PSM analysis is ATT, since ATE still contains 

difference between people who received checkups and those who did not. If the 

treatment assignment is completely random, ATT is the same as ATE, otherwise it 

is not the same. In this study, they are different which is not unexpected.  
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5. Results  
 

5.1 Matching Result 
 

Before showing and comparing the individual FE and PSM results, validity of 

PSM matching must be proven first. Figure 1 demonstrates how the distribution 

of propensity score has been changed after matching in both treated control groups. 

In the raw data, mean propensity score is higher for treated group and its 

disposition of the distribution is on the upper side than the control group. After 

matching, distributions of propensity score are now identical for both control and 

treated groups implying that selection bias problem caused by different probability 

to have a checkup is now resolved. Further, the figure indicates that the setting 

fulfills the overlap condition well.  

Table 4 reports the mean difference between treated and control groups in 

each variable before and after matching. The variables listed in Table 4 is used for 

propensity score measuring. According to the percentage reduction of absolute 

bias, many of the variables, except hospitalization and education level, biases are 

reduced over 90 percent after matching. While most of the variables are still 

significantly different between treated and control groups, the extent of the 

disparity has been greatly reduced.  
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Figure 1. Propensity Score Distribution Before & After Matching 

Source: Korea Welfare Panel Study 
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Unmatched %Reduct
Variable Matched Treated Control %Bias |Bias| t-stat p>|t|

Sex U 0.52862 0.5894 -12.3 -24.51 0.000
M 0.52862 0.53043 -0.4 97 -0.68 0.496

Age U 55.188 51.065 23.1 45.69 0.000
M 55.188 55.586 -2.2 90.4 -4.51 0.000

Age 2 U 3322.2 2969.5 18.4 36.5 0.000
M 3322.2 3364.1 -2.2 88.1 -4.3 0.000

Hospitalization U 0.19318 0.14258 8.7 17.56 0.000
M 0.19318 0.17221 3.6 58.6 6.49 0.000

U 18.97 15.575 11.6 23.2 0.000
M 18.97 18.869 0.3 97 0.59 0.554

U 1.6026 1.334 18.4 36.67 0.000
M 1.6026 1.5923 0.7 96.2 1.32 0.186

Marital Status U 0.54571 0.67845 -14 -27.86 0.000
M 0.54571 0.55796 -1.3 90.8 -2.45 0.014

# of Children U 0.7303 0.66433 7 13.99 0.000
M 0.7303 0.71485 1.6 76.6 3.09 0.002

Religion U 0.53717 0.51078 5.3 10.55 0.000
M 0.53717 0.53809 -0.2 96.5 -0.35 0.729

Income Level U 1.0457 0.92566 14.9 29.79 0.000
M 1.0457 1.0348 1.3 90.9 2.53 0.012

U 3.4158 3.3531 3.4 6.85 0.000
M 3.4158 3.3911 1.3 60.6 2.52 0.012

Job Status U 1.9887 2.0897 -4.1 -8.07 0.000
M 1.9887 1.9687 0.8 80.3 1.54 0.123

t-test
Difference Between Treated and Control Before & After Matching

TABLE 4

Mean

Education 
Level

Ambulatory 
Treatment

Chronic 
Diseases
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5.2 Baseline Results 
 

Table 5 shows the baseline results of both individual FE and PSM model. 

While Column (1) to (4) displays estimation results using regression, (5) and (6) 

are PSM results, where ATE refers to average treatment effect and ATT is average 

treatment effect on treated. By comparing the results in Column (1) and (2) we can 

identify whether between selection bias is upper or under. Column (3) and (4) 

shows the robustness of checkup by changing sample and control variables. PSM 

results are simply reported in the table to compare itself with the other.  

Column (1) reports the result when the regression model includes only 

year fixed effects. In this case, the result contains both between and within effect 

since estimation uses both between and within variations. After between selection 

bias is controlled by individual FE in Column (2), the coefficient has decreased by 

almost one third, indicating that between effect is an upper selection bias. In other 

words, happier people are more likely to get medical checks. This is not an 

unexpected scenario since happier people, for example, individuals with less stress 

may have more time to take care of his/her health. Important thing is that the 

positive effect of medical checkup remains still, even after controlling the between 

selection bias. The meaning of the checkup coefficient in Column (2) is that 

satisfaction of life is, on average, 0.02 higher when he/she received health check. 

Individual fixed effects, however, still retains within effect since the estimation is 

based on within variation.  

In Column (3), observations having checkup more than three times in a 

year is excluded from the sample to control outliers’ impact. As you can compare, 

checkup impact remains the same in Column (3). In Column (4), hospitalization, 

ambulatory treatment, and chronic diseases treatment at 𝑡 + 1  is included to 

control the effect of checkup result in year 𝑡. Although the checkup coefficient 
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has decreased slightly, it does not seem due to the additional variables, since their 

explanatory power is negligible. I guess the change in coefficient has been made 

because of the decrease in the sample size, as the data in the latest period is omitted 

from the sample.  

Column (5) and (6) reports PSM results. While ATE estimates checkup 

impact by comparing two people with similar propensity score, but with different 

checkup status, ATT predicts the counterfactual values such as happiness of 

individual when he/she would have not had a checkup. ATE, therefore, still retains 

the difference between treated and control, even under similar propensity score. 

Thus, ATT usually be a more of an interest than ATE. Hence the pure impact of 

medical checkup on life satisfaction is approximately 0.11.  

By comparing Column (2) and (6), we can identify the types of within 

selection bias. Since individual FE result is smaller than PSM, there exists under 

selection bias within individual. Specifically, people tend to have a checkup when 

their life satisfaction level is lower than it used to be. For instance, people may 

want to check their body when they feel their health condition got worse.  

To sum up the results, there are five points in Table 5. First, checkup could 

increase the life satisfaction. While magnitude of impact varies by estimation 

methodology, it is clear that checkup service has positive impact on happiness. 

Second, happier people are more likely to get a checkup since between effect is 

upper selection bias. Third, within individual, people are more likely to receive 

health check when they are unhappier. Fourth, real-life impact of having checkup 

is 0.02 explaining about 3 percent of one standard deviation increase in life 

satisfaction (0.02 divided by 0.751, standard deviation of life satisfaction). Lastly, 

pure-impact of medical checkup on happiness is 0.11. 
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(1) (2) (3) (4) (5) (6)
Dependent Var :               
Satisfaction of Life (1~ 5) Year FE + Individual 

FE
Drop if 

checkup > 3
 +   t+1 
Health PSM ATE PSM ATT

Medical Checkup 0.076*** 0.020*** 0.020*** 0.018*** 0.115*** 0.110***
(0.003) (0.003) (0.003) (0.004) (0.004) (0.005)

Health Satisfaction 0.266*** 0.188*** 0.188*** 0.185***
(0.002) (0.002) (0.002) (0.003)

HH income 0.001*** 0.000*** 0.000*** 0.000***
(0.000) (0.000) (0.000) (0.000)

Sex 0.078***
(0.004)

Age -0.015*** 0.028*** 0.028*** 0.030***
(0.001) (0.002) (0.002) (0.002)

Age square 0.000*** 0.000** 0.000** 0.000***
(0.000) (0.000) (0.000) (0.000)

Ref. Under high school graduate
     College 0.079*** -0.031** -0.031** -0.034***

(0.005) (0.012) (0.012) (0.013)

     College+ 0.171*** -0.157*** -0.158*** -0.166***
(0.007) (0.019) (0.019) (0.020)

Ref. Married
      Single -0.208*** -0.069*** -0.069*** -0.064***

(0.007) (0.015) (0.015) (0.017)

     Widowed -0.060*** 0.102*** 0.102*** 0.108***
(0.006) (0.015) (0.015) (0.016)

     Divorced -0.261*** -0.002 -0.001 0.014
(0.009) (0.023) (0.023) (0.025)

     Separate -0.254*** 0.013 0.014 0.029
(0.020) (0.034) (0.034) (0.036)

# of children -0.049*** -0.022*** -0.022*** -0.020***
(0.003) (0.004) (0.004) (0.005)

Religion 0.060*** 0.035*** 0.035*** 0.030***
(0.003) (0.005) (0.005) (0.005)

Hospitalization -0.001 0.001 0.001 0.003
(0.003) (0.003) (0.003) (0.003)

TABLE 5
Medical Checkup Impact on Life Satisfaction



 25 

 

 

 
 

Ambulatory treatment -0.000*** -0.000*** -0.000*** -0.000***
(0.000) (0.000) (0.000) (0.000)

Chronic diseases treatment 0.022*** 0.010*** 0.010*** 0.009***
(0.001) (0.002) (0.002) (0.002)

Hospitalization at t+1 -0.001

(0.003)

Ambulatory treatment at t+1 -0.000

(0.000)

Chronic diseases treatment at t+1 0.004*

(0.002)

Ref. Economically inactive
     Regular wage worker 0.120*** 0.083*** 0.083*** 0.076***

(0.006) (0.008) (0.008) (0.009)

     Temporary wage worker -0.013** 0.039*** 0.039*** 0.035***
(0.006) (0.007) (0.007) (0.008)

     Daily wage worker -0.139*** -0.036*** -0.036*** -0.039***
(0.007) (0.010) (0.010) (0.010)

     Public work -0.013 0.055*** 0.056*** 0.043**
(0.015) (0.019) (0.019) (0.021)

     Employer 0.070*** 0.032* 0.032* 0.031
(0.015) (0.019) (0.019) (0.020)

     Self-employ 0.082*** 0.025*** 0.025*** 0.019**
(0.005) (0.009) (0.009) (0.010)

     Unpaid family worker 0.056*** 0.029** 0.029** 0.029**
(0.007) (0.013) (0.013) (0.014)

     Unemployed -0.244*** -0.121*** -0.121*** -0.130***
(0.013) (0.013) (0.013) (0.014)

Year FE Yes Yes Yes Yes

Individual FE No Yes Yes Yes

N 161919 161919 161792 142738 161934 161934
R-sq 0.25 0.10 0.10 0.10
Notes: * p<0.1, **p<0.05, ***p<0.001
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6. Possible Channel 
 

In this section, introduce mechanism hypothesis to explain how medical checkup 

could raise the life satisfaction and test it by comparing results from different 

uncertainty levels. 

 

6.1 Hypothesis 
 

As mentioned from the beginning of the paper, medical checkup increases 

examiner’s health-related information only. Thus, the relationship of checkup and 

happiness can be represented as information and utility which are linked by 

uncertainty. In general, the rise of information resolves uncertainty. Moreover, the 

lower the uncertainty the greater the utility since, in economics, uncertainty 

usually hampers individual’s choice decision. Therefore, following hypothesis can 

be suggested based on the general assumption of information, uncertainty, and 

utility; checkup improves life satisfaction by reducing health-related uncertainty. 

In other words, provision of health information decreases uncertainty on health, 

regardless of outcome, and this alleviates the anxiety and at the same time, 

increases the happiness. 

 The hypothesis is based on the literatures that studied health information 

and life quality. Davis et al. (2008) shows that information satisfaction plays an 

important role in quality of life in cancer patients. Therefore, provision of 

congruent knowledge that meets patients’ needs is essential for improving their 

wellbeing. Husson et al. (2010) also demonstrates that patients with fulfilled 

information demand and experienced less information barriers, generally, have a 

higher level of health-related life quality and less anxiety. In a similar context, 

Husson et al. (2014) finds appropriate information is a critical determinant of 
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lymphoma patients’ satisfaction and their health-related life quality.  

 To test the hypothesis, we need standards to divide the sample into 

different uncertainty levels. Therefore, the study suggests following three 

standards: first, based on the information amount; second, based on the period 

since the latest information update; third, based on the period the information has 

not been updated. It is assumed that the uncertainty decreases as the amount of 

information is large and the information is up to date.  

Figure 2 shows information and uncertainty level based on first and 

second standards. According to the figure, 𝑡  indicates the time when the 

individual, who did not receive checkup in 𝑡 − 1 , has checkup. For the 

convenience, there are only four periods. Type A is the people who had health 

examination in both 𝑡 − 2, 𝑡 − 3 periods, and therefore having the lowest health 

uncertainty because their knowledge of their body would be better than the others. 

