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Personl: What makes you think you are able to do the job?

Person2: My major is Automobile Designing and I have received
my master’s degree in science. I think I can do it well.

Personl: What kind of work were you responsible for in the past
employment?

Person2: I am a student engineer who mainly took charge of
understanding of the mechanical strength and corrosion
resistance of various materials.

2R

Personl is interviewing Person2 about
Person2’s ability and previous experience.

2 BES o] g3t QokE
Personl interviews Person?2.
KADSE o8¢ o2

Personl1 asks Person2’s major, the past work, and the reason to do the job.
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2.2.1 DialogSum

DialogSum& T3} @0k $15) %A|E hstznt whEoizl thijm

glol=% tloleAloltt. Hi+f & dlofEjAl2 w2 gofs % HS 417

mlo] Tt 4TS 47 Shek hske] aoke 17 Aul el 9 of
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3 2: DialogSum @] g|o| g | A] [5]

st

Personl: Good morning. I wonder whether you have got an answer from your superior.
Person2: Yes, we had a meting about it yesterday afternoon.
Personl: What’s the answer?
Person2: We decided that we could agree to your price,

but we are a bit worried about the slow delivery.
Personl: Let me see. I quoted your delivery in three months, didn’t I?
Person2: Yes, but we hope that the wool could reach us as soon as possible.
Personl1: I thought you would. So I rang Auckland last night.

As you are our biggest customer, they agreed to ship the order

on the first vessel available that will leave Auckland next month.
Person2: Good, if you agree we‘ll draft the agreement right away and sign it then.
Personl: By all means

QopR

Person1 and Person2 agree to sign an agreement since
Personl could speed up the delivery as Person2 hopes.
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ojst

Leo: BTW what are those pics?
Ryan: Pics from Italy!!! :):):):))))))))
Leo: Yeah. They seem nice. (‘A°)

2

Ryan is in Italy while Leo is working hard and wishing he could win the lottery
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2.2.3 TweetSumm

TweetSumm-2 1178 FHa] ofj 2}0] JHof =72 o

Q
EjAllo]t}. Kaggle Customer Support on TwitterE 7|§F 0. & qH5-0] 7% 01,

B
=
Kl

¥ 4: TweetSumm 2] ¢jo| g o A] [3]

st
Customer: flight1234 from Miami to LaGuardia smells awful.
We just boarded. It’s really really bad.
Agent: Allie, I am very sorry about this. Please reach out to a flight attendant to address the odor in the aircraft.
Customer: They’re saying it game in from the last flight. They have sprayed and there’s nothing else
they can do. It’s gross!
Agent: I’'m very sorry about the discomfort this has caused you for your flight!
Customer: It’s not just me! Every person getting on the flight is complaining. The smell is horrific.
Agent: Oh no, Allie. That’s not what we want to hear. Please seek for one of our crew members on duty
for further immediate assistance regarding this issue. Please accept our sincere apologies.
Customer: They’ve brought maintenance aboard. Not a great first class experience :(
Agent: We are genuinely sorry to hear about your disappointment, Allie. Hopefully, our maintenance crew
can fix the issue very soon. Once again please accept our sincere apologies for this terrible incident.
Customer: Appreciate it. Thank you!
Agent: You are most welcome, Allie. Thanks for tweeting us today.
Customer: They told us to rebook, then told us the original flight was still departing. We got
put back on 1234 but are now in the 1st row instead of the 3rd. Can you get us back in seats 3C and 3D?
Customer: My boyfriend is 6feet tall and can’t sit comfortably at the bulkhead.
Agent: Unfortunately, our First Class Cabin is full on our 1234 flight for today, Allie. You may seek
further assistance by reaching out to one of our in-flight crew members on duty.

gErdol A% ok
Customer complains about smell in flight. Agent updated the customer to seek further assistance by reaching out
to one of their in-flight crew members on duty.
AFom AgE P4 ook
Customer is complaining about bad smell in his flight. Agent informed to contact in-flight crew member on duty
for further assistance.
Ao AR FE 4L
Customer: Flight1234 from Miami to LaGuardia smells awful.They told us to rebook, then told us
the original flight was still departing.

Agent: Unfortunately, our First Class Cabin is full on our 1234 flight for today, Allie. You may seek
further assistance by reaching out to one of our in-flight crew members on duty.
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Input \ J )
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Input Output
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Abstract

Improvement of Dialogue
Summarization Using Keyword
Extractor

Chongjae Yoo
Graduate School of Practical Engineering

Seoul National University

Abstractive dialogue summarization aims to generate a short passage that
contains important content for a particular dialogue spoken by multiple
speakers. In abstractive dialogue summarization systems, capturing the sub-
jectin the dialogue is challenging owing to the properties of colloquial texts.
Moreover, the system often generates uninformative summaries. In this pa-
per, we propose a novel keyword-aware dialogue summarization system
(KADS) that easily captures the subject in the dialogue to alleviate the prob-
lem mentioned above through the efficient usage of keywords. Specifically,
we first extract the keywords from the input dialogue using a pre-trained
keyword extractor. Subsequently, KADS efficiently leverages the keywords
information of the dialogue to the transformer-based dialogue system by us-
ing the pre-trained keyword extractor. Extensive experiments performed on

three benchmark datasets show that the proposed method outperforms the
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baseline system. Additionally, we demonstrate that the proposed keyword-
aware dialogue summarization system exhibits a high-performance gain in
low-resource conditions where the number of training examples is highly

limited.

Keywords : abstractive summarization, dialogue summarization, keyword
extraction

Student Number : 2021-27215
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