The uncertainty level increases as the type changes from A to D. While 

relationships between type A, B and C include equality, uncertainty of type D is 

strictly bigger than the others, since he/she has never had a checkup during last 

three years.  

If the hypothesis is correct, the impact of checkup will be different by the 

uncertainty level. In other words, people with higher uncertainty would get bigger 

marginal effect from the treatment, based on the assumption that the impact will 

be stronger as the uncertainty grows. Therefore, the hypothesis predicts that the 

results will follow the same order as the degree of uncertainty in Figure 2.  
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Figure 2. Different Uncertainty Level 

 

 

6.2 Hypothesis Testing  
 

Table 6 shows the effect of checkup according to different uncertainty levels. Panel 

A shows the individual FE results and Panel B is PSM ATT. In order to meet the 

suggested hypothesis, the extent of coefficient and its significance should grow as 

it moves from Columns (1) to (4). In Panel A, while magnitudes of coefficients 

follow the prediction, most of them are not statistically valid. In Panel B, we can 

only find expected results from type C and D. However, it is also meaningful that 

there is no impact in Column (1) and (2).   
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In both panels, there is no checkup effect on type A who already knows 

his/her health condition quite well. In type B and C, while individual FE results 

are not significant, the effect still can be valid considering the PSM result is the 

upper bound of the impact. Both analyzes reports the largest effect on type D as 

expected. Summarizing the results so far, the fewer the number of checkups 

received in the past, and the longer the time passed since the last checkup, degree 

of uncertainty increases making the impact of checkup on life satisfaction stronger.  

 In Table 7, by extending the historical data point from 𝑡 − 3 to 𝑡 − 5, 

we can identify the effect of uncertainty by the time. The table is composed of two 

parts. First four lines represent the uncertainty of how long has been passed since 

the last medical examination and fifth to eighth indicate the uncertainty of how 

long the individual has not been examined. From the first part, individual FE 

reports that if health screening has been done at least once any time in the past, the 

latest medical checkup is not effective. PSM also presents the similar results 

except in the second line. In my opinion, people who had checkup more than four 

years ago may not have a great interest in health which have low health-related 

(1) (2) (3) (4)
A B C D

Panel A: Individual FE model
Coef -0.003 0.010 0.015 0.030***

(0.012) (0.009) (0.016) (0.010)

N 9822 15262 6353 15172
R-sq 0.06 0.06 0.07 0.07
Panel B: PSM 
ATT 0.014 -0.001 0.052** 0.056***

(0.017) (0.014) (0.022) (0.015)

N 9823 15263 6352 15173

Hypotheses Results
TABLE 6
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uncertainty from the first place.  

 In the second part of Table 7, unlike the first part, all results are significant 

and showing gradual increment as the uncertainty grows. The reason of decreasing 

significance in individual FE results is the lack of the data variation. Since the 

model is based on ordinary least squares estimation, decrease in data variation 

causes weak significance. While some results are not perfectly matched the 

hypothesis, overall, they are robust enough to buttress the mechanism hypothesis.  

 

  

FE PSM t t-1 t-2 t-3 t-4 t-5 N

0.002 0.016 1 0 1 27,598
(0.007) (0.01)

0.014 0.052** 1 0 0 1 6,362
(0.016) (0.022)

0.028 0.082*** 1 0 0 0 1 3,800
(0.022) (0.029)

-0.018 0.017 1 0 0 0 0 1 1,514
(0.058) (0.044)

0.025*** 0.046*** 1 0 0 25,367
(0.008) (0.011)

0.030*** 0.056*** 1 0 0 0 15,195
(0.010) (0.015)

0.033** 0.061*** 1 0 0 0 0 8,919
(0.015) (0.019)

0.046** 0.038 1 0 0 0 0 0 5,418
(0.023) (0.024)

Uncertainty with Time Variation
TABLE 7
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7. Subgroup Estimations  

 

 Table 8 reports subgroup estimation results using gender and age group 

standards. As shown in Table 5, the order of the outcome magnitude is still 

maintained here; PSM is the largest, year fixed effects is the middle, and individual 

fixed effects is the lowest. According to gender-based outcomes, individual FE 

results are similar for both genders, but PSM is higher for male. I guess the results 

follow the mechanism since male would have higher uncertainty on health than 

female. This is because, in Korea, men are more likely to drink alcohol or smoke 

than women. You can check this fact by Table A1-1 in appendix. 

Subgroup ATE ATT

Male 0.072*** 0.019*** 0.126*** 0.131***
(0.005) (0.005) (0.007) (0.007)

N 70791 70791 70990 70990

Female 0.074*** 0.020*** 0.109*** 0.099***
(0.004) (0.004) (0.006) (0.006)

N 91128 91128 91358 91358

Age 20's & 30's 0.075*** 0.026*** 0.124*** 0.107***
(0.007) (0.007) (0.009) (0.009)

N 43400 43400 43405 43405

Age 40's & 50's 0.090*** 0.018*** 0.119*** 0.103***
(0.006) (0.006) (0.007) (0.008)

N 52097 52097 52104 52104

Age 60's & older 0.052*** 0.015*** 0.084*** 0.078***
(0.005) (0.005) (0.006) (0.007)

N 64610 64610 64613 64613

Subgroup Estimation
TABLE 8

Year FE Individual FE
PSM
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 In age subgroup, both individual FE and PSM are higher for younger 

people. This is probably because of the effect of diminishing marginal utility since 

older people would receive checkup more often than younger people.  

 

  

Table 9 reports checkup impact by different types of national health 

insurance. In case of employee member, regular health check is mandatory. Field 

worker has to receive checkup for every year and office worker must take once 

every two year. For the other types of member, checkup is not an obligation. 

According to Panel A in Table 9, employee reports the most significant effect of 

checkup and local member shows the least statistically meaningful effect, while 

their PSM results are similar. Considering that checkup is mandatory for employee 

member the result seems reasonable since their under selection bias would be 

small. Moreover, most of self-employed people, having relatively higher time 

opportunity cost for checkup, are classified as a local member. Therefore, local 

(1) (2) (3) (4)

Employee
Employee

Dependent
Local

Local

Household

member

Panel A: Individual FE 

Checkup 0.025*** 0.015** 0.021* 0.031**

(0.009) (0.007) (0.013) (0.015)

N 22969 36805 13326 10041

R-sq 0.07 0.06 0.07 0.06

Panel B: PSM 

ATT 0.059*** 0.058*** 0.05*** 0.065***

(0.011) (0.009) (0.016) (0.020)

N 22969 36805 13326 10041

By Types of National Health Insurance
TABLE 9



 33 

member would have bigger under selection bias because of their bigger 

opportunity cost.  

 On this wise, checkup impact can differ by types of national health 

insurance due to their different under selection bias magnitude, even if their pure-

impact is similar. 

 

Table 10 shows the additional impact of having checkup more than once 

a year. Column (1) is the baseline result in Table 5 using whole sample. In Column 

(2), approximately 1700 people, receiving health screening more than once, were 

excluded from the sample. The coefficient in Column (2), however, is barely 

changed from the baseline result implying that the observations were not critical 

(1) (2) (3) (4) (5)

Whole Sample 
(0 vs 1 or more)

0.020***

(0.003)

0 vs 1 0.022***
(0.003)

1 or more -0.007
(0.010)

Checkup N 0.014*** 0.019***
(0.003) (0.004)

Checkup N^2 -0.002**
(0.001)

Individual FE Yes Yes Yes Yes Yes

N 161919 160242 70853 161919 161919
R-sq 0.10 0.10 0.09 0.10 0.10

Effect of Checkups More than Once
TABLE 10
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to change the impact. Furthermore, in Column (3), the sample is composed only 

of people who had checkup at least once. The result in Column (3) indicates 

additional checkup more than once does not link to additional positive effect. Once 

health information is given, additional information may not have a significant 

effect on resolving uncertainty and this might be the reason the additional checkup 

does not helpful to increase the life utility.  

 

 
 Table 11 shows the heterogeneity of checkup impact depending on the 

health perception at 𝑡 − 1 . Even if health screening increases the utility by 

reducing the uncertainty, the impact may differ by their prior status. According to 

Table 11, the worse the health perception before the health examination, the greater 

the positive impact of checkup. Moreover, even negative impact appears in the 

subgroup with highest health perception. This is probably because the poorer 

health perception is, the greater the uncertainty is, and even if the screening results 

are bad, the negative effect will be less because they are already expected. On the 

other hand, people with good health awareness have low levels of health 

uncertainty and already have high expectations for their own health, which can 

lead to negative information effects as a result of health checks. 

 

(1) (2) (3) (4) (5)
Very bad Bad Normal Good Very good

ATT 0.198*** 0.071*** 0.031** 0.004 -0.035*
(0.057) (0.016) (0.015) (0.010) (0.021)

N 1426 13181 13722 25016 6023

By Different Health Perception in  t-1
TABLE 11

Health Perception in t-1
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8. Conclusion 
 

This paper tests whether medical checkup can improve life satisfaction by 

lowering the health uncertainty. Getting health check is a highly endogenous 

decision when individual is not an employee member of NHI. Thus, there must be 

selection bias problems. The study, therefore, uses two methodologies, individual 

fixed effects and propensity score matching, to correct the biases. While individual 

FE model controls between selection bias only, PSM estimates the pure impact of 

checkup by controlling both between and within effect. The results find that 

between effect is an upper selection bias overestimating the impact while within 

effect is a lower selection bias underestimating the marginal impact.  

These findings are in line with the expected scenario that people with 

higher life satisfaction and less stress would care more about their health. 

Moreover, within identical individual observations, he/she is more likely to check 

the body when they are unhappier. To sum up the results, having medical checkup 

could increase 3 percent of one standard deviation of utility in real life, but if the 

checkup can be done in random way, it could increase 12 percentage of one 

standard deviation of happiness at maximum.  

 Furthermore, the study verifies the mechanism of the causal relationship 

between health screening and happiness by using different uncertainty levels of 

health. Since medical examination increases health related information only, 

uncertainty would be the most potent channel that could change happiness. The 

results show that the impact of checkup increases gradually as the uncertainty level 

goes up implying that screening enhances utility by reducing the uncertainty. 

Therefore, the fewer the number of checkup received in the past, the bigger the 

marginal utility of screening.  

 This study contributes to the related literature, reporting limited effect of 
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checkup, by showing the validity of health screening in the utility perspective. 

Even if recipients’ health behavior may not significantly response to given 

information, their anxiety can be resolved just by knowing about their health.  

The paper also suggests two policy implications. First, welfare policies 

related to free health screening for the disadvantaged group, who are excluded 

from benefit of periodic medical checkup, will achieve significant policy effect in 

terms of their quality of life. Second, to increase the effectiveness of the policy, 

strong external pressure is needed to make people comply the offers since never-

takers will show strong policy effect.  
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Appendix  
 
 

 
 
 
 
 
 
 
 
 
 
 

Age group
Average smoking 

per day

Average alcohol 
consumption per 

year
Panel A : Male 

20 13.182 1.720
30 15.888 1.993
40 17.556 2.080
50 18.054 2.105
60 17.974 1.987
70 16.619 1.639
80 14.851 1.254

Panel B: Female
20 9.181 1.406
30 9.222 1.423
40 10.848 1.363
50 11.983 1.170
60 11.956 1.110
70 11.342 0.792
80 9.864 0.711

Health Behavior
TABLE A1_1

Notes : Average smoking per day represents the amount of cigarettes 
smoked per day. Alcohol comsumption data is a categrorical data.
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Chapter Ⅱ 

What Causes the Happiness Gap Between Conservatives 

and Liberals? 
 

 

1. Introduction  
 

Histories of confrontation between conservatism and liberalism are quite long due 

to their conflicting views on values. Conservatism is a political and social 

philosophy that promotes hierarchy, authority, and property rights while liberalism 

is based on equality before the law and consent of the governed. Economically, 

right-wing advocates low taxes, reduced government spending, and privatization. 

On the contrary, leftists support Keynesian economics, government-led growth, 

and nationalization of an economy with central planning.  

Their life satisfaction may differ as much as their views on values. 

Therefore, there are two objectives in this paper. First, confirm whether there is a 

happiness difference between conservatives and liberals on a global level using 

longitudinal cross-country data. Second, if happiness disparity exists, verify the 

economic factors related to this gap.  

The relationship between happiness and political preference has been 

studied mostly in the psychology sector. Naiper and Jost (2008) first brought up 

the issue that conservatives are happier than liberals. According to the study, 

increment in economic inequality (measured by the Gini index) from 1974 to 2004 

has aggravated the happiness inequality between conservatives and liberals. The 

study explains the determinant of happiness discrepancy is an ideological buffer 

of right-wingers against the negative impact of social inequality. Schlenker et al. 
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(2012), however, rebuts this argument that conservatives are happier because they 

just rationalize away social inequality. They argue that the reason that makes 

rightists happier is their better personality such as optimism and moral belief than 

liberals.  

However, the argument that right-wing is happier is still controversial. 

According to Wojcik et al. (2015), while conservatives reported higher happiness, 

liberals were seemed to exhibit more happiness in terms of behavioral measures 

such as tweets and smiles. Moreover, Stavrova and Luhmann (2016) assert that 

right-wingers are happier than the left only in limited time and place where the 

right ideology prevailed, implying that happier rightist is not a universal 

phenomenon as previously assumed.  

In economics, however, there has been little attention to the happiness gap 

between the groups with different political colors. Happiness and political 

disposition variables are mainly used to explain the electorate’s preference over 

macroeconomic policies or situations. According to Di Tella and MacCulloch 

(2005), the negative impact of inflation and unemployment on welfare can be 

differed by people’s political inclination. Specifically, people who disposed 

themselves on the left part of the political spectrum would be relatively more hurt 

by unemployment than inflation. On the contrary, people on the right are more 

damaged by inflation rather than unemployment. They assure that these partisan 

difference does not come from the income difference. More interestingly, people 

tend to be happier when the party they support is in power regardless of current 

economic status.  

Alesina and MacCulloch (2004) reported that differences in reactions 

according to political tendencies may vary by Europeans and Americans. In the 

case of the United States, people on the left are more negatively affected by 

inequality than the right only when the unemployment rate is not controlled; 



 43 

otherwise, both left and right are not impacted by inequality. In Europe, however, 

left-wingers are far more damaged by inequality than the right even if 

unemployment and inflation rate are controlled; right-wingers react to inflation 

rate only. They argue these findings are consistent with social mobility perception 

in each society that Americans believe they are living in a mobile society while 

Europeans are not.  

Di Tella et al. (2010) also shows that utility adaptation to income and 

status differ by personal political disposition. They used German happiness data 

and estimate the long-run effect of income and social status on welfare. While 

increased income impact on happiness gets fainted over the following four years, 

the impact of status remains intact. In right-wingers, however, they adapt to status 

and not to income, while left-wingers are on the contrary.  

This paper, therefore, tries to clarify the utility difference between 

conservatives and liberals using economic analysis tools and verify the economic 

determinants based on the literature. Regarding the relationship between political 

preference and subjective well-being, Figure 1 clearly shows the positive 

correlation between them. According to the figure, as political disposition moves 

to the right, both satisfaction of life and happiness increase. This is interesting 

since even a small change of political inclination is associated with a higher utility 

level.  

It is, however, unknown whether the relationship can be remained after 

controlling all the other effects on happiness. This is because supporting a 

conservative party can sometimes represent other characteristics of a person. 

Typically, right-wing is likely to be a vested class in a society with high levels of 

wealth or income. Therefore, it can be a power of money or social status that makes 

conservatives happier rather than a political preference itself. 
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Figure 1. Correlation Between Political Preference and Life Satisfaction/Happiness 

 

 

Source: World Value Survey data 

Note: Y-axis of the upper graph is life satisfaction having 10 scales and that of the lower one is 

using happiness data having 4 scales. The size of the circle represents the sample size of each group. 
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If, however, the impact of being right remains after controlling all these 

other effects, then we can call it as ‘happiness premium of the right’ since it makes 

people happier just by the fact that they have right inclined political orientation. 

Final results of this paper show that there exists independent impact of being right 

on happiness. 

For the economic factors related to this ‘happiness premium,’ this study 

suggests two hypotheses based on precedent literatures. As the prior researches 

have shown, leftists are sensitive to unemployment and inequality while rightists 

care inflation and income growth more. This difference in attitude on economic 

status may cause disparities in happiness between the left and right as Naiper and 

Jost (2008) argued. Therefore, first hypothesis is that left-wingers may be more 

hurt by inequality and second is that right-wingers are more pleased with economic 

growth. The results report that while both variables are all working as factors of 

happiness gap, inequality is the main economic source of the difference.  

The rest of the paper is organized as follows. Section 2 explains data 

source and main variables used in the analysis. In Section 3, empirical strategy for 

verifying happiness differences between conservatives and liberals is introduced 

and in Section 4, baseline result will be shown with robustness check and subgroup 

estimation. Section 5 is all about mechanism such as hypothesis background, 

empirical strategy for mechanism analysis and its results and Section 6 concludes.  

 

 

2. Data and Variable Description 
 

This study employs three datasets: World Value Survey (WVS), World Bank (WB) 

and World Inequality Database (WID). The analysis is based on WVS data and 

variables from other datasets are merged to the baseline data. The World Value 
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Survey is the biggest, cross-country, longitudinal dataset having 6 waves since 

1981 to 2014. Each wave has different number of countries: 8 for wave 1 

(1981~1984), 18 for wave 2 (1990~1994), 54 for wave 3 (1995~1998), 40 for 

wave 4 (1999~2004), 58 for wave 5 (2005~2009) and 60 for wave 6 (2010~2014). 

Total 341,271 individuals from almost 100 countries, which include nearly 90% 

of world population, responded the survey. The sample covers variations in a 

global level from poorest to richest countries. The data is well known and widely 

used in happiness studies since it provides various information such as 

demographics, personal values and belief including happiness.  

 Dependent variable of the analysis is satisfaction of life from WVS data 

asking: 

 
All things considered, how satisfied are you with your life as a whole these days? Using 

this card on which 1 means you are “completely dissatisfied” and 10 means you are 

“completely satisfied” where would you put your satisfaction with your life as a whole? 

 

There is also happiness data with 4 categorical answers. Since life satisfaction has 

wider variation in the response, use satisfaction of life as a main dependent 

variable. Foremost independent variable is political preference index representing 

personal political inclination. Respondents answer the following question 

regarding their political affiliation. It asks:  

 
In political matter, people talk of “the left” and “the right.” How would you place your 

views on this scale, generally speaking? (from 1 to 10)  

 

The bigger the number, the more inclined to politically “right.” Therefore, 

responses in categories 1-3 is classified as being left and responses in categories 

8-10 is regarded as right. People who choose the number in between 4-7 is 
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considered as moderate and they are not included in the main analysis.  

Table 1 presents differences in characteristics between left and right using 

variables such as life satisfaction, sex, age and so on. First of all, right has bigger 

group size than the left and as we have seen in the Figure 1, conservative people 

are happier than progressives. In other respects, left group has following 

characteristics comparative to right: having higher ratio of women, younger, 

perceiving themselves less healthy, living alone, having fewer children, thinking 

more of meaning of life, less religious, participating more in the labor market and 

perceiving themselves in the lower social class and lower income level.  

Subjective evaluation of social class and household income level are 

crucial in this analysis since political disposition is highly correlated to these kinds 

of socioeconomic variables. Social class variable asks people to choose their class 

that they think they are belonging to from the followings: lower class, working 

class, lower middle class, upper middle class and upper class. In case of income 

group, the surveyor suggests cards representing household income scale where 1 

indicates the lowest and 10 is the highest income group in respondent’s country; 

surveyees must choose one of them. Likewise, this study uses the index based on 

personal evaluation or perception for themselves. This is because, political 

inclination for the particular party is mostly affected by the subjective sense of 

belonging to a certain class rather than the objective index. Therefore, subjective 

assessment of socioeconomic class is more important than the objective one in this 

study. 

In addition to this individual level information, macroeconomics variables 

such as inflation rate, unemployment rate, economic growth and Gross Domestic 

Product (GDP) per capita are downloaded from World Bank. Inflation rate is 

measured by consumer price index reflecting annual percentage change in the cost 

of acquiring a basket of goods. GDP growth is in annual percentage term and 
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unemployment rate is a percentage of total labor force. GDP per capita is 

converted to international dollars using purchasing power parity rates; data are in 

constant 2011 international dollars. Social inequality data is from the World 

Inequality Database which provides the information of income and wealth 

distribution, both within and between countries. Here, income inequality is defined 

as top 10% share of pre-tax national income. Since each wave in the WVS data 

includes four to five years, all the variables from the WB and the WID are 

transformed into an average form of corresponding periods. Unemployment rate 

and GDP per capita are missing in wave 1 since each data starts from 1991 and 

1990.  

 

 

 

 

 

 

 

 

Difference
Variable Mean Std.Dev. Obs Mean Obs Mean t-test
Satisfaction of life 6.599 2.445 41,827 6.388 57,105 7.097 -0.709***
Sex 0.518 0.500 42,048 0.487 56,202 0.474 0.013***
Age 40.720 16.135 42,119 40.367 57,223 41.116 -0.749***
Health perception 3.810 0.890 41,632 3.817 56,415 3.875 -0.058***
Marital status 0.630 0.483 42,366 0.606 57,673 0.651 -0.045***
# of children 1.915 1.830 40,657 1.773 55,497 2.057 -0.284***
Think meaning of life 1.791 0.856 40,473 1.739 55,288 1.712 0.027***
Religion 2.661 0.565 39,760 2.565 54,454 2.733 -0.168***
Employment Status 0.885 0.892 41,127 0.902 55,514 0.839 0.063***
Education 4.440 2.428 38,955 4.645 53,178 4.468 0.177***
Social class 2.675 0.994 35,196 2.629 48,217 2.753 -0.124***
Income scale 4.620 2.337 39,044 4.462 53,409 4.752 -0.291***

TABLE 1
Summary Statistics 

Left RightAll



 49 

3. Empirical Strategy 
 

To identify the existence of ‘happiness premium of right-wingers’, use following 

fixed effects model: 

 

															𝐻R$# = 𝛼+	𝛽S𝑅𝑖𝑔ℎ𝑡R$# + 	𝛽V𝑀𝑎𝑐𝑟𝑜R$ + 𝛿R + 𝛿$ + 𝑋′R$#Γ + 𝜀R$#     (1) 

 

where 𝐻R$#  refers to happiness of individual 𝑖 living in country 𝑐 at time 𝑡, 

having scale from 1 to 10. While the data has been given as an ordered ranking, 

the regression is based on Ordinary Least Squares (OLS) since the scale is far more 

like continuous variable. Ordered logit will be used in robustness check.  

𝑅𝑖𝑔ℎ𝑡R$# indicates political preference index, a binary variable where 0 

stands for the left and 1 is the right. 𝑀𝑎𝑐𝑟𝑜R$ stands for macroeconomic variables 

such as inequality, GDP growth, inflation, unemployment and GDP per capita. 

According to Di Tella & MacCulloch (2005), response in happiness to 

macroeconomic variables can be differ by political tendencies; for example, they 

find that left wingers care more about unemployment relative to inflation than 

right-wingers. Country and wave fixed effects are included as 𝛿R and 𝛿$.  

The other individual level characteristics are all in the vector 𝑋′R$# 

containing gender, age, age-squared, subjective health perception, marital status, 

number of children, frequency of thinking meaning of life, religion, employment 

status, education, social class and income scale. Being conservatives can be 

involved with the other characteristic power such as having vested interest or high 

level of wealth. Therefore, we can see the pure impact of being politically right by 

controlling all these personal characteristics, especially social class and income 

level. 𝜀R$# is the error term. 	𝛽S is the coefficient that we are interested in which 

captures happiness premium of right-wingers.  
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4. Results 
 

4.1 Baseline Results 
 

Table 2 reports the marginal effect of being right-wingers when the dependent 

variable is a score of personal life satisfaction from 1 to 10. The table shows the 

changing impact of right dummy by adding control variables and fixed effects as 

the column moves from (1) to (5). According to the results, controlling social class, 

income scale and macroeconomic effects reduces the impact of being right which 

implies some parts of the impact of conservatism on happiness were attributed to 

these variables.  

Final result that we have tried to find is in Column (5), showing that 

people who are declaring themselves as right-wingers are happier than left-

wingers by 0.388 in life satisfaction score domain. It could explain around 16 % 

of one standard deviation increase in life satisfaction on average. The impact is 

quite substantial considering the other coefficients of binary control variables; for 

example, the impact is more powerful than that of gender or marrying, 

acknowledged as crucial determinant of happiness. In addition, no matter what 

kinds of control variables are added, the impact remains significant which means 

supporting of the conservative party has an independent effect on life satisfaction 

of individuals in real. In other words, if there are two individuals with perfectly 

identical conditions, person who are inclined to the right in politics is happier than 

the person in the left just by the fact that he/she prefers the right. Therefore, the 

‘happiness premium of right-wingers’ exists.  

 In case of macroeconomic variables, in Columns (4) and (5), signs 

and significances are changing dramatically as wave and country fixed effects are 

added. Power of income inequality has changed from positive to negative and the 
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impact of GDP growth got bigger while GDP per capita loses its power. 

Unemployment shows its negative effect within the country and inflation stays 

similar. This indicates that impacts of economic variables should be considered in 

the context of within country.  

(1) (2) (3) (4) (5)
Dependent Variable: 
Satisfaction of Life

No Control + Control + Social class & 
Income scale

+ Macroeconomic 
variables

+ Wave FE & 
Country FE

Right dummy 0.709*** 0.640*** 0.538*** 0.375*** 0.388***
(0.016) (0.018) (0.019) (0.022) (0.023)

Sex 0.263*** 0.226*** 0.231*** 0.199***
(0.017) (0.018) (0.023) (0.022)

Age -0.045*** -0.042*** -0.046*** -0.051***
(0.003) (0.004) (0.004) (0.004)

Age square 0.001*** 0.001*** 0.001*** 0.001***
(0.000) (0.000) (0.000) (0.000)

Health perception 0.860*** 0.774*** 0.723*** 0.693***
(0.011) (0.012) (0.014) (0.015)

Married 0.348*** 0.241*** 0.303*** 0.297***
(0.021) (0.022) (0.027) (0.026)

Number of children 0.003 0.018*** -0.011 0.005
(0.006) (0.006) (0.008) (0.008)

0.050*** 0.035*** 0.052*** 0.014
(0.010) (0.011) (0.013) (0.013)

Religion 0.018 0.015 0.143*** 0.178***
(0.015) (0.015) (0.019) (0.020)

Employment status 0.098*** 0.039*** 0.013 0.008
(0.011) (0.012) (0.014) (0.014)

Education 0.074*** -0.006 -0.024*** 0.000
(0.004) (0.004) (0.005) (0.005)

Social class 0.290*** 0.293*** 0.279***
(0.011) (0.013) (0.013)

Income scale 0.144*** 0.141*** 0.142***
(0.005) (0.006) (0.006)

Baseline Estimation Result
TABLE 2

Thinking meaning of 
life
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4.2 Robustness Check 
 

Table 3 shows results of robustness check using ordered logit model and different 

variables. First of all, in Panel A, dependent variable is satisfaction of life same as 

baseline model, but in Panel B, happiness is an alternative dependent variable 

representing subjective well-being instead of life satisfaction. Happiness variable 

asks people to choose their current happiness status from the following four 

categories: very happy, rather happy, not very happy and not at all happy. Further, 

while baseline estimation utilized only left and right tail of the political disposition 

data, here, original preference data with 10-scale responses is used for the 

robustness check. This would show whether the gradual changes in political 

orientation to the right could also incur happiness increment. All the analyses in 

Table 3 follow the baseline estimation model.  

Inequality 2.371*** -2.253***
(0.118) (0.552)

GDP growth 0.034*** 0.058***
(0.006) (0.008)

GDP per capita 0.043*** 0.004
(0.001) (0.010)

Unemployment 0.002 -0.020***
(0.002) (0.007)

Inflation -0.004*** -0.003***
(0.000) (0.001)

Wave FE _ _ _ _ Yes

Country FE _ _ _ _ Yes

N 98932 79277 67839 41324 41324
R-sq 0.02 0.12 0.16 0.23 0.27
Standard errors in parentheses
* p<.1  ** p<.05  *** p<.01
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Panel A: Dependent Variable = Satisfaction of Life

(1) (2) (3) (4)

Right dummy 0.388*** 0.319***
(0.023) (0.019)

Political Preference 0.058*** 0.056***
(0.406***) (0.392***)

(0.003) (0.003)

N 41324 104274 41324 104274
R-sq 0.27 0.28

Panel B: Dependent Variable = Happiness

(5) (6) (7) (8)

Right dummy 0.062*** 0.189***
(0.007) (0.021)

Political Preference 0.010*** 0.031***
(0.07***) (0.217***)

(0.001) (0.003)

N 41318 104181 41318 104181
R-sq 0.26 0.25

TABLE 3
Robustness Check

Notes: Political preference uses the original 10 scales of the variable. Values in the parentheses underneath 
the coefficient of political preference represent the impact when the preference has changed by 7 units, 
same as the right dummy's unit.

OLS Ordered Logit

OLS Ordered Logit
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Since utility level of each individual has been measured by an ordinal 

ranking, ordered logit has to be used to check the impact. In the baseline regression, 

however, OLS has been utilized for the analysis since life satisfaction has 10 

categorical outcomes, similar to continuous variable.  

According to the results, there are little changes in the coefficient 

depending on the model when the dependent variable is life satisfaction. In Panel 

B, on the other hands, magnitudes of coefficients are about three times larger in 

ordered logit than in the OLS. However, since all coefficients are significant, in 

both Panel A and B, we can conclude that being right-wingers has power on human 

utility regardless of its measurement, or we can say that being politically inclined 

to the right improves both life satisfaction and happiness. 

In Columns (2), (4), (6) and (8), we find that the more inclined to the right, 

the happier the individual, regardless of political groups that the individual 

belongs to, such as left, moderate or right. In other words, ‘happiness premium of 

right-wingers’ is not coming from the difference between extreme rightists and 

extreme leftists; people are getting happier even if they move slightly away from 

the left. This shows that the power of right disposition works even in the 

continuous level as we saw in Figure 1.  

Values in the parentheses underneath the coefficient of political 

preference represent the impact when the preference has changed by 7units, 

following the right dummy’s variation. In right dummy variable, right stands for 

the people who have political preference from 8 to 10 while left is the people in 

between 1 to 3. Therefore, 7 is the average change that can represent the right 

dummy’s variation in original scale. The size of coefficients below political 

preference results are similar to that of the right dummy’s, indicating that baseline 

result can be retained using different scale.  
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4.3 Heterogeneity 
 

Table 4 reports the results when the impact has been estimated by countries’ 

income level. This classification follows the World Bank criteria: low-income 

countries are defined as the place where a GNI per capita is $1,025 or less in 2018; 

for lower middle-income group are those with a GNI per capita between $1,026 

and $3,995; upper middle-income economies are between $3,996 and $12,375; 

high-income countries are $12,376 or more. Since the reference point is 2018, 

there may be some countries or waves that do not meet the corresponding criteria. 

However, according to the Table A2_1 showing the country list of income group, 

this classification seems appropriate overall.  

 The results in the table indicate that the lower the economic level of the 

country, the larger the right dummy’s impact. The reason of the trend will be 

discussed in more detail in mechanism part. The important point here is that 

‘happiness premium of right-wingers’ exists in all economy levels. There is only 

a difference in magnitude, the impact itself does not disappear. This tells us that 

‘happier right-wingers’ is a universal phenomenon.  

 In addition to right dummy, the other variables are also appeared to have 

different impacts on life satisfaction by the income group. For example, the lower 

the income group, the stronger the power of gender and perception of household 

income scale. On the other hands, the higher the economic level, the bigger the 

impact of married. In case of macroeconomic variables, the results seem a bit odd, 

especially in the low-income group; the higher the inequality and the worse the 

economy, the happier people become. This may be due to the small number of 

countries included in sample, seven, and relatively high number of 

macroeconomic variables, five. Country fixed effects, therefore, are all omitted 

after adding macroeconomic variables in Column (1). Except the low group, there 
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is no such a problem in the other regressions. Interesting point is that in high level 

economies, only unemployment and inflation can affect happiness. It seems 

natural considering the stabilized economy situations in those countries.  

  

(1) (2) (3) (4)
Dependent Variable: Satisfaction 
of Life

Low Low middle Upper middle High

Right dummy 0.436*** 0.535*** 0.338*** 0.248***
(0.096) (0.051) (0.044) (0.031)

Sex 0.428*** 0.239*** 0.189*** 0.181***
(0.091) (0.051) (0.042) (0.029)

Age -0.110*** -0.038*** -0.039*** -0.061***
(0.023) (0.011) (0.008) (0.006)

Age square 0.001*** 0.000*** 0.000*** 0.001***
(0.000) (0.000) (0.000) (0.000)

Health perception 0.840*** 0.648*** 0.670*** 0.692***
(0.057) (0.032) (0.028) (0.021)

Married 0.088 0.050 0.339*** 0.488***
(0.111) (0.065) (0.050) (0.035)

Number of children 0.008 -0.001 0.032** 0.012
(0.030) (0.016) (0.015) (0.012)

-0.003 -0.122*** 0.022 0.094***
(0.068) (0.031) (0.025) (0.018)

Religion -0.040 0.359*** 0.144*** 0.178***
(0.147) (0.080) (0.043) (0.023)

Employment status 0.073 0.024 0.039 0.028
(0.066) (0.033) (0.027) (0.019)

Education -0.048** 0.032*** -0.010 0.001
(0.022) (0.012) (0.010) (0.008)

Social class 0.205*** 0.196*** 0.360*** 0.238***
(0.056) (0.028) (0.024) (0.020)

Regression By Country Income Level
TABLE 4

Thinking meaning of life
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Table 5 shows the results of whether the magnitude of the gap would differ 

by socio-economic classes. In the first column, the right dummy is interacted with 

five social classes where a higher number represents a higher status. Similarly, in 

the second column, the right dummy is interacted with income scale and a higher 

number also represents the higher income group. According to the results, as the 

socio-economic classes get higher, the size of the right dummy gets smaller, since 

the coefficients of interaction terms are getting bigger in a negative direction. 

However, the coefficient of interaction term of social class lost its significance in 

the highest group and the power of income group also got weaker in the income 

scale 5. This is because the number of respondents, who answered that they are 

included in the highest social and income level, is substantially smaller than the 

other group. 

Income scale 0.210*** 0.214*** 0.157*** 0.066***
(0.028) (0.014) (0.010) (0.008)

Inequality 12.650*** 8.036*** 0.694 1.962
(1.158) (1.951) (1.049) (1.868)

GDP growth -0.649*** 0.333*** -0.196*** -0.012
(0.167) (0.036) (0.032) (0.022)

GDP per capita -2.714*** 1.448*** 0.271*** -0.028
(0.488) (0.300) (0.039) (0.019)

Unemployment 0.217*** -0.314*** -0.013 -0.061***
(0.043) (0.111) (0.018) (0.011)

Inflation 0.135*** -0.002 0.001 -0.096***
(0.035) (0.013) (0.001) (0.018)

Wave FE Yes Yes Yes Yes

Country FE Yes Yes Yes Yes

N 2966 10095 12698 15565
R-sq 0.28 0.23 0.26 0.26
Standard errors in parentheses

* p<.1  ** p<.05  *** p<.01
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The results imply that the lower socio-economic group has a higher 

happiness gap between the left and the right-wingers. Since left-wingers in the 

lower group would suffer more by inequality than the left-wingers in the higher 

group, the happiness gap can be bigger in the lower group. Moreover, even if the 

left-wingers in the higher group are also damaged by inequality, their high-income 

level can compensate for the negative impact. 

 

  

Right dummy 0.565*** Right dummy 0.512***
(0.065) (0.056)

Ref. Social Class 1 Ref. Income Scale 1

-0.088 -0.029
(0.077) (0.070)

-0.208*** -0.200***
(0.073) (0.068)

-0.334*** -0.236***
(0.076) (0.071)

-0.196 -0.232**
(0.163) (0.091)

The other control 
variables

Yes Yes

 Wave FE Yes Yes

Country FE Yes Yes

N 41324 41324
R-sq 0.27 0.27
Notes: Both social class and income scale variables are based on subjective evaluation. While the 
original income scale variable has 10-scale responses, I manipulated into 5-scale.

By Social Calss

Right dummy *   
Social Class 4

Right dummy *   
Social Class 5

Right dummy *   
Income Scale 2

Right dummy *   
Income Scale 3

Right dummy *   
Income Scale 4

Right dummy *   
Income Scale 5

By Income Scale
Right Dummy Impact By Social/Income Class

TABLE 5

Right dummy *   
Social Class 2

Right dummy *   
Social Class 3
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5. Economic Factors 
 

5.1 Hypotheses 
 

There are two hypotheses to explain why right-wingers are happier than left-

wingers on average in economic perspectives: first, left-wingers may be more hurt 

by income inequality than right-wingers; second, right-wingers may be more 

pleased with economic growth than the left. Both hypotheses are based on 

advanced researches.  

Alesina, Di Tella & MacCulloch (2004) shows that left-wingers are more 

damaged by inequality than the right both in Europe and US. In case of US, 

however, there is no unhappier left regarding inequality once unemployment rate 

is controlled. Similar can be found in WVS survey result on income equality 

asking people to choose their views on the issue. The question has a scale from 1 

to 10 where 1 means you think “Incomes should be made more equal” while 10 

means “We need larger income differences as incentives for individual effort.” 

According to Figure 2, showing distributions of answers in each group, people 

who are on the left are more likely think that income should be more equal, 

whereas right people are more supportive on the opinion that income differences 

work as incentive for more effort. Left-wingers, therefore, may be more negatively 

affected by income inequality than the right.  

 Second hypothesis is based on Easterlin paradox (Easterlin, 1974) and 

adaptation theory (Clark et al., 2008; Angeles, 2009). Easterlin paradox shows that 

average happiness remains constant while GNP per capita increases sharply. 

Adaptation theory explains that this could happen because people are getting used 

to their changed income. On this perspective, Di Tella et al. (2010) reports that 

right-wingers adapt to status but not to income while left-wingers are on the 
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contrary. From this, we can conjecture that right-wingers can be more pleased with 

economic growth, relative to the left.  

Moreover, Figure 3 shows percentage difference between the left and right 

who choose a high level of economic growth as a first goal of the country. 

According to the figure, more than fifty percent of people were right-wingers 

showing that second hypothesis can be valid in this data. The question in WVS 

asks people to choose what can be the first and second aims of the country for the 

next ten years from the followings: a high level of economic growth; making sure 

this country has strong defense forces; seeing that people have more say about 

how things are done at their job and in their communities; trying to make our cities 

and countryside more beautiful.  

 Using these hypotheses, suggest following scenarios; if inequality 

(economic growth) gets higher (lower), the coefficient of right dummy will also 

be higher (lower). Table 6 shows predictions using combinations of these two 

variables. If both inequality and economic growth are in low (high) status, then 

the impact will also be in low (high). On the other hands, if two variables are in 

opposite conditions, it is hard to predict which direction of the power will be 

stronger or whether the impact itself can be retained.  

 

 

 

                                     Inequality 
Economic Growth

Low High

Low Low	!+	Low	!	=	Low	! Low	!+	High	! =	?

High High	!+	Low	! =	? High	!+	High	! =	High	!

TABLE 6
Hypotheses
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Figure 2. Views on Income Inequality by Political Preference 

 

 
Figure 3. Percentage Difference Between the Left and Right Who Picked 

“Economic Growth” as the Most Important National Goal 

Source: World Value Survey data 
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5.2 Empirical Strategy for Hypotheses Testing 
 

To verify the hypotheses, use two empirical strategies, subgroup and interaction 

term estimation. While subgroup analysis runs regressions separately for the left 

and right, interaction term uses full sample. Subgroup analysis is as follows: 

 

𝐻R$#[ = 𝛼[+	𝛽S[𝐼𝑛𝑒𝑞𝑢𝑎𝑙𝑖𝑡𝑦R$ + 	𝛽V[𝐺𝐷𝑃	𝑔𝑟𝑜𝑤𝑡ℎR$ 

																																																						+	𝛽d[𝑀𝑎𝑐𝑟𝑜R$ + 𝛿R[ + 𝛿$[ + 𝑋R$#e[ Γ + 𝜀R$#[       (2) 

 

where subscript 𝑃 refers to  𝑃	 ∈ {L, R}. There is no right dummy variable 

since the sample has been divided into two, left and right. 𝑀𝑎𝑐𝑟𝑜R$ stands for 

macroeconomic variables included in baseline estimation except inequality and 

GDP growth. This allows us to see how the impacts of inequality and economic 

growth on happiness can be differ by the political disposition. Further, by 

comparing the size of the coefficients between the groups, we can check the 

hypotheses’ validity. Based on the predictions, expect following results; |𝛽Sg| > 

|𝛽Sh |,  	𝛽Vg < 𝛽Vh.  

Second analysis includes interaction term of inequality and GDP growth 

with right dummy in the baseline model. Coefficients of interaction terms indicate 

how right-wingers react differently to inequality and GDP growth against the left. 

Moreover, if the power of the right dummy is nullified after including interaction 

term, it means that the variable interacted with the right dummy can be the crucial 

determinant causing the happiness gap between right and left-wingers. This is 

because, in the interaction model, the meaning of the dummy’s coefficient is the 

power of being right when the interacted variable equals to zero. However, income 

inequality cannot be zero since it is the top 10% share of pre-tax national income. 

Therefore, in order to make inequality can be zero, 10% is subtracted from all 
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inequality value only for the interaction term analysis. Zero inequality now 

represents the situation that there is no income inequality at all. 

Lastly, to clarify the hypotheses in Table 6, divide inequality and GDP 

growth into three groups to extract high and low level of each variables. There are 

two kinds of criteria, absolute and relative, for the classification. Absolute criteria 

for inequality are as follows: low group includes countries where top 10% share 

of pre-tax national income is 30% or less; middle is in between 30% and 50%; 

high group is more than 50%. Absolute criteria for economic growth are as follows: 

low level represents the place where GDP growth is 2% or less; middle group is 

in between 2% and 5%; high economic level is above 5%. All the absolute criteria 

are based on the distributions of the variables. Relative classification divides the 

variables into three groups in equal size for each wave.  

Table 7 shows summary statistics of the variables according to different 

criteria. It is clear that relative classification has bigger sample size than the 

absolute one. Moreover, low groups using relative criteria have higher mean value, 

while high groups with relative criteria has lower mean for both variables. These 

are natural considering relative classification divides the sample into three equal 

parts.  

Full Low High Low High

Mean 0.414 0.271 0.558 0.282 0.538
Std. Dev. (0.112) (0.03) (0.043) (0.032) (0.069)
Obs 240,438 54,141 58,534 72,109 68,326

Mean 3.724 -0.049 6.944 0.78 6.634
Std. Dev. (2.881) (2.633) (1.494) (2.556) (1.647)
Obs 339,489 71,343 94,356 100,971 107,342

Absolute criteria Relative criteria
Summary Statistics_Income Inequality and GDP Growth

TABLE 7

Income 
Inequality

GDP growth



 64 

5.3 Hypotheses Results 
 

Table 8 reports the results of hypotheses testing where Columns (1) and (2) are 

subgroup regressions outcomes and Columns (3) to (5) are interaction term 

analysis results. As hypotheses predicted, in Columns (1) and (2), left -wingers are 

more hurt by inequality than right-wingers. On the other hands, GDP growth has 

more positive impact on the right rather than the left. While coefficients are 

significantly different between the left and right in economic growth (prob > chi2 

= 0.005), those are not statistically different in inequality (prob > chi2 = 0.775). 

This, however, does not mean that we can reject the first hypothesis since subgroup 

estimation shows only average responses in happiness in each group. Real 

differences, therefore, can be found in the interaction term analysis using full 

sample.  

Columns (3) to (5) shows different interaction term regressions; while 

Columns (3) and (4) contain only one interaction term for each inequality and GDP 

growth, in Column (5), both variables are all interacted with right dummy. 

According to results in Column (3), inequality reduces left-wingers life 

satisfaction more than right-wingers since coefficient of interaction of inequality 

and the right dummy is positive and significant. Further, the right dummy has no 

power on happiness in Column (3) which means if inequality equals to zero, being 

right has no independent impact on human utility. This verifies the first hypothesis 

that inequality is the economic factor of happiness premium of the right, making 

left-wingers unhappier by inequality.  

 Column (4) indicates that right-wingers are almost twice happier about 

economic growth than the left. However, according to the right dummy’s 

coefficient, GDP growth does not play a critical role as a factor as much as 

inequality since even if GDP growth equals to zero, being right still has power on 
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happiness. Still, the channel reduces the magnitude of the impact considering that 

0.203 is smaller than 0.388 in the baseline result. Column (5) shows the results 

when both channels work at once. Based on the results in Columns (3), (4) and (5), 

we can conclude that though inequality and GDP growth are both factors that could 

cause happiness difference between the left and right as expected, inequality  

plays more important role.   

 

(1) (2) (3) (4) (5)
Dependent Variable: 
Satisfaction of Life

Left Right All All All

Right dummy 0.082 0.203*** 0.037
(0.065) (0.041) (0.065)

Inequality -2.498*** -2.206*** -2.867*** -2.332*** -2.720***
(0.819) (0.690) (0.567) (0.552) (0.569)

Inequality*Right dummy 0.929*** 0.618***
(0.196) (0.218)

GDP growth 0.040*** 0.087*** 0.057*** 0.042*** 0.045***
(0.009) (0.012) (0.008) (0.008) (0.008)

GDP growth*Right dummy 0.044*** 0.036***
(0.009) (0.010)

The other control variables Yes Yes Yes Yes Yes

 Wave FE Yes Yes Yes Yes Yes

Country FE Yes Yes Yes Yes Yes

N 19623 21701 41324 41324 41324
R-sq 0.29 0.25 0.27 0.27 0.27

TABLE 8
Economic Factors Related to Happiness Gap

Notes: While coefficients of inequality in Columns (1) and (2) are not statistically different (prob > chi2 = 0.798), coefficients 
of GDP growth are significantly different (prob > chi2 = 0.005). Inequality = top 10% share of pre-tax national income - 0.1
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Table 9 and 10 show results for the hypotheses-based results. Table 9 

reports coefficients of right dummy when inequality and GDP growth are in low 

or high status. Absolute criteria are used in Panel A and relative criteria are used 

in Panel B. All regressions are based on baseline estimation model. As mentioned 

earlier, if inequality or economic growth is in low (high) status then the impact of 

right also be low (high) presented in the Prediction row. A standard that determines 

the coefficient level is 0.388, baseline result since it represents general effect of 

being right on happiness. All results in both Panel A and B meet the predictions 

implying that low (high) level of inequality makes left-wingers ‘less unhappier’ 

(‘more unhappier’) than the right while low (high) level of GDP growth makes 

right-wingers ‘less happier’ (‘more happier’) than the left.  

  

(1) (2) (3) (4)
Low High Low High

Prediction !<	0.388 ! >	0.388 ! < 0.388 ! > 0.388

Panel A: Absolute critereia

Right dummy 0.246*** 0.472*** 0.181*** 0.516***
(0.042) (0.044) (0.049) (0.041)

N 8733 11754 7120 14377
R-sq 0.36 0.24 0.41 0.23
Panel B: Relative criteria

Right dummy 0.278*** 0.533*** 0.287*** 0.509***
(0.036) (0.041) (0.039) (0.041)

N 12086 13395 12034 14582
R-sq 0.38 0.25 0.36 0.23

TABLE 9
Separate Hypotheses Test Results

Inequality Economic Growth
Dependent Variable: 
Satisfaction of Life

Notes:  0.388 is the baseline estimation results of right dummy's coefficient.
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Table 10 tests combined effect of inequality and GDP growth. As 

presented in Table 6, if the two variables are all low (high), coefficient of right 

dummy is smaller (bigger) than 0.388 regardless of whether the classification is 

absolute or relative. In addition, the coefficients obtained in Table 10 when both 

variables are low (high), is smaller (bigger) than the coefficients in Table 9 when 

only one of them is low (high). It may seem odd that effect of right dummy stays 

significant when both inequality and GDP growth are low since if these two  

                                Inequality 
Economic Growth

Low High

Panel A: Absolute criteria

Low Right dummy 0.180*** -0.172
(0.059) (0.401)

N 3862 408
R-sq 0.33 0.11

High Right dummy 0.133 0.732***
(0.122) (0.066)

N 1283 4598
R-sq 0.22 0.24

Panel B: Relative criteria

Low Right dummy 0.199*** 0.252
(0.049) (0.210)

N 6211 876
R-sq 0.40 0.44

High Right dummy 0.092 0.764***
(0.111) (0.057)

N 1488 6144
R-sq 0.31 0.25

Combined Hypotheses Test Results
TABLE 10
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variables are in low status then the channels that cause happiness disparity between 

the left and right may diminish. The countries, however, included in this (low, low) 

group are mostly Europe countries such as Sweden, Switzerland and Norway 

where left-wingers are more sensitive to social inequality. Therefore, even if the 

group has low inequality level already, left-wingers still can be bothered from the 

existence of inequality. Lastly, if the variables are in opposite conditions, we 

cannot find the any effect of being right in both Panel A and B. This may be due 

to the small sample size.  

 Table 11 shows the correlation between the right dummy’s coefficient, 

estimated in Table 4, and economic factor variables’ status in each income group. 

As the table reports, the lower the income group, the higher the income inequality 

and economic growth. This indicates that the magnitude of the impact and 

economic factor variables are closely related. Therefore, the difference in the 

coefficient in Table 4 may be caused by inequality and GDP growth level in each 

income group. Some people may have doubts on the result since the coefficient is 

higher in low-middle than in low income group. However, considering that low 

group has relatively smaller sample size than the other groups, the deviation of the 

coefficient’s size has little impact to harm the overall trend.   
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6. Conclusion  
 

This paper studies happiness disparity between conservatives and liberals and 

verifies the economic factors using income inequality and GDP growth. People 

are more likely to be happier when their political disposition is more on the right. 

It could explain around 16 percent of one standard deviation increase life 

satisfaction, bigger than the impact of sex. This impact of being right stays 

significant, even after controlling for personal characteristics, macroeconomic 

variables, country and wave fixed effects.  

(1) (2) (3) (4)
Low Low middle Upper middle High

Right dummy 0.436*** 0.535*** 0.338*** 0.248***
(0.096) (0.051) (0.044) (0.031)

N 2966 10095 12698 15565

Income Inequality Mean 0.505 0.466 0.464 0.346
Std. Dev. (0.062) (0.069) (0.105) (0.098)
Obs 10,775 41,955 80,445 100,884

GDP growth Mean 5.887 4.4 3.73 3.06
Std. Dev. (2.975) (3.425) (2.912) (2.162)
Obs 12,771 68,631 145,577 112,510

Notes: The standard of income level follows the World bank criteria. Robust standard errors in 
the parentheses. The table shows basline statistics of income inequality and GDP growth of 
corresponding country income level. "* p<.1  ** p<.05  *** p<.01"

TABLE 11
Inequality & GDP Growth Level By Income Level
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In other words, right-wingers have happiness premium just because of the 

fact that they support conservative parties. Moreover, even in 10 scaled political 

preference, where 1 means extreme left and 10 is extreme right, 1-unit changes to 

the right make people happier. The ‘happiness premium of the right’ exists in all 

economy level, meaning that the phenomenon is universal.  

 To explain why conservatives are happier than liberals, the study suggests 

two hypotheses based on related literatures: first, left-wingers are more damaged 

by income inequality than the right; second, right-wingers are more pleased with 

economic growth than the left. The findings, using subgroup and interaction term 

analyses, show that left-wingers more negatively response to inequality while 

right-wingers more positively react to GDP growth. The major economic factor, 

however, is inequality that is related to happiness difference between the two 

groups by making left-wingers unhappier. In a similar context, if either or both of 

inequality and GDP growth level is low (high), the impact of right dummy gets 

smaller (bigger) than the average level of the impact. This explains why the low 

level of economy, having both high inequality and economic growth, has bigger 

impact of right dummy.  

 While economic status is crucial factor of the difference in happiness 

between conservatives and liberals, perception that how seriously people take 

inequality as a problem is also an important factor. This is because the subgroup 

estimation result shows that happiness gap still exists even in the group where 

inequality and economy growth are low. This can be explained if people included 

in this group would take inequality much more seriously than the people in the 

other groups. In fact, countries included in this group were mostly Europe where 

welfare and wealth distributions are treated as important social values.  

 This study shows how differently people perceive given identical 

situations according to their preferences and how this could change their utility 
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level. This suggests that utility is mostly a matter of perception rather than an 

objective situation. Therefore, preference such as political disposition is an 

important determinant of personal utility.  
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Appendices 

Country/region Freq. Percent Cum.

Low income

Ethiopia 1,500 11.75 11.75
Haiti 1,996 15.63 27.37
Mali 1,534 12.01 39.39
Rwanda 3,034 23.76 63.14
Uganda 1,002 7.85 70.99
Tanzania 1,171 9.17 80.16
Burkina Faso 1,534 12.01 92.17
Yemen 1,000 7.83 100

Total 12,771 100

Lower middle income

Bangladesh 3,025 4.41 4.41
El Salvador 1,254 1.83 6.23
Ghana 3,086 4.5 10.73
India 12,621 18.39 29.12
Indonesia 3,015 4.39 33.51
Kyrgyzstan 2,543 3.71 37.22
Moldova 3,038 4.43 41.65
Morocco 3,651 5.32 46.97
Nigeria 6,778 9.88 56.84
Pakistan 3,933 5.73 62.57
Philippines 3,600 5.25 67.82
Vietnam 2,495 3.64 71.45
Zimbabwe 2,502 3.65 75.1
Tunisia 1,205 1.76 76.85
Ukraine 5,311 7.74 84.59
Egypt 7,574 11.04 95.63
Uzbekistan 1,500 2.19 97.81
Zambia 1,500 2.19 100

Total 68,631 100

TABLE A2_1
Country List By Income Level
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Upper middle income

Albania 1,999 1.37 1.37
Algeria 2,482 1.7 3.08
Azerbaijan 3,004 2.06 5.14
Argentina 6,398 4.39 9.54
Armenia 3,100 2.13 11.67
Bosnia Herzegovina 1,200 0.82 12.49
Brazil 5,911 4.06 16.55
Bulgaria 2,073 1.42 17.97
Belarus 4,642 3.19 21.16
China 7,791 5.35 26.52
Colombia 10,562 7.26 33.77
Dominican Rep. 417 0.29 34.06
Ecuador 1,202 0.83 34.88
Georgia 4,710 3.24 38.12
Guatemala 1,000 0.69 38.8
Iran 5,199 3.57 42.38
Iraq 6,226 4.28 46.65
Kazakhstan 1,500 1.03 47.68
Jordan 3,623 2.49 50.17
Lebanon 1,200 0.82 51
Libya 2,131 1.46 52.46
Malaysia 2,501 1.72 54.18
Mexico 9,973 6.85 61.03
Montenegro 1,300 0.89 61.92
Peru 5,422 3.72 65.65
Romania 4,518 3.1 68.75
Russia 8,534 5.86 74.61
Serbia 3,700 2.54 77.15
South Africa 16,786 11.53 88.68
Thailand 2,734 1.88 90.56
Turkey 9,289 6.38 96.94
Macedonia 2,050 1.41 98.35
Venezuela 2,400 1.65 100

Total 145,577 100



 76 

 High income 

Andorra 1,003 0.88 0.88
Australia 6,174 5.42 6.3
Canada 4,095 3.59 9.89
Chile 5,700 5 14.89
Croatia 1,196 1.05 15.94
Cyprus 2,050 1.8 17.74
Czech Rep. 2,071 1.82 19.56
Estonia 2,554 2.24 21.8
Finland 3,004 2.64 24.43
France 1,001 0.88 25.31
Germany 6,136 5.38 30.69
Hong Kong 2,252 1.98 32.67
Hungary 3,121 2.74 35.41
Israel 1,199 1.05 36.46
Italy 1,012 0.89 37.35
Japan 8,170 7.17 44.52
South Korea 7,070 6.2 50.72
Kuwait 1,303 1.14 51.86
Latvia 1,200 1.05 52.92
Lithuania 1,009 0.89 53.8
Netherlands 2,952 2.59 56.39
New Zealand 2,996 2.63 59.02
Norway 2,152 1.89 60.91
Poland 4,057 3.56 64.47
Puerto Rico 1,884 1.65 66.12
Qatar 1,060 0.93 67.05
Saudi Arabia 1,502 1.32 68.37
Singapore 3,484 3.06 71.43
Slovakia 1,561 1.37 72.8
Slovenia 3,113 2.73 75.53
Spain 6,319 5.54 81.07
Sweden 4,172 3.66 84.73
Switzerland 3,853 3.38 88.11
Trinidad and Tobago 2,001 1.76 89.87
United States 8,548 7.5 97.37
Uruguay 3,000 2.63 100

Total 113,974 100
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Wave Low Middle High Total

1 Mean 0.21 0.26 0.36 0.28
SD 0.03 0.02 0.08 0.08

# of Countries 13 14 14 41

2 Mean 0.26 0.44 0.58 0.43
SD 0.03 0.06 0.06 0.14

# of Countries 38 38 38 114

3 Mean 0.29 0.45 0.57 0.44
SD 0.03 0.04 0.06 0.13

# of Countries 37 37 38 112

4 Mean 0.3 0.46 0.56 0.44
SD 0.03 0.04 0.05 0.12

# of Countries 38 39 39 116

5 Mean 0.3 0.46 0.56 0.44
SD 0.03 0.03 0.06 0.12

# of Countries 40 40 41 121

6 Mean 0.3 0.45 0.56 0.44
SD 0.03 0.03 0.05 0.12

# of Countries 40 40 41 121

Total Mean 0.28 0.44 0.55 0.43
SD 0.04 0.06 0.08 0.13

# of Countries 206 208 211 625

TABLE A2_2

Inequality Level
Summary Statistics_Income Inequality Based on Relative Criteria
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Absolute Criteria for Income Inequality 

 

Low: top 10% share of pre-tax national income ≤ 30% 

Middle: 30% < top 10% share of pre-tax national income ≤ 50% 

High: 50% < top 10% share of pre-tax national income  

   

Wave Low Middle High Total

1 # of Countries 31 9 1 41
Proportion 75.61 21.95 2.44 100

2 # of Countries 33 38 43 114
Proportion 28.95 33.33 37.72 100

3 # of Countries 26 44 42 112
Proportion 23.21 39.29 37.5 100

4 # of Countries 24 51 41 116
Proportion 20.69 43.97 35.34 100

5 # of Countries 25 57 39 121
Proportion 20.66 47.11 32.23 100

6 # of Countries 25 58 38 121
Proportion 20.66 47.93 31.4 100

Total # of Countries 164 257 204 625
Proportion 26.24 41.12 32.64 100

TABLE A2_3
Summary Statistics_Income Inequality Based on Absolute Criteria

Inequality Level
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Wave Low Middle High Total

1 Mean -1.19 2.14 5.98 2.33
SD 2.23 0.52 2.55 3.54

# of Countries 63 63 64 190

2 Mean -3.17 2.61 6.63 2.03
SD 6.18 0.74 3.4 5.73

# of Countries 75 75 75 225

3 Mean 1.4 3.81 7.66 4.3
SD 2.12 0.38 7.87 5.36

# of Countries 78 79 79 236

4 Mean 1.41 3.84 6.76 4
SD 1.57 0.48 3.19 3.01

# of Countries 84 84 84 252

5 Mean 1.1 4.17 7.62 4.29
SD 1.84 0.58 3.09 3.39

# of Countries 84 84 84 252

6 Mean 0.53 3.68 6.84 3.68
SD 1.88 0.81 2.27 3.12

# of Countries 84 84 84 252

Total Mean 0.11 3.44 6.95 3.51
SD 3.44 0.93 4.21 4.24

# of Countries 468 469 470 1407

TABLE A2_4

Economic Growth Level
Summary Statistics_Economic Growth Based on Relative Criteria
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Absolute Criteria for GDP Growth 

 

Low: GDP Growth ≤ 2% 

Middle: 2% < GDP Growth ≤ 5% 

High: 5% < GDP Growth 

 

 
 
 
 

Wave Low Middle High Total

1 # of Countries 86 67 37 190
Proportion 45.26 35.26 19.47 100

2 # of Countries 95 82 48 225
Proportion 42.22 36.44 21.33 100

3 # of Countries 34 144 58 236
Proportion 14.41 61.02 24.58 100

4 # of Countries 45 140 67 252
Proportion 17.86 55.56 26.59 100

5 # of Countries 60 100 92 252
Proportion 23.81 39.68 36.51 100

6 # of Countries 72 92 88 252
Proportion 28.57 36.51 34.92 100

Total # of Countries 392 625 390 1407
Proportion 27.86 44.42 27.72 100

TABLE A2_5

Economic Growth Level
Summary Statistics_Economic Growth Based on Absolute Criteria



 81 

Chapter Ⅲ  

Parents’ Happiness Lingers on Child’s Life  
 

 

1. Introductions 
 

The intergenerational correlation of income or education has been studied for a 

long time in economics. However, a subject like intergenerational happiness 

transmission has been rarely studied in this field of study. The object of this paper, 

therefore, is to investigate the impact of parental happiness on the child’s life in 

the long run. While there is a lot of literature that analyzes the effect of parents’ 

happiness on their child, they are mostly in the fields of psychology, sociology, 

and pedology. This study tries to examine the effect of parental happiness on their 

children’s happiness in the future using economic tools.  

This study includes both adult children who are living with their parents 

or who are separated from their original household. This is because the difference 

between the two groups implies that the choice of separation was not random 

which may contain selection bias overestimating or underestimating the impact of 

parental happiness. It is, however, exclude children who support their parents. 

 This study shows that parental happiness in the past affects a child’s life 

satisfaction and it lasts about 16 years. This effect even survives after controlling 

current parents’ happiness, implying that children who were lived with happier 

parents have a higher likelihood to be happier in the future. You might think that 

this can be the income effect, imagining that wealthier parents would be happier 

and a child who grown-up under richer parents is more likely to earn more income 

which makes the child happier. However, since the income effect of both child and 
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parents is controlled, we can say that this is the pure independent correlation 

between the happiness of the two. 

 Further, to test the heterogeneity of the impact, subgroup estimation and 

interaction term analyses have been done. According to the result, there is no clear 

difference between the impact of mother and father, except mother has one-period 

longer lasts. Also, the impact was almost similar for both son and daughter. This 

paper lastly suggests two hypotheses that could explain the impact of parental 

happiness; genetic factor and behavioral mechanism. Both hypotheses are based 

on precedent researches and appropriate to explain the invariant effect of parental 

happiness over time. 

 This paper differs from previous studies in the following regards. First, 

this study uses parental happiness in the past rather than the current one as the 

most of precedent literature has used. This is because the main object of this paper 

is to see whether parental happiness in the past would last in a child’s life. Second, 

the paper analyzes the impact in a long period, 16 years. Most of the studies were 

based on the short-term impact using cross-sectional data rather than the panel. 

 The rest of this paper is organized as follows. In next section, related 

literature will be introduced. Section 3 explains the data and variable description 

and in section 4 empirical strategy is presented. Section 5 shows results of this 

paper and section 6 contains possible channels which may explicate the 

mechanism. Section 7 concludes.  
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2. Literature Review 
 

There are a lot of studies regarding the family background and happiness 

transmission. According to Björklund and Jäntti (2012), family background such 

as inherited genes, household income, and family culture can explain about 40% 

to 60% of the variation in productive traits like IQ noncognitive skills, education 

height, and even long-run income scale. They used sibling and twin data, who 

shared similar or even identical genes and growth environment, to estimate the 

correlation between them. They found that existing intergeneration mobility 

underestimates the power of the family environment. 

 This family background issue was also studied in a happiness perspective. 

This was first started by Coenders et al. (2005) investigating the factor of life 

satisfaction for both parents and children. It shows that the interpretation of value 

dimensions was similar for both parent and child in Brazil and Spain. Later, Casas 

et al. (2008) examined the relationship between the life satisfaction of parents and 

children, aged 12 to 16 years old. The sample is Spanish 266 families. They found 

that the strong positive correlation of the summated scale of subjective well-being 

between parents and their children. However, there was no correlation between 

the two for the other five domains that constitute this life satisfaction index. They 

have, therefore, conclude that the similarity between the parent and children’s 

happiness can be obtained from the shared environment rather than heritability. 

 However, Headey, Muffels, & Wagner (2014) showed that correlation 

stays significant even for children who are now independent of their parents’ house 

as a full-grown adult. Further, De Neve et al. (2012) suggests that this strong 

correlation between parents and child may come from genetic factors such as 

serotonin transporter. Therefore, while the existence of intergenerational 

happiness correlation is pretty much accepted by many researchers, its 
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significance and its mechanism are still not clearly defined since the relationship 

between parents and children is highly complex. 

 Ma (2016) even suggests that the mechanism that links parents and 

children’s happiness can be the intergenerational transmission of wealth. This 

paper explicates that since wealth, which is a crucial determinant of happiness, 

can be inherited from parents to their children, life satisfaction can also be 

inherited. While this is quite a persuasive theory, it is hard to explain the 

mechanism of this study. Since the income effect, which may reflect this wealth 

impact, is already controlled in the study. 

 

 

 

3. Data and Variable Description 
 

This paper uses Korean Labor and Income Panel Study (KLIPS) dataset which 

provides annual longitudinal survey on individuals and households, residing in the 

urban areas of South Korea. It starts in 1998 with 5000 households and 1415 new 

households were added in 2009. Currently there are total 21 waves, from 1998 to 

2018. However, this paper utilizes only 20 years of data which excludes 2018, 

since the analysis is based on two years unit. The data includes detailed 

information of socio-economic status of individuals and their subjective life 

satisfaction asking “Overall, how satisfied are you with your life?” The answer 

has five categories from “Completely dissatisfied” to “Completely satisfied.” 

 The main independent variable is average parental happiness during the 

first three years of the data, 1998 to 2000. The calculation formula is equation (1). 

During these years, parents and children were living together, even if the child 

move-out in the future. Parent’s happiness is fixed in early periods of data since 
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the main object of the paper is to see how long does the impact of past parent’s 

happiness lasts in a child’s life. While the parent includes both mother and father, 

it can be either one of them if there is only one of the two.  

 
𝑃𝑎𝑟𝑒𝑛𝑡𝑠′	𝐻𝑎𝑝𝑝𝑖𝑛𝑒𝑠𝑠	(98~00)

= 	
n𝑚𝑜𝑡ℎ𝑒𝑟

e𝑠Sppq + 𝑓𝑎𝑡ℎ𝑒𝑟e𝑠Sppq
2 s + n𝑚𝑜𝑡ℎ𝑒𝑟

e𝑠Sppp + 𝑓𝑎𝑡ℎ𝑒𝑟e𝑠Sppp
2 s + n𝑚𝑜𝑡ℎ𝑒𝑟

e𝑠Vttt + 𝑓𝑎𝑡ℎ𝑒𝑟e𝑠Sppp
2 s

3  

(1)	

	

 The dependent variable of this analysis is the happiness of the child. The 

definition of a child is people who ever declared themselves as ‘son or daughter 

of householder’ at least once. This paper, however, covers only adult children, 

since minors are mostly excluded from the survey of happiness questions. 

Therefore, the sample is composed of adult children who moved out of their 

parent's house, or who do not. According to Table 1, the characteristics of the two 

group is significantly different, except parental happiness and health perception, 

implying selection bias. Therefore, limiting the sample as either one of them can 

be misleading. However, the study does not include the children who serve their 

parents. 

Mean Obs Mean Obs Diff 
Happiness 3.28 2057 3.24 1847 0.05**
Parent's Happiness (98~00) 2.87 1311 2.87 1628 -0.02
Sex 0.39 2068 0.48 1853 -0.09***
Income 8.22 1822 7.97 1828 0.25***
Health perception 3.85 1681 3.88 1119 -0.03
Marital status 1.02 2068 1.05 1852 -0.03***
Education 5.05 2068 4.96 1852 0.09***
Job status 4.24 1698 4.55 1280 -0.31***

Child who will  not move-out Child who will move-out
Characteristic Difference 

TABLE 1

Notes: Difference is calculated based on the average value of the period when both groups are all living with their parent and
aged 25 to 27.
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 Correlation between these two variables is shown in Figure 1. Parental 

happiness is divided into 9 groups since it is continuous variable. Size of the 

hollow circle represent the sample size in each group. In the case of a child’s 

happiness, it includes all data periods after the year 2000. According to Figure 1, 

on average, people tend to report higher happiness levels when their parent’s 

average happiness from 1998 to 2000 is higher. 

 Besides these two main variables, there are sex, age, age squared, 

household income, subjective health perception, marital status, religion, education, 

job status, and residential types are included in the analysis as control variables. 

Among them, marital status, education, job status, and residential types are 

categorical variables. Marital status has five categories; single, married, separate, 

divorce, and widowed. Education level is three; below college, college student, 

college graduate, or above. In the case of job status, I tried to include category as 

specific as possible since it is important for adult’s happiness. It has housewives, 

students, job seekers, self-employ, temporary workers, and regular workers. 

Residential type is divided into four categories own house, rent, monthly rent, and 

the others. According to Kang (2010), owning a house is an influential determinant 

of Korean’s life satisfaction. 
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Figure 1. Correlation Between Parental and Child’s Happiness 

Source: Korean Labor and Income Panel Study data 

 

 

 

4. Empirical Strategy  
 

To estimate the impact of past parental happiness by time, the equation (2) has 

been regressed by 𝑡, where 𝑡 ∈ {2003, 	2005,… , 	2015}. Each 𝑡 includes the 

next year, meaning that the regression is based on two years. This is because yearly 

estimation can be volatile. Further, all variables are standardized to make 

coefficients comparable.  

 

																															𝐶𝐻#$ = 𝛼 + 𝛽𝑃𝐻#pq~tt + 𝑋′#$Γ + 𝜀#$             (2) 

 

𝐶𝐻#$ is the happiness of child 𝑖, at time 𝑡 and 𝑃𝐻#pq~tt is the average 

happiness of parents from 1998 to 2000. The goal of the estimation is to observe 

2.
5

3
3.

5
4

1 2 3 4 5
(mean) Parents Happiness 1998~2000

Fitted values (mean) Child's Happiness
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how the coefficient of 𝑃𝐻#pq~tt, 𝛽, changes by time. The vector 𝑋′#$ indicates 

a set of individual-level control variables such as sex, age, age squared, log 

household income, subjective health perception, marital status, religion, education, 

residential types and job status. Categorical variables such as marital status, 

education, residential type, and job status are included as dummy variables.  

 

 

5. Results  
 

5.1 Baseline Results 
 

Figure 2 shows how the coefficient of parental happiness changes over time. The 

four lines represent different estimation results including different control 

variables. The top dashed line is the result when there are no control variables. As 

you can see, the impact of parental happiness gets lower over time. The second 

solid red line is the baseline result and it also has a downward slope. The average 

of total observation number in each period is about 4200 for the baseline 

estimation and their R-square is about 0.2.  

In the third line with triangle, average household income of parent during 

1998 and 2000 is added to see whether the impact of parent’s happiness is the 

power of income rather than happiness itself. While overall sizes of the 

coefficients are decreased, trend and significances are retained as before. 

Therefore, it implies that the power of parent’s happiness is not coming from their 

money. The last one at the bottom shows the result when the current parental 

happiness is added in the third estimation. This variable has been added to see 

whether parental happiness in the past would have an independent impact even 

after controlling the current parent’s happiness. According to the results, while the 
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sizes and significance levels of coefficients are reduced, it still has a positive 

impact on a child’s happiness and it lasts about 16 years. 

There are two features in this graph. First, the happiness of the parents 

from the past is continuously related to their children’s lives. As it is shown in the 

graph, even if the size of the coefficient gets smaller as time goes by, it never loses 

its explanatory power of a child’s happiness. Second, the magnitude of the 

coefficient is almost similar over time when current happiness of parents is 

controlled. It demonstrates that the bigger impact at the beginning of the data 

period was due to the strong correlation between the current and the past happiness 

of parents. Therefore, we can see that the independent effect of past parental 

happiness does not change significantly with time. 

Figure 2 shows the same result in Figure 1 separately. The graph shows 

the confidence interval using the standard deviations of each coefficient value.  

As the graph shows, although the magnitude of the coefficients varies greatly, the 

standard deviation does not change significantly. 
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Figure 2. Coefficient Changing Over Time 

 

Source: Korean Labor and Income Panel Study data 
Notes: * p<.1  ** p<.05 *** p<.01 
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Figure 3. Confidence Interval of the Coefficients  

Source: Korean Labor and Income Panel Study data 
 

 

 

5.2 Heterogeneity 
 

Until now, the happiness of parents was calculated by averaging the happiness of 

mother and father. In this section, I tried to see the heterogeneity of the happiness 

impact by dividing parent as mother and father. Further, to examine the difference 

between son and daughter, the interaction term has been added. The estimation 

regression model is as follows: 
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																										𝐶𝐻#$ = 𝛼 + 𝛽𝑀𝐻#pq~tt ∗ 𝑠𝑒𝑥 + 𝑋′#$Γ + 𝜀#$             (4) 

 

where 𝐹𝐻#pq~tt  (𝑀𝐻#pq~tt)	is the average happiness of father (mother) of a 

child 𝑖, during 1998~2000. Except that variable 'sex' has been included as an 

interaction term with mother or father's happiness, all the other settings are the 

same as the baseline estimation model.  

 According to Table 2, there is no conspicuous difference between the 

effect of mother and father, except the mother’s impact lasts one period longer 

than the father’s. Moreover, the magnitude of the impact is almost similar between 

the son and daughter implying that the gender of a child is not a substantial 

variable in parental effect. Through the results, we may infer that the important 

thing between the parent and children is the relationship itself rather than the 

gender.  

(1) (2) (3) (4) (5) (6) (7)
2003 2005 2007 2009 2011 2013 2015

Panel A: Father's
Father's Happiness 0.135*** 0.074*** 0.088*** 0.050** 0.060*** 0.020 0.019

(0.024) (0.021) (0.020) (0.020) (0.019) (0.019) (0.018)

Ref. Son
-0.059 -0.038 -0.003 -0.000 0.004 0.035 0.039
(0.038) (0.032) (0.032) (0.028) (0.028) (0.029) (0.028)

N 2413 2969 3238 3532 3504 3414 3421
R-sq 0.19 0.21 0.22 0.20 0.23 0.21 0.21
Panel B: Mother's
Mother's Happiness 0.126*** 0.094*** 0.076*** 0.067*** 0.051*** 0.038** 0.022

(0.024) (0.021) (0.021) (0.020) (0.018) (0.018) (0.018)

Ref, Son
-0.026 -0.004 0.030 0.034 0.009 0.046 0.035
(0.039) (0.032) (0.032) (0.029) (0.027) (0.029) (0.028)

N 2697 3290 3560 3855 3805 3691 3699
R-sq 0.19 0.21 0.22 0.20 0.23 0.21 0.21
Standard errors in parentheses
* p<.1  ** p<.05  *** p<.01

Father's
Happiness*Daughter

Mother's
Happiness*Daughter

TABLE 2
Heterogeneity
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6. Possible Channels 
 

To illustrate the results of this paper, I present two hypotheses that can be 

supported by prior literature. We must, first, remind that the pure impact of 

parental happiness was not varying over time. The first hypothesis is a genetic 

factor. This is because the mechanism has to be not time-invariant, linking both 

parents and children. According to De Neve et al. (2012), investigating the effect 

of genetic variation on life satisfaction by using a twin design, they have found 

that 33% of the variation in subjective well-being is explained by genetic variation. 

Moreover, they found the gene which is strongly related to higher happiness 

response, transporting serotonin (SLC6A4).  

Furthermore, Rotenberg (2013) have shown that the other serotonin 

transporter (5-HTTPR) is also related to mood. It could regulate personal mood 

by changing serotonin distribution in brain cells. In addition to these studies, there 

are a lot of literatures studying the biological factors of happiness (Dfarhud, 

Malmir, & Khanahmadi, 2014). Therefore, we could imagine that parental 

happiness lingers on a child’s life through their biological connections such as 

genes, brain activity, and hormones. However, the genetic power in happiness is 

still controversial since others argue that its explanatory varies by studies.   

Therefore, the second hypothesis suggests behavioral channel which is 

more focused on the acquired environmental factors. According to Headey, 

Muffels, & Wagner (2014), happiness transmission between parents and children 

if partly because of the behavior and values what the child is learning from their 

parents. The study is conducted based on German panel data and uses children 

samples who are grown up and separate from their original family only. They 

showed that parenting affects to child’s value system and behaviors such as social 

participation which is an important part of life satisfaction even in adult people. 
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Therefore, happiness can be inherited by both genetic factors or behavioral 

channels. 

 

 

 

7. Conclusion and Discussion  
 

Although happiness transmission from parents to their children is widely studied 

in social science and psychology, it has been rarely studied in economics. The 

main goal of the study is to identify the impact of parental happiness on their child 

and examine how long it lasts on a child’s life. By using KLIPS data, this paper 

shows that parent happiness lingers on a child’s life for about 16 years. This 

analysis is based on adult children who are now independent of their original 

household or who are still living with their parents. This is because the basic 

characteristics between the two groups are statistically different implying that 

separation is not a random choice. Therefore, choosing the sample as either one of 

them might cause an overestimation or underestimation problem by the 

unobserved characteristics.   

 This study also shows that the power of the impact is not different between 

father and mother and even between son and daughter. This implies that the 

important thing in the parental happiness effect is the relationship of the family 

rather than the gender of them. Therefore, the study tries to contribute related 

literature by studying the parental happiness transmission using economic tools. 

 Since this study yet stays on the preliminary stage, it has to be developed 

further in the following perspectives. First, the study fixed parent happiness on the 

period base rather than the age because of the data limitation problem. Therefore, 

it would be better to fix parental happiness on the child’s age such as adolescence, 
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and examines the effect over time. Second, we may infer greater information or 

implications by comparing the parental impact across countries. I expect that 

country with lower intergenerational income mobility would have a higher 

correlation between parent and child’s happiness. Lastly, the mechanism needs to 

be explicated by using twin design research.   
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Conclusion  

 
This dissertation has explored happiness economics from three different 

perspectives: health information, political preference, and family background. The 

main purpose of this thesis is to find happiness determinants and explicate how it 

affects subjective well-being based on economic context. In this regard, this 

dissertation may contribute to related studies by showing the strong relationship 

between economics and happiness.  

In the first chapter, medical checkup impact has been examined in the 

aspect of information provision effect on utility. To control the endogeneity 

problem between checkup and life satisfaction, I utilized individual fixed effects 

and propensity score matching methods. The results of both methodologies are 

showing that having a checkup is strongly related to higher life satisfaction level. 

Moreover, mechanism hypothesis is tested by estimating the checkup impact 

according to different uncertainty levels which are divided based on checkup 

history. According to the results, the positive effect of checkup tends to increase 

as the uncertainty level goes up. This implies that health screening may improve 

life satisfaction by reducing health-related uncertainty. 

Chapter 2 investigates the economic causes related to the happiness gap 

between conservatives and liberals. Although many psychologists wonder what 

makes right-wingers happier than the left, economists have paid little attention to 

the issue. In this study, there are two hypotheses that conservatives are happier 

than liberals in economics sense; first, left-wingers are more hurt by income 

inequality than the right; second, right-wingers feel greater happiness for 

economic growth than the left. To verify the hypothesis, subgroup and interaction 

estimations are conducted and results are showing that if inequality goes to zero, 
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the happiness gap between the two political wingers disappears. The results of the 

second chapter imply that inequality is a crucial happiness determinant since it 

affects happiness not only by itself but by political preference. 

The last chapter examines how long will the family background, such as 

parental happiness, influence a child’s future life. The analysis includes both 

people who have moved out of their parent’s houses and who have not. This is 

because individual characteristics are significantly different between the two 

groups, implying selection bias. Therefore, limiting the sample as one of the two 

can be misleading. According to the results of the study, the happiness of parents 

in the past affects the happiness of their children up to 16 years later. Moreover, 

this effect stays significant even after controlling current parental happiness. This 

may infer that parent’s happiness can linger on a child’s life as an environmental 

component.  

Throughout this dissertation, there are three main findings of the study 

which may contribute to related literature. First, information has a positive effect 

on happiness domain by alleviating the uncertainty. However, the more is not 

always be the better. In case of additional information beyond the resolution of 

uncertainty, may have no additional positive impact or even hurt life satisfaction. 

Second, the key to happiness is the perception, not the condition, considering that 

right-wingers are happier than left-wingers under identical conditions. Lastly, our 

present happiness can be influenced by the factors in the past. Through these 

findings, we could learn that happiness is the result of various components, rather 

than a momentary mood.  
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국문초록 

 
행복경제학에 관한 세 가지 소고 

 

 
본 논문은 행복경제학에 대한 세 가지 다른 주제로 구성된 논

문이다. 먼저 행복경제학이란, 1974년 Richard A. Easterlin의 연구로부터 

시작된 학문으로 개인의 행복과 경제 변수들 간의 관계를 분석하거나 

행복에 영향을 줄 수 있는 요인들을 경제학적으로 분석하는 학문 분야

이다. 본 논문은 지금까지 행복경제학에서 많이 다루어지지 않은 요소

들 중 저자가 생각하기에 행복에 있어 주요한 요소라 생각하는 세 가

지 요인들에 대해 분석한 연구들로 구성된다.  

첫 번째 논문은 건강 정보가 삶의 만족도에 미치는 영향력을 

분석한 연구로 건강검진 여부 데이터를 활용한 실증 분석 연구이다. 

분석에 있어서 수검 여부와 행복 간에 존재할 수 있는 내생성 문제를 

해결하기 위해 개인고정효과와 성향점수매치 두 가지 방법을 활용한다. 

연구 결과, 개인은 건강검진을 받았을 때 평균적으로 더 높은 삶의 만

족도를 보이며, 검진이 무작위로 시행되는 경우 개인의 시간에 따른 

하향 선택 편의가 사라짐으로써 긍정적인 효과가 더 크게 나타났다. 

또한, 이 영향력의 경로를 설명하기 위해 불확실성에 따른 분석을 한 

결과, 불확실성이 큰 그룹일수록 검진의 긍정적 영향력이 상승하였다. 

이를 통해 건강 정보의 제공은 수검자의 건강 불확실성 감소를 통해 

행복의 상승에 기여할 수 있다는 것을 확인하였다. 

두 번째 연구는 정치적 성향에 따른 행복 차이를 거시경제 변
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수로 설명하고자 한 논문이다. 본 논문의 분석 결과에 따르면, 다른 모

든 요소의 영향력을 통제한 이후에도 스스로 정치적 우파 성향이라고 

응답한 집단의 경우, 좌파라고 응답한 집단보다 유의미하게 높은 행복

도를 보이는 것으로 나타났다. 정치 성향에 따른 집단 간 행복 차이를 

설명하기 위해 사회의 소득 불평등과 경제성장이 이 행복 차이에 미치

는 영향력을 분석한 결과, 사회에 불평등이 사라지는 경우 두 집단 간

의 행복 격차도 사라지는 것으로 나타났다. 즉, 두 집단 간의 행복 차

이 중 많은 부분이 불평등에 대한 인식의 차이와 연관되어 있음을 알 

수 있다.  

마지막 논문은 과거 부모의 행복이 미래 자녀의 행복에 얼마나 

오랫동안 영향을 미치는가에 관한 연구이다. 부모의 행복을 특정 시점

에 고정해 놓은 뒤 해당 시점의 행복이 미래 자녀의 행복에 미치는 영

향을 본 결과, 과거 부모의 행복은 지속해서 자녀의 행복에 영향을 미

치며 최대 16 년까지 영향력이 지속하는 것을 관찰할 수 있었다. 또한, 

이 영향력은 현재의 부모 행복을 통제한 이후에도 유의미한 영향력을 

가지는 것으로 나타났다. 아버지와 어머니의 영향력 간에 큰 차이가 

나타나지 않았으며, 자녀의 성별에 따라서도 영향력의 차이가 나타나

지 않았다. 

 

 

 

주요어: 행복, 삶의 만족도, 건강검진, 정치 성향, 행복 차이, 세대 간 

행복 이전 
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